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Machine Translation for Editing Compositions in a Chinese
Language Class: Task Design and Student Beliefs
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Abstract: The frequent use of machine translation (MT) in the daily lives
of the digital generation presents challenges and opportunities for language
teaching and learning. Rather than excluding MT from the classroom,
educators have begun exploring various ways to integrate it into classroom
instruction. While most studies ask students to post-edit a translation
provided by MT, this study employed a different task design: having
students post-edit self-written Chinese compositions with the help of MT.
The study was conducted in a fourth-year Chinese language class at a public
university. The beliefs of 12 students in the value of MT were investigated
based on responses to a questionnaire and open-ended questions. The study
found that students hold a positive attitude towards using MT in writing
assignments. The students noted that MT helped them learn vocabulary and
grammar, improve the quality of writing, boost confidence in Chinese use,
and acquire autonomous learning skills. A comparison between this study
and previous studies also revealed the critical role of task design in
successfully implementing MT in classroom instruction.

WE: HlaBFEHHEAERTN ZMNANESEENRTHLES
oo BORMEZE I RAER R IR R EZE RN, A ZHFHL
aell . VFZ AT T FUOCTE T2 25 ey S AL B P o G A AL
BEIR LI SRR, AT URI T 5SHEARPES BT 12 fRA
O SR EE PSR SO AR A TR B 1 OR g 4 ) L0 R SCAE S
AL M S AR TR A A I R [ 25, AT 0 R B 2R e AL
an P AR A SO A RIS o AT D9 0 FH AL 8 3 mT LA B
TRV . Rm A E OB R SR O LA AR T 5] RN
Tk, AFE AT O ST G R AR ] AR S TR BREE B T
JRIATL 2 0 3 )

Keywords: Machine translation, L2 writing, Chinese language teaching,
student beliefs, task design
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1. Introduction

Nowadays, the digital generation frequently uses machine translation (MT) in their
daily lives. The use of MT for language teaching and learning, however, has been
controversial. The accuracy of MT products, academic dishonesty, and a possible
impediment to language learning are the primary concerns identified in the literature
(Benda, 2013; Case, 2015; Clifford, Merschel, & Munné, 2013; Correa, 2011, 2014; Ducar
& Schocket, 2018; Garcia & Pena, 2011; Groves & Mundt, 2015; Jiménez-Crespo, 2017;
Luton, 2003; Mundt & Groves, 2016; Stapleton & Kin, 2019). However, the quality of MT
has improved significantly because of advances in artificial intelligence. For example,
Google Translate (GT) launched a new GNMT (Google Neural Machine Translation)
system in 2016. GNMT can learn from millions of examples and provide a significantly
better quality of translation by encoding the semantics of sentences rather than merely
memorizing phrase-to-phrase translation (Schuster, Johnson, & Thorat, 2016). Rapid
improvement in MT resulted in the correction of many errors discussed in previous studies
(Ducar & Schocket, 2018; Tian, 2018). Meanwhile, several studies reported that students
still consult MT for assignments even though their instructors prohibit its use. (Correa 2011;
Clifford et al., 2013; Tian, 2018). Also, pedagogical tools can include MT. Instead of being
detrimental, MT use contributes to language learning from cognitive, linguistic, and
affective perspectives (Correa, 2014; Enkin & Mejias-Bikandi, 2016; Garcia & Pena, 2011;
Grove & Mundt, 2015; Jiménez-Crespo, 2017; Lee, 2019; Tsai, 2019; White & Heidrich,
2013).

Considering the widespread availability, easy accessibility, and the potential
benefits of MT, educators no longer can merely defy the possibilities of MT in language
learning and teaching by emphasizing its negative aspects. Instead, it is imperative to
explore best practices to help students effectively and responsibly use MT to facilitate
language learning (Benda, 2013; Correa, 2014; Ducar & Schocket, 2018; Groves & Mundt,
2015; Mundt & Groves, 2016; Jiménez-Crespo, 2017). However, only limited empirical
research on this issue has been conducted (Lee, 2019; Tsai, 2019; White & Heidrich, 2013;
Zhang, 2019).

Thus, using a task design that differs from previous studies, this preliminary study
aims to investigate student beliefs regarding the use of MT as a language learning tool.
Specifically, students first have an opportunity for discussion and instruction about using
MT. Then students write compositions in their target languages (L2) without the help of
MT, followed by corrections of their L2 writing using MT translation for comparison.

The reasons behind such a task design are twofold. First, Ducar and Schocket (2018)
emphasized the importance of directly teaching learners how to use appropriate technology
responsibly. However, previous studies failed to find instructions or discussions about
using MT. Students in this study had an opportunity to receive guidance and discuss the
use of MT with others before undertaking writing assignments; doing so seems to be an
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indispensable component of the task design for MT as a tool for language teaching and
learning. Second, MT is often treated as a “bad model” because, as Lee (2019) pointed out,
most studies focused on students’ post-editing of the MT translation. In this study, students
post-edited their self-written compositions by using MT, a “peer” with intermediate level
proficiency, as Correa (2014) and Ducar and Schocket (2018) suggested.

Meanwhile, this study also attempts to explore student beliefs about using MT with
this task design. Students’ experiences and expectations are essential factors in evaluating
the effectiveness of language learning technology because the evaluation must “begin with
the question ‘effective for whom’” (Chun, Kern, & Smith, 2016, p.75).

2. Literature Review

While the significant potential of MT as a useful pedagogical tool of L2 writing has
been described in previous studies, only limited empirical research exists. This section
provides a brief overview of the task designs and the students’ perceptions of the use of
MT in such empirical research.

2.1 Task Design and the Use of MT

The application of MT for language learning and teaching has mainly focused on a
process in which students write in their native languages (L1) first and then post-edit the
translation provided by MT (Garcia & Pena 2011; Nifo, 2009; White & Heidrich, 2013).
For example, White and Heidrich (2013) asked students to write in their native language,
English, to describe a picture prompt. The students were not told that the text would be
used in a translation task later. Upon completion, they were instructed to use Google
Translate (GT) to translate their L1 writing into German and edit that translation.

Using such a procedure, MT was treated as full of lexico-grammatical errors
needing to be corrected, although students can benefit from the correction process (Garcia
& Pena 2011; Lee, 2019; Nifio, 2009). For example, Enkin & Mejias-Bikandi (2016)
argued that MT can “help raise metalinguistic awareness of second language grammar and
of the differences between grammatical constructions in the first and second language,
which can help with the language learning process” (p.128). Besides, students can see the
pitfalls of using MT. Ducar and Schocket (2018) pointed out that students can become
aware of the fact that GT “does not take into consideration the roles that context,
connotation, denotation, register, and culture play in language production and
comprehension ” (p.785).

Recent empirical MT studies modified such procedures by adding a step providing
students with lexico-grammatical references in the target language to facilitate language
learning (Lee, 2019). For example, Lee (2019) and Tsai (2019) investigated the
effectiveness of such task design in the EFL context. Thirty-four Korean native-speaker
students in a Korean university whose English proficiency was between intermediate and
high-intermediate participated in Lee’s (2019) study. Tsai (2019) explored the use of MT
with Chinese EFL students from a university in Taiwan at three different levels (50
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sophomores, 49 juniors, and 23 seniors) whose majors were English. Their English
proficiency was between Bl and B2 of CEFR (Common European Framework of
Reference for Languages). The students first wrote in their native language, Korean and
Chinese, respectively (Step 1). Before using MT for editing, they translated those writings
into English without the help of MT (Step 2). Then, students used MT to translate their L1
texts in Step 1 into English (Step 3). Comparing the MT versions and students’ self-written
versions, Tsai (2019) found that the quality of MT versions was significantly higher than
those of students in terms of more words, fewer mistakes in spelling and grammar, and few
errors per word. The MT versions also contained more advanced vocabulary. The results
in Lee (2019) also indicated that the final versions had few lexico-grammatical errors and
were of better quality. Although the students were satisfied using MT in their English
writing and the quality of their papers improved significantly, one might be skeptical about
whether and how such task design in which students used L1 to initiate the whole writing
process facilitates language learning.

2.2 Student Beliefs About Using MT

Student beliefs about using MT have been examined utilizing questionnaires and
interviews (Lee, 2019; Nino, 2009; Tsai, 2019; White & Heidrich, 2013). The studies
showed that most students valued MT as a useful and supportive tool for writing
assignments. In Nifio’s (2009) study, 75% of students reported MT as a helpful language
tool, and 69% of them noted that they would use MT in the future. Furthermore, 75% of
the students responded that practicing MT post-editing into the foreign language boosted
their confidence in foreign language writing. Tsai (2019) reported that students were
satisfied with their GT texts, and they believed that GT helped them complete the assigned
writing task. Also, the studies showed that students thought that MT helps them find
appropriate vocabulary. Tsai (2019) reported that most students thought the great benefit
of GT was vocabulary use. Lee (2019) also found that 88% of students believed that MT
was particularly helpful in helping them find more accurate words or authentic expressions
for a given context. Besides, the studies also reported that students thought they became
aware of potential grammatical errors in their writings and saw the limitations of MT by
using MT (Lee, 2019; Nifo, 2009; Tsai, 2019).

On the other hand, White and Heidrich’s (2013) study reported students’
unencouraging belief in MT based on pre-task, post-task questionnaires, and interviews.
Students were confused about how to use MT in a sophisticated way. The questionnaire
results showed that students agreed most with the statement, “I am wondering whether I
used this resource sophisticatedly, i.e., whether it made my writing better or worse.” Also,
many students felt like using MT was cheating, even though they were told to use MT for
the task. The lack of training about using MT may contribute to such unpromising results.
Nifio (2019) noted that not introducing MT properly to students is one example of bad
practice when using MT. She argued that it is fundamental for language educators and
students to foster awareness of the potential and limitations of MT in order to use MT in
language learning.

Collectively, these studies outline a critical role for task design to play in using MT
and influencing student perceptions of it. Thus, this study employs a different task design

© 2020 The Author. Compilation © 2020 Journal of Technology and Chinese Language Teaching 4



Xu Machine Translation for Editing Compositions in a Chinese Language Class

with an emphasis on pre-task instructions and students editing self-written L2 writings with
the help of MT. Based on such a task design, the study intends to address the following
research questions:

1. Whether students perceive MT as a useful tool for L2 writing assignments?
2. What beliefs do students have regarding the use of MT under this task design?

3. Data and Methodology
3.1 Participants

Twelve students of a fourth-year Chinese class from a public university in the
western US participated in this study. All were English native speakers with various
Chinese learning experiences. Nine students started to learn Chinese after university
matriculation, two students studied in high school, and one student was a heritage learner
who spoke Cantonese at home. Three students had one semester or eight weeks of summer
study abroad experience in China. Because of the variety of backgrounds, participants’
Chinese proficiency varied from intermediate-low to advanced-low based on their
homework and classroom performance evaluated by the researcher, who was the course
instructor.

Table 1 Participants

Students  Learner type* Study abroad Proficiency

S1 High school No Intermediate-Mid
S2 University Yes Intermediate-Low
S3 University No Intermediate-Low
S4 Heritage No Advanced-Low
S5 University No Intermediate-Low
S6 University Yes Intermediate-Mid
S7 University No Intermediate-Mid
S8 University No Intermediate-Low
S9 University No Intermediate-Low

S10 University Yes Intermediate-High

S11 University No Intermediate-Low

S12 High school No Intermediate-Mid

*Learner type is defined as when the students initially began studying L2 Chinese.
3.2 Task Description

The participants were required to write two compositions and submit reflection
papers after the completion of each draft. The two composition assignments were response
essays to readings in class. The first task was about the “Tiger Mother,” and the second
task was about the issue of US gun control. The first task took place in October and the
second task was conducted in December. The steps for each task followed the same
procedure, although Step 1 was only applied to Task One (see Table 2). Contact hours for
the course were three 50-minutes classes per week. Students completed Draft One
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Monday, and Draft Two and Reflection One on Wednesday. Draft Three and Reflection
Two were submitted on the Monday of the following week.

In Step 1, MT, including Google Translate, Baidu Translate, and Sogou Translate,
was introduced to students in the class. Following Ducar and Schocket’s (2018)
suggestions, the instructor and students discussed ethical issues, strengths, and pitfalls
regarding the use of MT. The following points were particularly emphasized: the use of
MT as one autonomous learning strategy; writing as a process, not just a product (Williams,
2006); the internet as a corpus to explore the use of vocabulary suggested by MT; and MT,
particularly Baidu, as an online dictionary. Students were instructed to carefully make
decisions on whether to adopt the alternatives provided by MT. In addition, students were
told that their grades were only based on the final draft to train students to “understand and

practice writing as a growth and revision process rather than a short-term product” (Ducar
& Schocket, 2018, p.792).

Table 2 The procedure of tasks in the writing assignment
Step 1  Instructions and discussion about using MT
Step2  In-class writing in Chinese without any help (Draft One)
Step3  In-class post-editing with machine translation tools (Draft Two)
Step4  Submit Draft One and Draft Two as well as Reflection One
Step 5  Out-of-class revision
Step 6  Submit Draft Three and Reflection Two

In Step 2, students completed the writing assignment (Draft One) on computers
without the help of MT at a lab during the regular class meeting time. After that, in Step 3,
students were advised to choose one or all machine translation tools to complete Draft Two
through a “translate-compare-detect errors-consider alternatives-rewrite” process (Lee,
2019). The students first translated the self-written Draft One into English with MT and
edited the English to make it accurate and appropriate. The next step was to use machine
translation tools to translate the revised English version back into Chinese. Students
compared their self-written Chinese versions with the machine-translated Chinese versions
and detected any errors. They edited their self-written Chinese versions by accepting or
rejecting certain parts of the machine-translated Chinese version. Upon completing Draft
Two, they must highlight any parts adopted from the machine-translated version.

In Step 4, students submitted their self-written Draft One and revision Draft Two
as well as Reflection One. In Reflection One, students answered several questions about
the use of MT, such as “what and how did you use MT in revision?” and “what did you
gain from the revision process?”” The questions were adopted from Zhang (2019).

In Step 5, students revised their Draft Two based on the instructor’s comments and
submitted their final draft, Draft Three, as well as Reflection Two in Step 6. Although the
questions in Reflection Two for Task One were the same as those for Reflection One,
students were guided to reflect on the whole writing process involving self-writing,
revision with the help of MT, and instructor’s comments. Reflection Two for Task Two,
the issue of US gun control, which serves as data for the present study, was specially
designed to understand students beliefs about using MT for writing after practicing two
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tasks. It consisted of a questionnaire and open-ended questions adapted from Nifio (2009),
White and Heidrich (2013), and Zhang (2019) (see Appendix).

The excerpts in Table 3 show the same paragraph from student S7’s first task. She
completed Draft One in class on a computer without the help of MT. After that, she used
Baidu to translate her self-written text into English. She underlined the parts to which she
made changes to be acceptable English. The revised English translation was then translated
into Chinese by Baidu. She also highlighted the changes between her Draft One and the
Baidu Chinese translation. Finally, she compared her self-written Draft One and the Baidu
Chinese translation and decided what to revise to complete Draft Two. She underlined all
the items adopted from Baidu as well. It is important to note that several errors, such as
“/IN)> in Draft One, were not corrected in Draft Two. Also, student S7 did not carefully
underline all the parts she adopted from Baidu. For example, she changed “7& X A 17%

HE I to “T A& K i AT 1356 %% 7118 without highlighting the “Tfij /& part in Draft

Two. What students actually changed and what errors students should correct were not
examined in this study.

Table 3 Excerpts of student S7’s writing
Draft One Sophia tH i b Al LuLui — 55 card 250040, (HE883E ) WA A
I, B L)L, IRV HXKGEIFN extreme , 1HZ 2 JLAINE
FLSEA RO IATE ) card AUELT, REIYIATTRA 55 71 .
LB R85 )
Revised Baidu Sophia also said that she and Lulu drew a card to give to her mother
English when they were young, but Chua felt it wasn’t good enough so give
translation it back to her daughters. Many Western parents think it’s too extreme,
but her daughters know it’s not because they didn’t draw good cards,
it’s because they didn’t work hard. Chua nurtured their work ethic.

Baidu Chinese RIEWIE Ui, WA Gk kNN E S — KR IRGBEOR, HESR

translation LA, PrUdE R RS 2 )L, RZ 067 R BHANIX K
*&lﬂﬁT, B At B 2 LA R iE XTE.ﬁﬁWI]/xﬁuﬁ?ﬁi‘? 1]
SN TR A S 1 LA . 2835 )L T AT ERMPE 4

Draft Two Sophialf Ui it A1 LuLu /N ] T TR IR EEBESE, (HAR R L
WAFAELT, PrUIE R RIS ). AR 2 0077 A AR R A
T AHR A LENTE, AR AR, T2 B D AT ]
WA 55 ) . 538 )L IR A T HRMV IE B

Worth noting is the difference in task design between this study and previous
studies. First, the present study included formal instruction and discussion about using MT.
Second, students wrote compositions in the target language without any help (Step 2) in
this study. This step is different from Lee (2019), Tsai (2019), and White and Heidrich
(2013), in which the participants wrote compositions in their native languages first (Step
1) before translating them into L2 with MT.

Comprehensible output in L2 is essential for language learning. According to Swain
and Lapkin (1995), “in producing the target language, learners may encounter a problem
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leading them to recognize what they do not know, or know only partially. In other words,
the activity of producing the target language may prompt second language learners to
consciously recognize some of their problems, it may bring to their attention something
they need to discover about their L2” (p.373). Thus, students were asked to write their
Draft One in L2, Chinese, rather than their native language, English.

Also, the use of MT was limited to revision but not for the initial product. Revision
is critical in L2 writing because it is unrealistic to expect error-free first drafts (Polio, Fleck,
& Leder, 1998). By modifying writing outputs, learners can “test hypotheses about the
second language, experiment with new structures and forms, and expand and exploit their
interlanguage resources in a creative way” (Pica, Holliday, Lewis, & Morgenthaler, 1989,
p.64).

In addition, the reason students were asked to translate back and forth and compare
their self-written texts and corresponding English texts is that such a method can facilitate
learning by noticing (Schmidt, 1990, 2010) and seems to be the standard practice in the
literature (Lee, 2019; Tsai, 2019).

3.3 Data and Analysis

The data examined for this study was Reflection Two of Task Two (the issue of US
gun control). Edwards and Liu (2018) propose that students should have multiple
opportunities to experiment with any new method of teaching. Thus, this study focused on
students’ last reflections after completing two tasks. In addition, the Final Reflection was
specially designed differently from the other three Reflections to allow students to reflect
on the use of MT over the entire semester. Thus, the other three Reflections were excluded
from this examination.

The Final Reflection consists of a 5-point Likert scale questionnaire and five open-
ended questions. The questionnaire investigates students’ general perceptions regarding
the use of MT in writing exercises. It is identical to the one used in White & Heidrich
(2013), which consists of 13 items ranging from 1 “strongly disagree” to 5 “strongly agree.”
The majority of the five open-ended questions are from Nifio (2009) and Zhang (2019),
which provided students opportunities to elaborate on their opinions about using MT.
Following the methods in Baralt (2012) and Duff (2012), common themes, such as
vocabulary, grammar, quality, confidence, and learning strategies were identified through
multiple steps of coding the responses to open-ended questions.

4. Results

All students used Baidu, Sogou, or both to edit their writings. No student chose GT.
Generally, students showed significantly positive attitudes towards the use of MT. This
section first reports the results of the questionnaire regarding the participants’ general
perceptions of using MT. Then the responses to the open-ended questions will be discussed.
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4.1 Results of the Questionnaire

Table 4 shows the participants’ responses to the question: “When you used the
machine translation, how did it make you feel?” from the questionnaire. Students indicated
their level of agreement or disagreement with each statement on a five-point scale, with
one showing “strongly disagree,” and five indicating “strongly agree.” The rank of each
statement in Table 4 is based on the means of participants’ responses. The top of the table
suggests which statements students most strongly agreed with while the bottom of the table
shows participants’ strong disagreement with the statement. It is worth noting that the
questionnaire consists of both positive and negative statements.

In general, students showed an extremely positive attitude towards the use of MT.
The means of the top eight items were four and above; four indicated agreement (Q7, Q1,
Q4, Q8, Q5, Q9, Q13, Q11). Students believed that vocabulary was the most beneficial
outcome of using MT because MT helped them find the words to articulate what they
wanted to say as well as new and sophisticated ones (Q7, Q8). Moreover, students
responded that they were able to deliver their best work with the help of MT (Q4, Q5). It
is important to note that most students did not agree that the use of MT was cheating (Q3).
Only two students responded with “agree” to the statement, “Q3: I feel like I might have
cheated.” In contrast, eight students responded with “disagree” and “strongly disagree” to
the statement.

Table 4 Students’ beliefs about the use of MT

Questions Mean SD
Q7 I feel like it helps me use words that fit what [ want to say. 4.58 0.67
Ql I feel I am giving my best effort by using this resource. 4.33 0.49
Q4 I feel like it helps me deliver my best work for my own satisfaction. 4.33 0.65
Q8 I feel like it helps me use words that are new and sophisticated. 4.33 0.65
Q5 I feel like it helps me deliver my best work for getting a good grade. 4.25 0.45
Q9 I feel like it helps me organize what I want to say more clearly. 4.17 0.94
Q13 I feel like it helps my voice emerge more distinctly. 4.08 0.90
Q11 I feel like it helps me develop better content. 4.00 0.95
Q12 I feel like it helps improve my style. 3.92 0.90
Q6 I feel like it helps me use more complex grammatical structures. 3.67 1.50
Q10 I feel like it helps me spell more sophisticatedly. 3.67 1.07
Q2 I am wondering whether I used this resource sophisticatedly, i.e., 342 0.90

whether it made my writing better or worse.
Q3 I feel like I might have cheated. 2.08 1.16

*Scale: 1=strongly disagree; 2=disagree; 3=Neither agree nor disagree; 4=agree; S=strongly
agree

4.2 Responses to Open-ended Questions

Student responses to the open-ended questions revealed more detail about their
beliefs on using MT during post-editing. As indicated in Table 4, students appeared to
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agree that MT was beneficial for vocabulary (Q7, Q8). To elaborate on this point, first, MT
seemed to be able to help students find the words to express what they wanted to say.
Student S3 noted that “using translation software has helped me develop good phrases and
find helpful vocabulary for what [ want to say.” Another student, S4, responded that “using
machine translation helps me find new, and often more sophisticated, vocabulary that can
elevate my writing if [ use it correctly.” Second, students used MT as a useful tool to “fill
in the gaps,” as student S6 explained, between what they know and the unknown. The
student further said that MT was useful when “I know how to structure a sentence, and I
know most of the words, but a key phrase may be missing.” Another student, S5, responded
that “sometimes, [ am close to saying what I really want to say but am not quite there yet,
and the translation process helps me find the right words to better express my thought.”
Third, MT seemed to be useful in identifying appropriate words for various situations.
Student S1 mentioned that MT “helps me choose a more appropriate word because there
are different characters that are more appropriate for different situations.”

Grammar is another aspect of the perceived usefulness of MT. Student Sl
responded that MT helped her put things in the correct order. The student further explained
that “sometimes I know the components of the sentences, but I’'m not sure grammatically
how to structure it.” Moreover, by translating self-written sentences and corresponding
English back and forth, MT functioned as a proof-reader so that students could notice
grammatical errors. Student S4 commented that “machine translation has helped me realize
when my grammar is completely wrong, which is paralleled by the sentence not reflecting
what I intended to write. When I modify what I want to say in English and re-translate it
back into Chinese, then I can see what grammar structure should be used.” Another student,
S9, noted that “after writing out sentences, sometimes I would translate my Chinese into
English to make sure I did not have any grammatical mistakes.”

Also, students believed that MT helped them deliver papers of better quality. First,
MT seemed to be able to help articulate students’ thoughts. By translating the self-written
Chinese paragraphs to English, student S12 used MT to confirm whether her ideas were
delivered without confusion. The student noted that “I mostly use translators to get an idea
of what my work would sound like if translated back into English. By reading what the
translator says when I place my Chinese writing in it, I get an idea of what the passage
sounds like.” Second, students could easily and quickly detect and fix errors with the help
of MT. Student S10 explained that “I can quickly find mistakes which help me write better
papers. I quickly find my mistakes by taking passages that I have written in Chinese and
translating them into English. If I read English, I can quickly discover if I made a mistake,
or if what [ wrote in Chinese didn’t make much sense.” Another student, S4, compared MT
with Microsoft Word and explained:

“Machine translation is like a more complex version of the grammar check
feature in Microsoft Word. When [’'m typing something in Word, there’s the
blue lines that indicate if the grammar is wrong or the red squiggly line if
the word is spelled incorrectly. By using machine translation, I can see
where I used improper grammar if the sentence doesn’t translate well into
English and I can also see where I accidentally typed the wrong character
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because it translated into a word that I’ve never learned before in Chinese
(e.g., 175 accidentally became #H4F).”

In addition to the benefits of MT concerning vocabulary, grammar, and better
writing quality, students also elaborated on other strengths unlisted in Table 4. First, MT
functioned as a reminder of what students have learned. Student S7 explained that she was
“being reminded of vocab and grammar.” Student S11 added that MT “reminds me of a
way to say it differently than I have already learned but maybe forgot how to use well.”
Second, students used MT to confirm the correctness of what they wrote. Student S11 said
that MT “validates the way I was going to say something.” Third, MT also acted as a
thesaurus not only for words but also for grammar structures. Student S4 noted that “re-
translating what I wanted to say in English back into Chinese will often show a more
sophisticated version of what [ wanted to write.” Last, students praised the practice of using
MT itself because it is an autonomous learning skill. Student S7 noted that MT “helped me
practice using a translator in the right way. I probably will never be fluent in Chinese; I'll
always need some help from a translator. Practicing using the translator to incorporate into
my own writing was the most useful aspect.”

Eleven students responded that MT made them feel more confident in their Chinese
or in the quality of their submissions. First, MT provided them an opportunity to confirm
what they know, and consequently, boosted their confidence. Student S12 noted that
“surprisingly when using the translators, I noticed that I already knew a decent amount of
what I wanted to say and usually typed well. This made me feel more confident because
the translators were telling me that what I had written was quite similar to what I had
planned to say. In this sense, using translators has affirmed that I already know a decent
amount of Chinese, but can occasionally refer to it for extra help.” Second, students felt
more confident in submitted assignments because MT functioned as a checker to identify
mistakes in their writings. Student S5 explained that MT identified many “silly” mistakes
she made. Another student, S9, responded that thanks to MT, “I have become more aware
of my common grammar mistakes in Chinese.” Student S10 noted that “I feel much more
confident about being about to write an essay that lacks mistakes. It gives me confidence
because I can look at my sentences and see if they have mistakes, whereas before using
machine translation, I would frequently have many mistakes.” On the other hand, however,
Student S3 responded that MT did not improve his confidence in Chinese because he
believed that confidence is “built up through speaking the language.”

It is of importance to note that one student, S6, carefully distinguished between
confidence in Chinese writing and confidence in the quality of the submitted writing
assignment. He explained that MT “does make me more confident in pieces I am turning
in because I believe they are of good quality due to a mix of machine translation and my
personal skill helps improve the quality.” However, “it’s just that I become less confident
on my own if I depend on these tools.”

Students also explained whether their opinions on MT changed after completing
the two writing assignments. Half of the students, six out of twelve, responded that their
opinions remained the same because they were already aware of the benefits and potential
risks of MT before the current study. Some of them used MT for various purposes since
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high school. They had been cautiously using MT, despite their concerns, without becoming
overly dependent on MT. Student S6 noted MT’s potential to undermine student motivation
for L2 learning. He explained that MT “can benefit and improve students writing. However,
it will also cause some students who aren’t as passionate about learning a foreign language
to rely on it for an easy grade.” Another student, S8, responded that “T also find it is really
easy to cheat yourself out of knowledge in the language if you rely on the translator too
much.”

The other half of the students reported positive changes in their opinions about
using MT. They previously avoided using MT because of concerns about academic
dishonesty, inaccuracy in MT output, and instructions from former teachers. Two students,
S1 and S12, mentioned they did not trust MT because their high school teachers completely
forbade the use of MT for language learning because of inaccurate outputs and possible
violations of academic integrity. Now, student S12 believed that “these tools provide extra
support and assistance when learning a language.” Student S10 mentioned that it felt like
cheating to use MT at first, and then “it feels like a powerful tool.” He further explained
that “I think that my opinion changed because I learned how to use machine translation to
its full advantage while avoiding its pitfalls.”

Further, all students expressed willingness to continue using MT in the future for
various purposes, from checking words and grammar to communication with family
members. Six students mentioned that they would use MT to check their writing
assignments; as student S5 wrote, “I will use it in the future to check over my writing
once I have the first draft.” Interestingly, student S3 decided to use MT to read
documents in the future. Probably, the student had a positive experience with using
WeChat online translation for reading in class during the in-class MT instruction.

5. Discussion

As mentioned in the literature review, students value MT as a useful tool for
language learning (Lee, 2019; Nifio, 2009; Tsai, 2019). The beliefs expressed by the
students in this study were in line with those studies. The students in this study believed
that MT was beneficial for their writing. Vocabulary improvement appeared to be the most
favorable outcome of MT for students in this study. MT also helped them detect
grammatical errors in their papers. Students were confident that MT helped elevate the
quality of their submissions. All the students plan to continue using MT in the future.

One interesting finding was that students in this study distinguished between their
confidence in products submitted to instructors and their confidence in Chinese proficiency
in general. While student belief in MT’s usefulness in improving the quality of their
submissions have been identified in this and previous studies, students in this study
revealed that MT also helped build up their confidence in Chinese. A possible explanation
for this might be due to the task design. Contrary to previous studies in which students
write in their L1 first, students in this study wrote in L2 first and then used MT to translate
their writings to L1. The procedure, including the sequence of L2 writing, translation into
L1, comparison, detecting errors, considering alternatives, and rewriting, provided them an
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opportunity to validate what they knew regarding vocabulary and grammar, and what they
wrote was correct. Consequently, their confidence in the Chinese language, in general, was
established through such a process.

Another interesting finding was that students not only believed they would continue
to use MT in the future but also thought they learned how to use it effectively and
responsibly. Task design might also be related to such beliefs. Different from previous
studies in which students’ views were examined only after one task, here, students’
opinions were investigated after training and two tasks. Edwards and Liu (2018) suggested
the importance of multiple practice to fully take advantage of peer-response activity.
Students in this study had two opportunities to practice MT to edit their writings, which
might contribute to their overall positive attitude toward using MT.

The significant difference between the results of the questionnaire in this study and
the identical one in White and Heidrich (2013) is surprising. First, the overall rate of
approval of MT in the current study was higher than those in White and Heidrich (2013).
As mentioned above, the means of the eight items in this study were four and above, while
all items in White and Heidrich (2013) were under four. Second, the two statements with
the highest means in White and Heidrich (2013) were “Q2: I am wondering whether I used
this resource sophisticatedly, i.e., whether it made my writing better or worse” (Mean=3.59,
SD=0.71) and “Q3: I feel like I might have cheated” (Mean=3.59, SD=1.18). In contrast,
surprisingly, these two items were the two lowest in this study (Q2: Mean=3.42, SD=0.90;
Q3 Mean=2.08, SD=1.16). Third, in White and Heidrich (2013), students showed the
lowest agreement to the statement, “Q1: I feel I am giving my best effort by using this
resource (Mean=2.06, SD=0.97). In the current study, this item ranked second-highest
(Mean=4.33, SD=0.49).

Overall, the students in this study showed significantly more positive attitudes
toward the use of MT compared with White and Heidrich (2013). They believed they were
aware of a competent and responsible way to use MT while the students in White and
Heidrich (2013) seemed very confused about how to use MT. Further, students in White
and Heidrich (2013) considered the use of MT as a violation of academic integrity, while
such was not the case in this study. The improved accuracy of MT might contribute to the
different students’ experiences in these two studies. Since Google Neural Machine
Translation was launched in 2016, the quality of MT has significantly increased, which
might ultimately positively affect students’ user-experience. Another possible explanation
for these discrepancies may be the lack of instruction on the use of MT and multiple
opportunities to use MT. In White and Heidrich (2013), students of German were asked to
describe a picture prompt in L1 (English) without knowing they were going to use Google
Translate to translate their writings into German. Their opinions were asked immediately
after the task. Students in Nifio (2009) felt MT was useful was because “they reflect the
views of a group of advanced students of Spanish who have received previous training in
translation and who have been introduced of MT and in particular to MT post-editing”
(p-249). Therefore, the task design in this study, including pre-task instruction and
discussion as well as two opportunities to practice, might be one of the reasons for students
positive attitudes towards the use of MT in writing assignments.
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These findings, while preliminary, suggest the importance of task design in the
practice of using MT in language teaching and learning. First, because Edwards and Liu
(2018) pointed out the importance of instructions in order to fully take advantage of the
benefits of peer response, it seems imperative to integrate instructions on the use of MT
into writing class practice. During the instruction sessions, students should not only be
informed about the strengths and pitfalls of MT but should also be made aware of how to
use MT effectively and responsibly. It is also important to remind students of the error
tolerance feature of MT, which can translate the original text with errors into correct
outputs (Massardo et al., 2016). Translating the original text and corresponding text
provided by MT back and forth is essential for the revision process so that students can
avoid overlooking errors and recognize them in the original text. Second, students should
learn how to use the internet as a corpus to examine critically and strategically alternate
expressions suggested by MT. As student S1 noted, “when it suggests words I am not
familiar with, I don’t know what I want to do with them, or how to study them, so I build
vocabulary.” Third, students might need multiple opportunities to experience the
excitement and frustrations through the complex revision process. Long-time training and
practice of MT can help students eventually discern their autonomous learning strategies.

6. Conclusion

The present study aimed to examine student beliefs on using MT in post-editing
self-written L2 Chinese writing assignments. This study showed students expressing more
positive attitudes towards using MT when task design included pre-task instructions and
discussions about using MT as well as multiple tasks. Students believed that MT helped
them find new and appropriate vocabulary and grammar as well as expressions, improve
the quality of writing, and boost their confidence in Chinese. Also, students felt that MT
helped remind them of what they learned earlier and validate what they wrote. MT also
functioned as a thesaurus for learning alternative expressions. Finally, students thought
they had acquired an effective and responsible way to use MT in the future.

However, the small sample size of this study makes these findings less
generalizable. Also, the results were solely based on students self-reporting. Other methods,
such as interviews and think-aloud, might bring about different insights. Since the study
was limited to student beliefs about using MT, whether their beliefs matched their behavior
during the post-editing process remains unclear. Also, it is essential to test more profound
and permanent learning with the use of MT in the future.

Despite its limitations, the study certainly added to our understanding of using MT
for language learning and teaching. First, it confirmed that students believed MT could
play a critical role in language learning. Second, it also suggested that students did not
patently accept but employed various strategies to examine what MT provides. For this
reason, instructors must reconsider their position about using MT in the classroom. Third,
the findings also revealed the critical role of pre-task instruction regarding the use of MT.
Altogether, the study expanded our understanding of the practice of MT for classroom
instruction. Chun et al. (2016) pointed out that “the use of technology should not be seen
as a panacea or a goal in and of itself, but rather as one means to support specific learning
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goals” (p.77). Given the prevalence of MT in the digital generation’s daily life and the
unlikelihood that students will avoid taking advantage of MT, educators must carefully
design a way of including MT to support language learning so that ultimately our students
become “career, life, and world-ready” (ACTFL, 2017). The insights gained from this
study may be of assistance for educators to adopt MT as a powerful pedagogical tool for
language teaching and learning.
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Appendix
Final Reflection

1. When you used the machine translation, how did it make you feel? Please indicate
your dis/agreement with the following statements:
Strongly Agree=5
Agree=4
Neither Agree nor Disagree=3
Disagree=2
Strongly Disagree=1

Q1: I feel I am giving my best effort by using this resource

Q2: I am wondering whether I used this resource sophisticatedly, i.e., whether it
made my writing better or worse.

Q3: I feel like I might have cheated.

Q4: I feel like it helps me deliver my best work for my own satisfaction.
Q5: I feel like it helps me deliver my best work for getting a good grade.
Qo6: I feel like it helps me use more complex grammatical structures.
Q7: I feel like it helps me use words that fit what [ want to say.

Q8: I feel like it helps me use words that are new and sophisticated.

QO: I feel like it helps me organize what I want to say more clearly.
Q10: I feel like it helps me spell more sophisticatedly.

Q11: I feel like it helps me develop better content.

Q12: I feel like it helps improve my style.

Q13: I feel like it helps my voice emerge more distinctly.

2. Do you think Machine Translation has helped you to improve your writing in
Chinese? Why? In what sense?

3. Has Machine Translation given you more confidence in your foreign language written
production? In which sense?

4. Are you going to use Machine Translation in the future? For what purpose?

5. What was your opinion on Machine Translation? What is your current opinion? Are
they the same? Why?

6. What are your suggestions for future writing classes?
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Abstract: Science is constantly being revised, and failure is crucial to this
process. This study is enlightened by the findings of a failed teaching design
that aims to train intermediate level Chinese language learners to use
Machine Translation as a self-editing tool to improve their writing
proficiency. This study finds that Sogou Translate possesses a powerful
error tolerance feature that can correctly translate students’ Chinese
sentences into correct English sentences, even though these sentences may
contain various errors made by Chinese language learners, including
misspellings, typos, misusing homonyms, misusing the part of speech of a
word, misusing synonyms, ungrammatical phrases, and incorrect word or
sentence order. This study also suggests three areas to further investigate
and to apply error tolerance features of Machine Translation in the field of
Chinese language teaching.
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1. Introduction

Computer-Assisted Language Learning (CALL) developed rapidly in the past two
decades. Studies have shown that digital teaching tools, such as Machine Translation,
Speech Synthesis, Speech Recognition, and Online Testing Solutions, have great potential
to improve students’ language proficiency levels in this mobile era. If used properly,
Machine Translation can be used to enhance learners’ awareness of self-correction on
grammar, pronunciation, and word choice errors (Baker, 2013; Case, 2015; Correa, 2014;
Groves & Mundt, 2015; Nifio, 2009).

Machine Translation is not a new technology. The concept of Machine Translation
emerged as early as the 1950s. The first successful large-scale application of Machine
Translation was the Logos Machine Translation System, which translated English military
manuals into Vietnamese during the Vietnam War in the 1970s. Unfortunately, restricted
by unsatisfactory accuracy and expensive equipment, Machine Translation did not really
impact foreign language teaching until Google Translate launched its phrase-based
statistical machine translation (SMT) service in 2006 (Garcia & Pena, 2011; Somers, 2003).

The exact process is a patented secret but, roughly speaking, this is how Google’s
SMT-based algorithm works: Google collected billions of parallel documents that have
been translated by human translators, such as official communications issued by the United
Nations and the European Union, records of international tribunals, international company
reports, and articles and books in bilingual forms. The principle is that the text one wants
to translate may have been translated before by humans and can be found in their parallel
text corpora. The algorithm of SMT analyzes the source language, detects the patterns,
calculates the probabilities, and then generates the most likely translation in the target
language (Benjamin, 2019; Grajales, 2015).

Although the accuracy of SMT has sometimes been questioned and mocked by
human translators or the native speakers of the target languages, Google Translate evolved
significantly along with the rapid development of information technology, network
technology, and machine learning in the past decade. Google Translate soon developed
into a neural network-powered machine translation engine, Neural Machine Translation
(NMT), which is an end-to-end learning approach for automated translation. When it
progressed into Google’s Neural Machine Translation system (GNMT) in 2016,
researchers claimed that:

Human evaluations show that GNMT has reduced translation errors by
60% compared to our previous phrase-based system on many pairs of
languages: English < French, English < Spanish, and English <
Chinese. Additional experiments suggest the quality of the resulting
translation system gets closer to that of average human translators (Wu et
al., 2016, p. 1).
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The detailed algorithms of GNMT are beyond the scope of this study. Explaining
their jargon, such as “LSTM network,” “residual connections,” “attention mechanism,”
“the decoder/encoder,” “low-precision arithmetic,” “inference computations,” “beam
search technique,” “length-normalization procedure,” or “coverage penalty” will not break
open the black box of GNMT. But a statement made by Barak Turovsky (2016), the

Product Lead of Google Translate, might shed some light on the mystery.

At a high level, the Neural system translates whole sentences at a time,
rather than just piece by piece. It uses this broader context to help it figure
out the most relevant translation, which it then rearranges and adjusts to
be more like a human speaking with proper grammar. Since it’s easier to
understand each sentence, translated paragraphs and articles are a lot
smoother and easier to read. And this is all possible because of end-to-end
learning system built on Neural Machine Translation, which basically
means that the system learns over time to create better, more natural
translations (para. 2).

Besides Google Translate, many technology companies have developed and
launched their own Machine Translation services and products, such as Microsoft Translate
Service, Siri Translate, Translate Facebook, DeepL Translator, Baidu Translate, Sogou
Translate, and WeChat Translate. All of them not only offer website interfaces, but also
mobile apps for Android and i10S. Thus, with the widespread use of smartphones, Machine
Translation has become a double-edged sword in the field of foreign language education:
while cheating is easier with the advent of the technology, it also has potential to become
a valuable pedagogical tool.

While many foreign language instructors, as indicated in the following section,
have claimed they successfully included Machine Translation into teaching practice, this
study introduces a failed teaching design that aims to incorporate and evaluate Machine
Translation as a means of Computer-Assisted Language Learning (CALL) for teaching in
the Mandarin classroom. As with every major scientific innovation, there are countless
failed projects that are equally important to the advancement of science. Although this
teaching design did not achieve its original goals, it accidentally generated other insightful
findings about the error tolerance of Machine Translation, which may enlighten future
research and teaching practice.

2. Literature Review

Most of the previous research on Machine Translation in the field of foreign
language teaching not surprisingly focuses on Google Translate, which is the most
available Machine Translation tool for most languages. Related research mainly centers on
the following three categories. The first investigates, of course, the accuracy of Google
Translate. For example, Correa (2014) introduces some of the advantages and
disadvantages of English = Spanish translation in Google Translate. She states that Google
Translate is “good at conjugating, spelling, basic agreement, and some common idioms”
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(Correa, 2014, p. 7). But Google Translate often results in literal translation or unnatural
writing that contains grammatical inaccuracies, discursive inaccuracies, and errors that
humans do not commit. Google Translate is often “unable to account for cultural references
and other extra-linguistic issues such as context, connotation, denotation or register”
(Correa 2014, p. 7) and has difficulty with some idioms. Google Translate often does not
translate misspelled words or proper nouns in the original text (they are just reproduced).
Groves and Mundt (2015) point out that the accuracy of Google translations is close to the
intermediate level of English learners when translating Malay and Chinese to English, and
Google’s accuracy improves over time.

The second category usually surveys the way in which foreign language learners
use Machine Translation and the various (but more often diametrically opposed) opinions
of foreign language instructors and learners toward the use of Machine Translation. Many
studies have shown that students use Machine Translation even though their instructors
explicitly prohibit it (Clifford, Merschel, & Munné, 2013; Correa, 2011, 2014; Garcia &
Pena, 2011; Nino, 2009). For example, Clifford, Merschel, and Munné (2013) use a
questionnaire to survey instructors and students in the Department of Romance Studies at
Duke University. They find that instructors and students have different attitudes toward
Machine Translation. Although students are aware that Machine Translation is imperfect,
more than 88% of respondents admit that they have used Machine Translation in their
studies, and most students believe that Machine Translation helps them learn new
languages. But most of the instructors they surveyed are skeptical about the effectiveness
of Machine Translation. They believe that the emergence of Machine Translation interferes
with traditional classroom teaching. Therefore, students are prohibited from using Machine
Translation to finish assignments in the syllabus. It is worth noting that not all foreign
language instructors object to the use of Machine Translation. For example, Nifio (2009)
and Baker (2013) show that there are still some foreign language instructors and students
who maintain a positive attitude toward Machine Translation, especially instructors who
are devoted to computer-assisted teaching and students in upper-level courses. They
believe that the shortcomings of Machine Translation can even be used to improve students
understanding of the complexity of translation and language learning.

2

The third category discusses how to incorporate Machine Translation in foreign
language classrooms to improve students’ language proficiency. For instance, Correa
(2014) states that since the output of Google Translate is far from perfect, Spanish
instructors can have their students decipher the intended meaning and edit the output of
Google Translate as a post-editing exercise. And as a pre-editing exercise, “students can
pre-edit a text that they wrote in Spanish until they get an acceptable translation in English”
(Correa, 2014, p. 11), which “can help with, among other issues, accent placement or
gender assignment” (Correa, 2014, p. 12). In fact, Case (2015) summarizes that many
studies demonstrate how to utilize the imperfect translation that is generated by Machine
Translation for students to conduct pre-editing or error correction. Similar teaching designs
can be found in Groves & Mundt (2015), Kliffer (2005), Nifio (2008), Somers (2003), and
in Zanettin (2009). This kind of research is more meaningful to foreign language teaching
since it is directly related to classroom instruction.
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Compared with other languages, studies on Machine Translation in Chinese
language teaching and learning are rather inadequate in North America. Only Tian (2018)
has published a study, which analyzes about 500 translation exercises that are collected
from students’ homework. He finds that students rely on Google Translate to do their
homework in varying degrees. The accuracy of Google Translate is not unacceptable
because Google Translate can do a better job than intermediate-level Chinese language
learners, and it evolves very quickly. In terms of Chinese = English translation, Sogou
Translate [#%9#%¥1¥] and Baidu Translate [ £ #i¥] are more accurate than Google
Translate. This research shows that Machine Translation is accurate enough for students to
use it as a shortcut to achieve a good grade.

3. An Interesting Failed Teaching Design

The failed teaching design introduced in this study is inspired by previous research
that uses Machine Translate as a self-editing tool in foreign language classrooms. It is
conducted in an intermediate (third-year) level Chinese language course at an Ivy League
university, which uses 4 New China ( CHiffJH E ) ) as its textbook. This design aims to
help students gain experience in becoming self-assessors via Sogou Translate when they
do their homework. Students are required to write an essay in Chinese first, then use Sogou
Translate to translate their Chinese writings into English to check if their Chinese writings
contain any obvious mistakes.? The intended objective is that since Sogou Translate is very
accurate at least at the intermediate level, if the English translation looks incorrect to
students, then students’ original Chinese sentences are probably wrong. Students can go
back to revise their Chinese essay until they get an acceptable English translation. Example
1 is instruction from one of the assignments. The writing sections of all twenty assignments
for the entire academic year have been modified based on this design.

Example 1
Please write a short paragraph to introduce this image in Chinese, and then
record your answer. Use as many new words or patterns as possible.

place+H+...... ; place+ 2| 44K verb; %

Fi R+ 10; £ sb.+ verb /64 ‘1% @

verb; ...... , ... , B , B

WO AR AR Y T

BRA R G B H/HE adj; KK &Penn
Hh+verb; 7% +noun; subj. ([ sb.) + HATE HAS NO PLACE HERE.

B (1) +noun; 2t#E; fil+verb; BE
ff+verb; {H153;

Requirements and Tips:

2 This paper does not make a distinction between “error” and “mistake” from a linguistic viewpoint. It uses
the them interchangeably.
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A. Write down your answer in Chinese. (250 to 300 characters. Tips:
Please utilize Sogou Translate to check if your answer is correct).

B. Record your answer. (Tips: You can utilize the embedded “read”
function of Sogou Translate to practice your pronunciation).

C. Upload both your writing and your recording here.

However, this study finds that the above teaching design does not really achieve its
intended goal. Students’ Chinese writings still contain many obvious errors, such as
ungrammatical expressions, incorrect word order, misspellings, malapropisms, homonyms,
and typos, even though students used Sogou Translate to check their answers before they
submitted their homework. It turns out that the error tolerance feature embedded in
Machine Translation is so advanced that it can translate those mistakes made in students’
Chinese writing into acceptable English. Thus, students would assume that their original
Chinese writings are also correct. In fact, when designing similar pre-editing exercises via
Google Translate in her Spanish course, Correa (2014) warns that as Machine Translate
tools

are getting better at guessing missing accents and reassigning gender, the
possibility exists that an ungrammatical input ... could produce a
grammatical output. For this reason, it may be wise to remind students
that having a good translation is never a guarantee that the original text is
also error-free (or vice versa) (p. 12).

However, this warning is overlooked by many previous, similar studies, including
the aforementioned teaching design, because this phenomenon has never been
systematically examined before.

4. Error Tolerance of Sogou Translation

Although the teaching design does not achieve its intended goal, it generates
equally or maybe more interesting findings. This study discovers that when translating
Chinese to English, Sogou Translate is very tolerant of errors in the original Chinese text.
In other words, even though students’ Chinese writings may contain assorted mistakes that
Chinese language learners can make, Sogou Translate can still “guess” the “correct”
meanings and translate them into acceptable English.

Error tolerance is the design of things via various technologies “to be resilient to
human error.” “When a human error does occur, error-tolerance design gracefully detects
and handles it” (Spacy, 2017, p. 1). One of the most common error tolerance features might
be input correction. For example, Microsoft Word’s AutoCorrect feature can automatically
fix misspelled words or correct capitalization of words. And Siri’s voice commands may
accept different variations of the same command. In the case of Sogou Translate, the error
tolerance feature allows the machine to accept imperfect Chinese inputs and translate them
into English. This is a basic and necessary design because in real-life scenarios even native
Chinese speakers cannot guarantee that they will speak flawless or grammatically correct
Chinese sentences all the time. This research reveals that the error tolerance feature of
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Sogou Translate can ignore at least the following four types of common mistakes made by
Chinese language learners, which usually would not be acceptable by native Chinese
speakers or Chinese language instructors.

4.1 Misspelling Errors

When Chinese language learners type Chinese characters, one common error is that
they misspell the Pinyin and then choose the wrong characters (or correctly type the pinyin
but still choose the wrong characters). However, this study shows that Sogou Translate can
detect the mistyped words due to similar sounds and guess the intended meaning based on
the context and then generate the correct English translation. For instance, although a
student misspelled #4>K (jianglai, which means “in the future”) as £k (jinglai, which is
not a Chinese word at all) in Example 4.1.1, Sogou Translate still translated it into “in the
future” correctly. And in Example 4.1.2, when a student misspelled %% (giguai, which
means “strange”) into W% (xiguai, which is not a Chinese word at all), Sogou Translate
also correctly translated it. Similar phenomenon can also be found in Example 4.1.3 where
FFANFF 1L was correctly (and surprisingly) translated into “opening up.”

Example 4.1.1

Student’s incorrect sentence:

WFER, KEANRIZVODRE AT, BEARA R E T4
Sogou Translate result (August 1st, 2019):

I think Americans should welcome mobile payment in the future,
otherwise they cannot compete with China.

Example 4.1.2

Student’s incorrect sentence:

AT — DN NE VR T BRI S R4 b N —DMRBR A BN
%o

Sogou Translate result (August 1st, 2019):

One of the people in the video told the host that using cash might give
Beijingers a strange impression.

Example 4.1.3

Student’s incorrect sentence:

FEANFEIB LA oo AN P R Agi PR 3k 717

Sogou Translate result (January 8, 2020):

After opening up, China is no longer an iron rice bowl city.

4.2 Vocabulary Errors

Messing up a word’s part of speech or using the wrong synonyms are also two
common mistakes that Chinese language learners may struggle with when learning Chinese
vocabulary. When dealing with Chinese sentences with such errors, Sogou Translate does
not conduct a simple word-for-word translation and then produce an English sentence with
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errors; instead, it fixes the errors “behind the scenes” first and then generates the correct
translation. For instance, in Example 4.2.1, a student incorrectly wrote i %% {££% (because
VR %% should be followed by a noun, not a verb), but Sogou Translate still correctly
translated into “is wasting its money” not “is wasting spending money.” In example 4.2.2,
a student confused the meanings of H & (which expresses the certainty of speculation)
and 44X (which expresses the certainty of a fact) in his Chinese sentence, but Sogou
Translate still correctly translated it. In example 4.2.3, Sogou Translate first corrects a
student’s misspelling error (it should be 4“7 not B -§*) by ignoring that mistake, and then
correctly translates the misused noun (7= /& which means “meaning”) into the verb “means.”
And in example 4.2.4, a student mixed up the meanings of 1A (“to believe”) and 48

(“to think of, to remind”) in her Chinese sentence, but Sogou Translate still correctly
translated it.

Example 4.2.1

Student’s incorrect sentence:

PAE, EEFZEMETFIRAL . Mhijix 2K A% ERBIESRE T
R, FTUIAE A AR RIASE T A

Sogou Translate result (August 8, 2019):

At present, the transportation and economy in the United States are very
bad. He said this is because the United States is wasting its money in the
Middle East, so there is no modern means of transportation.

Example 4.2.2

Student’s incorrect sentence:

WE P EWE R TR, Pz, FHREMREER, §
E LE 36 E AR T .

Sogou Translate result (January 8, 2020):

I have been to China and have seen their railways, airports and other
infrastructure construction, which are certainly more beautiful and
effective than those in the United States.

Example 4.2.3

Student’s incorrect sentence:

“Rust Belt” FIE B ZREZN L] #y. —HHXMHFRB L
Ji, 7 HX AN T .

Sogou Translate result (January 14, 2020):

Rust Belt means a very old factory place. On the one hand, it means a
factory, on the other hand, it means a steel city.

Example 4.2.4

Student’s incorrect sentence:

PARTAE SR XA FARE S . IMEX N T TR e R IR .
Sogou Translate result (January 14, 2020):

The name used to be very famous in America. Now the name makes me
think of ghost city.
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4.3 Grammar Errors

This study shows that Sogou Translate can also “overlook” some of the
grammatical errors that exist in students’ Chinese writings, guess the intended meaning,
and then produce the correct English translation, which is a capability that many novice
Chinese language instructors might not even possess. For instance, in Example 4.3.1,
although a student wrote an incorrect comparative bi-structure (Lt%%)) that is, frankly
speaking, difficult to understand even for an experienced Chinese language instructor,
Sogou Translate produced the correct English sentence nonetheless. Similar grammar
corrections can also be found in Example 4.3.2, Example 4.3.3, and Example 4.3.4, in
which the student mistakenly used lian-structure (i%5%)), rang-structure (1L:5%)), put a
comma before the conjunction word Al [and], and connected two adjectives with the
conjunction word 1 respectively.

Example 4.3.1

Student’s incorrect sentence:

BRARXE, ANHLFHZHBM.

Sogou Translate result (July 14, 2019):

But in America, people use computers more than mobile phones.

Example 4.3.2

Student’s incorrect sentence:

B/ AR ETRINE A R 7p e Y = R ER - AT

Sogou Translate result (January 8, 2020):
For example, Singapore’s airport has cinemas.

Example 4.3.3

Student’s incorrect sentence:

A RAEBUFZ WA MR, 1EBUFABAFIR K

Sogou Translate result (January 8, 2020):

However, there are always conflicts within the government, which
prevents the government from making great progress.

Example 4.3.4

Student’s incorrect sentence:

WEIhEWE B 7T, P, RARERREER, B
5E L3 A R T

Sogou Translate result (January 8, 2020):

I have been to China and have seen their railways, airports and other
infrastructure construction, which are certainly more beautiful and
effective than those in the United States.

© 2020 The Author. Compilation © 2020 Journal of Technology and Chinese Language Teaching 27



Tian Error Tolerance of Machine Translation

4.4 Word and Sentence Order Errors

Another typical mistake often made by Chinese language learners who are native
English speakers is getting word and sentence order wrong, which is caused by the negative
transfer between Chinese and English. For instance, they tend to put time and location at
the end of the sentence, which is incorrect in Chinese. In Example 4.4.1, a student
mistakenly put the location words £ 7% [in the Middle East] at the end of a Chinese
sentence, but Sogou Translate rendered it into correct English. Such is the case with
Example 4.4.2 about the time phrase.

Example 4.4.1

Student’s incorrect sentence:

WAE, FEPZEMAETARALF o 151X 2 Ky 5 [H IR 2 e s AE
R, PP EERA AR B T A

Sogou Translate result (August 8, 2019):

At present, the transportation and economy in the United States are very
bad. He said this is because the United States is wasting its money in the
Middle East, so there is no modern means of transportation.

Example 4.4.2

Student’s incorrect sentence:

5 EBURFEF 2 10 L) BRAE ARG 60 F4R.

Sogou Translate result (January 8, 2020):

The U.S. government set up many factories in the northeast in the 1960s.

In addition, when composing a Predicate Adjectives sentence (751718 i H)),
which means using an adjective as a verb/predicate in a sentence (e.g. ™1 SCIR BRA),
influenced by their mother tongue, English speakers sometimes mistakenly put the
adjectives at the beginning of the Chinese sentence. But once again, Sogou Translate can
produce a beautiful and grammatical English sentence from a student’s ill-formed Chinese
sentence. Example 4.4.3 and Example 4.4.4 illustrate this phenomenon.

Example 4.4.3

Student’s incorrect sentence:

X PR MR 53 2 OB 0 R Atk 0t 1 1

Sogou Translate result (July 14, 2019):

This is because it is very expensive to build new infrastructure

Example 4.4.4
Student’s incorrect sentence:

TRIRIGUS 2 SO VFER NI 3 i
Sogou Translate result (July 14, 2019):
It is very troublesome to get permission to build on private land.
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Sogou Translate can also fix similar word order mistakes when students put
professional titles before a person’s name in Chinese, such as the Example 4.4.5.

Example 4.4.5

Student’s incorrect sentence:

SRS B

Sogou Translate result (July 14, 2019):
President Trump

5. Discussion

Besides the error tolerance of Sogou Translate, this study also discovers two more
interesting findings that are worth further discussion.

5.1 Error Tolerance of Google Translate

Tian (2018) shows that Sogou Translate is more accurate than Google Translate in
terms of English = Chinese translation. This research provides new evidence for this
conclusion because the function of error tolerance of Sogou Translate is more powerful
than Google Translate. In other words, when the original Chinese input is imperfect, the
same as Sogou Translate, Google Translate can also sometimes guess the intended meaning
and generate the correct English translations, but Sogou Translate does a better job than
Google Translate. For instance, Google Translate fails to decipher the real meaning of 4

K (jinglai, which is not a Chinese word) in Example 5.1.1. It chooses not to translate it at
all. Similar evidence that Sogou Translate is better than Google Translate can also be found
in Example 5.1.2, Example 5.1.3, and Example 5.1.4.

Example 5.1.1

Student’s incorrect sentence:

WRAGER, FKENNAZIWE AT, EARARER T EE S
Sogou Translate result (August 1, 2019):

I think Americans should welcome mobile payment in the future,
otherwise they cannot compete with China.

Google Translate result, (January 11, 2020):

In my opinion, Americans should welcome mobile payments, or they
cannot compete with China.

Example 5.1.2:

Student’s incorrect sentence:
FEASFFIBCA S v AN 72 R AR PR 408 7T

Sogou Translate result (January 8, 2020):

After opening up, China is no longer an iron rice bowl city.
Google Translate result, (January 11, 2020):

After opening, China is no longer a city of iron rice bowls.
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Example 5.1.3:

Student’s incorrect sentence:

FETEBUN Z W EZH MR, RBUNF ARSI Kt

Sogou Translate result (January 8, 2020):

However, there are always conflicts within the government, which
prevents the government from making great progress.

Google Translate result, (January 11, 2020):

However, there are always conflicts within the government, so that the
government does not make much progress

Example 5.1.4:

Student’s incorrect sentence:

RIS 2 Fe VAR A 3t 32

Sogou Translate result (July 14, 2019):

It is very troublesome to get permission to build on private land.
Google Translate result, (January 11, 2020):

Very trouble getting permission to build on private land.

5.2 “Two-Step Translation” Method

Trying to guess students’ intended meaning and/or correcting students’ ill-formed

Chinese sentences (e.g. Example 4.3.1 “{H @& 7EEEH, NLFH 2 HHEMK”) can
sometimes be very challenging even for experienced Chinese language instructors. But the
error tolerance feature of Sogou Translate may help instructors by ignoring those mistakes
and getting the correct English translation. Instructors can simply use Sogou Translate to
translate that English sentence back into Chinese and possibly get a correct (and often a
better) Chinese sentence that the student wants to express. Examples 5.2.1, 5.2.2, and 5.2.3
show how a student’s incorrect and hard-to-understand Chinese sentence is translated into
a flawless Chinese sentence via this “two-step translation” method.

Example 5.2.1

Student’s incorrect sentence:

HRARLE, ANHTHLZ M.

Sogou Translate result (from Chinese sentence to English) (January 8,
2020):

But in America, people use computers more than mobile phones.

Sogou Translate result (from English sentence to Chinese) (January 8,
2020):

ERAEEE, AMMEHEKZ T Tl

Example 5.2.2

Student’s incorrect sentence:

HAER IR N AR F U

Sogou Translate result (from Chinese sentence to English) (January 8,
2020):

The second thing is quoted by Trump in his speech.
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Sogou Translate result (from English sentence to Chinese) (January 8,
2020):
NI AR 51 T 58—

Example 5.2.3

Student’s incorrect sentence:

H 2RO R FEBAERI R, FOXFE T .

Sogou Translate result (from Chinese sentence to English) (January
30, 2020):

It was when I became a full Catholic that I did so.

Sogou Translate result (from English sentence to Chinese) (January
30, 2020):

PIAE BN — 4 IE R FHAE 5 A KRR

Moreover, this study also finds that the error tolerance feature of Sogou Translate
probably works better on longer passages than shorter sentences, which means the more
context provided, the more accurate Sogou Translate is. For instance, Example 5.2.4 is a
student’s essay explaining the term “Rust Belt” in Chinese, which is poorly composed and
consists of many errors. When using Sogou Translate to translate a single ill-formed
sentence in that essay, “— 4 H X MM F & B L) HuJ7,” it gets an equally strange
English sentence “on the one hand, this place where Akiko means factory.” However, when
translating the whole paragraph, Sogou Translate renders a highly acceptable English
paragraph, and many errors, including that sentence, in the original text, are correctly
translated. And Sogou Translate can generate a much better Chinese paragraph (only
containing a few minor errors) by translating this English paragraph back into Chinese
again.

Example 5.2.4

Student’s incorrect sentence

— XA TR T T

Sogou Translate result of this single sentence (January 15, 2020):
On the one hand, this place where Akiko means factory.

Student’s poorly composed essay:

mmﬁm¢mimm@%MIfﬁﬁ —HHEHXMNMHTFEREL #
75, — 7 X BRI T . XANR R AT Wittt b 2 — A
H FESEEALEE . SEE R KR 7 R sl — ANl 7 . e 3E
B BUR AR 2 R &5 X AN T RaG Bl — N B Z R P i, PARTE
FEXINMGFIRA S WERX NG F RN AE R I T PARTIX 4y
J7 7% = B P ML T AE A 2 5 el b g R R B TR IR 32 B2 R
ANFE BEA 8 MR SCA BRI 55 30 7. SRIEBUMIEYF 2 1T
WAERALEIEE . X TR L2, IR AR T .
“Rust Belt”, —J7 X &5 7 oimk, Ha2 —JrieliE T A%
o ABHE B ANTRAEAEZ LI 1)t 2.

Sogou Translate result of the whole paragraph (January 15, 2020):

(;'42
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Rust Belt means a very old factory place. On the one hand, it means a
factory, on the other hand, it means a steel city. This phenomenon
occurred in the north of the United States from the middle of the 19th
century to the middle of the 20th century. The United States uses a large
area to create an industrial area. At that time, the U.S. government sent
many technologies to the city to create an important industrial city. The
name used to be very famous in America. Now the name makes me think
of ghost city. In the past, this place was the place where a successful
industry was located and where the industry was most developed at that
time, mainly because this place has rich resources and cheap labor. The
U.S. government has many factories in the northeastern United States.
This place is now reducing employment opportunities. Many people have
lost their jobs. Rust Belt, on the one hand, has contributed to the economy,
but on the other hand, has created unemployment among workers. The
people there do not enjoy the beautiful past now.

Sogou Translate result (from English sentence to Chinese) (January
15, 2020):

BHirEwE AN EE 20T . —Jim, ERWE—ANLT, A
T, ERERAE —MNERITT . XA R R AAE 19 e & 20 i
ISR E AL AR . SEEAE A R ISR A TAIX . i, SKEBUF
[ RS TT A8 T HOR, DLEIE — D EE R T . X457
WRAEREIRE AL MAERXDZ TR 7 /. £, X
iR P B e, R I R ROE R Ty, E R
KOS SR+ 6, e M H . REBUFAERERILEGHZE
L) o RAMITBAEIELE R L. 2 AR T . B — 7
et ¥ 2tk g, B — ik 7 T AR R AATBHEA
BRI

6. Pedagogical Implications and Recommendations for Future Research

Science cannot succeed without failures (Firestein, 2015). The findings from the
aforementioned unsuccessful teaching design do not indicate that Machine Translate
cannot be applied in the Chinese language classroom but only mean that using Machine
Translate to design pre-editing exercises needs more sophisticated consideration. Moreover,
this study suggests that there are at least three possibilities to further investigate how to
utilize Machine Translate in Chinese language teaching.

1) This study is a qualitative case study of only one intermediate-level Chinese
language course, which only investigates the error tolerance in Sogou Translate when
conducting Chinese- to-English translation. Student samples and their Chinese writing
examples do not reflect any quantitative statistical significance. Future researchers can
further explore the phenomena of error tolerance of Machine Translation by expanding
their research samples to include students at different language proficiency levels and
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investigating similar error tolerance phenomena that may exist in English-to-Chinese
translation.

2) Most of the Machine Translation tools, such as Google Translate, Sogou
Translate, and Baidu Translate, offer speech recognition features, which are also tolerant
of pronunciation errors (e.g. different accents). This means that the speech recognition
function can correctly recognize speech with some flaws (Ruiz, Bertoldi, & Federico,
2019). In teaching Chinese language, instructors often highlight the importance of the
accuracy of students’ pronunciation, which is mainly judged by ear. How accurate is
accurate enough? There is a lack of direct and objective standards. Is “machine-acceptable”
accuracy good enough? In the future, a study of error tolerance that uses Chinese language
learners’ speech as research samples will be very promising.

3) Future research may focus on investigating how to train Chinese language
learners to become self-assessors and make progress on their writing proficiency without
the instructor’s involvement via the aforementioned “two-step translation” method.
Computer engineers may even develop an “automatic composition revision” program via
this editing technique.

7. Conclusion

Science constantly benefits from failures. Failures often provoke very
unpredictable insights and compel researchers to look at a problem differently. This study
is inspired by an unsuccessful teaching design that uses Sogou Translate as a self-editing
technique. It finds that when conducting Chinese-to-English translation, Sogou Translate
possesses a powerful error tolerance function. It can correctly translate erroneous Chinese
sentences composed by intermediate level Chinese language learners into grammatical
English sentences. These errors include misspelling, misusing homonyms, typos, misusing
the part of speech of a word, misusing synonyms, ungrammatical phrases, and incorrect
word/sentence order. The error tolerance function in Sogou Translate is more powerful
than Google Translate, which proves again that Sogou Translate is a better tool than Google
Translate in terms of Chinese = English translation. This study also suggests three possible
areas for future research on Machine Translation. These include: investigating error
tolerant algorithms that exist in English to Chinese translation; examining to what extent
Machine Translation can tolerate a Chinese language learner’s imperfect pronunciation,
and; exploring how to train students to gain experience in self-assessing their oral and
written Chinese via Machine Translation. These opportunities might raise students’
metalinguistic awareness and help prepare them for lifelong learning.
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Abstract: This corpus-driven study examines the construction and
frequency distribution of the top 100 most frequently used content words in
American English, Chinese, and American and Chinese first-year students’
compositions. First, this paper presents the top 100 most frequently used
content words in American English and Chinese from two comparable
corpora, i.e., the Corpus of Contemporary American English (COCA) and
the Chinese National Corpus (CNC). Second, the top 100 most frequently
used content words were drawn from two specific corpora consisting of
American and Chinese freshmen’s English compositions. Linguistic
similarities and differences in terms of the usage of content words across
the two sets of comparable corpora were identified. For example, the results
showed that people from both American and Chinese cultural backgrounds
relied heavily on verbs and nouns in their languages. However, Chinese
people tended to prefer using direction-oriented nouns and food-related
words, which were nearly absent in the COCA and American freshmen’s
compositions. The cultural implications associated with the linguistic
similarities and differences are discussed and pedagogical implications of
the findings are also offered.
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1. Introduction

Anthropologist-linguist Edward Sapir (1929, 1966) argued that language is the
perfect symbolic system to describe the content of every culture. Different cultures tend to
conceptualize the world differently and such differences are reflected in language forms
(Lakoff & Johnson, 1980; Langacker, 1987, 1990; Talmy, 2000). Not surprisingly,
Benjamin Whorf (1956) proposed that studies on not only vocabulary but also grammatical
structures, such as word-classes, lexical word inflection, and derivation, provide a window
into the mind of people from different cultures.

Inspired by these theories on the relationships among language, thinking, and
culture, also known as the Sapir-Whorf hypothesis, a large number of pioneering
contrastive studies have been conducted to examine color terminologies (e.g., Berlin &
Kay, 1991), contrastive rhetoric (e.g., Kaplan, 1966), space concepts (e.g., Brown, 1994),
and metaphors (e.g., Lakoff & Johnson, 1980) in different languages. As a matter of fact,
the Sapir-Whorf hypothesis was a well-discussed topic in the 1990s and 2000s (Regier &
Xu, 2017), and the pendulum has begun to swing back in recent years (e.g., Cibelli, Xu,
Austerweil, Griffiths, & Regier, 2016; Kadarisman, 2015; Neuliep, 2017; Tseng,
Carstensen, Regier, & Xu, 2016; Wang, 2016). Most of these recent studies have further
supported the close relationship between language and culture (i.e., the Sapir-Whorf
hypothesis) by using sophisticated data analysis tools.

Moreover, with the advancement of corpus linguistic research, scholars have been
able to conduct contrastive studies and compare different languages through massive
linguistic data obtained from various corpora (McEnery, Xiao, & Tono, 2006). Due to the
extent of similarities among alphabetic languages, existing corpus-based contrastive
research, to date, has primarily focused on comparing such languages as Spanish, French,
and Dutch to English (e.g., Butler, 2008; Defrancq & De Sutter, 2010; Gladkova, 2010).
This is because it is easier to find formal or translational equivalents between English and
other alphabetic languages, which is not the case for a non-alphabetic, character-based
language like Chinese. In contrast, contrastive studies in English and Chinese are relatively
more difficult to carry out, and thus corpus-driven research in this area is still rather meager
despite increasing attention from a number of scholars (McEnery, Xiao, & Mo, 2003; Xiao
& McEnery, 2005; Chung, 2008; Qian & Piao, 2009; Chen, 2010).

In particular, no corpus-based research has been conducted to examine the most
frequently used content words in comparable English and Chinese corpora. This study
attempts to fill in this research gap by analyzing the top 100 most frequently used content
words as displayed in four corpora, i.e., the Corpus of Contemporary American English
(COCA)!, the Chinese National Corpus (CNC)?, and two specific corpora of American and
Chinese freshmen’s English compositions.

! ¢c.f. http://corpus.byu.edu/coca/.
2 ¢.f. http://www.cncorpus.org/
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2. Literature Review
2.1 Corpus-based Contrastive Studies

In the past few decades, corpus-based analysis has become an important method
for comparing different languages by utilizing “a large and principled collection of natural
texts” (Biber, Conrad, & Reppen, 1998, p. 4). With the development of English language
corpora, large corpora have also become available in other languages, such as Spanish,
French, German, Portuguese, Japanese, and Chinese (McEnery, Xiao, & Tono, 2006).
Consequently, a good number of corpus-based contrastive studies have emerged with the
aim of comparing different languages.

2.2 Corpus-based Contrastive Studies among Alphabetic Languages

In order to make linguistic features comparable across languages, words used in
different languages that share similar parts of speech, meanings, and forms are most
frequently examined in the field of lexical corpus-based contrastive studies. Therefore,
contrastive linguistic studies among alphabetic languages are relatively easier to carry out
due to the extent of similarities among these languages.

Hudson (1994) compared the percentage of nouns (i.e. common nouns, proper
nouns, and pronouns) in the Brown and LOB (Lancaster-Oslo-Bergen) corpora across
different genres and proposed a striking constancy that the noun ratios in written English
were always between 33% and 42%. With regard to other word-classes and other languages,
he concluded a trend that among written English, written Swedish, New Testament Greek,
written Welsh, spoken English, and children’s English, there was a negative relationship
between prepositions/common nouns and verbs/pronouns.

The scope of the research subjects in contrastive corpus-based lexical studies has
become narrower in recent years. For example, Butler (2008) focused on the idea, concept,
and notion in English and their formal equivalents in Spanish, examining their frequencies,
adjectival collocations, and idiomatic contractions within two comparable corpora, the
British National Corpus (World Edition) and the Corpus del Espafiol. The results indicated
that, overall, there was a striking similarity between the use of idea, concept, and notion in
English and Spanish, with some minor differences. Molina-Plaza and de Gregorio-Godeo
(2010) analyzed the stretched verb collections with give in English and dar in Spanish.
With regard to the different structures of verb collocations, they provided substantial
pedagogical applications for the L2 learners of English and Spanish.

In addition to English and Spanish, other alphabetic languages have also been
compared through corpus analysis. For instance, Gladkova (2010) explored the linguistic
and cultural variations of sympathy, compassion and empathy in English and their
translational equivalents in Russian words soc uvstvie, sostradanie, and soperez ‘ivanie. By
applying the natural semantic meta-language research method into this study, the
researcher successfully explained the semantic and conceptual differences of using these
emotional words in two cultures. Defrancq and De Sutter (2010) compared the contingency
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hedges of English depend, French dépendre and Dutch afhangen, liggen and zien, and
discovered some consistent linguistic features for the contingency hedges in English,
French, and Dutch.

2.3 Corpus-based Contrastive Studies between English and Chinese

Despite less conceivable linguistic similarity between Chinese and alphabetic
languages, corpus-based contrastive studies between English and Chinese have also started
to catch up. These studies have focused on analyzing aspect markers, tenses, passive
constructions, kinship terms, word metaphors, and borrowed words (e.g., Chen, 2010;
Chung, 2008; Qian & Piao, 2009; Xiao & McEnery, 2005; Yu, Yu, & Lee, 2017).

In one of the first of its kind, Xiao and McEnery (2005) used a corpus of written
British English, the Freiburg-Lancaster-Oslo-Bergen corpus (FLOB), and the Lancaster
Corpus of Mandarin Chinese (LCMC) (i.e., a comparable corpus to FLOB), to identify
some of the basic grammatical features across English and Chinese. The results showed
that “English is predominantly a tense language, whereas Chinese is exclusively an aspect
language” (Xiao & McEnery, 2005, p. 1). In other words, English marks tense and aspect,
but there are no morphology-like devices in Chinese to mark tense, number, gender, or case
but only aspect markers (e.g. —le, -guo, -zai, and -zhe) to represent differences in time and
situation. By using the Chinese-English matched corpora, FLOB and LCMC, they further
explored the aspect-marking differences between Chinese and British English and how
British English aspect marking was translated into Chinese.

Moreover, McEnery, Xiao, and Mo (2003) demonstrated the differences and
similarities of aspect markers among not only Chinese and British English but also
American English by using the LCMC, Frown, and FLOB corpora. Along the same lines,
Xiao, McEnery, and Qian (2006) compared the characteristics of passive constructions in
British English (be/get + past participle) and Mandarin Chinese (bei/jiao/rang/gei) by
using data of the FLOB, LCMC, and two other spoken corpora. Their findings insightfully
demonstrated that passive constructions are more frequently used in English than in
Chinese due to the unpleasant and undesirable semantic prosody in Chinese passives.

In addition to explorations of grammatical differences, cultural influences in word
selection have also been a focus of discussion in English and Chinese corpus-based
contrastive studies. Influenced by Lakoff and Johnson’s (1980) conceptual metaphor
theory, a number of corpus-based contrastive studies have been conducted (e.g., Chung,
2008; Chen, 2010; Qian & Piao, 2009) to examine to what degree types of metaphors and
their collocations can mirror cultural similarities and differences. For example, Chen (2010)
concluded that Chinese is a very typical metaphorical language that tends to link physical
experience with various subjective notions due to the influence of Confucianism and
Taoism. Qian and Piao (2009) compared kinship taggers in LCMC and FLOB and revealed
a scheme of annotating Chinese kinship into LCMC, but due to the complex meanings of
some Chinese kinship terms, tagging them all in LCMC was problematic. The two
researchers explained that this is because the concept of family has always been an

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 39



Kang, Luo A Corpus-driven Contrastive Study

important aspect of Chinese life and thus the Chinese language has a much richer cluster
of words describing family relations than English does.

Finally, researchers have also used various types of learner corpora to compare the
nature of English and Chinese language. For example, Tardif, Fletcher, Liang, Zhang,
Kaciroti, and Marchman (2008) analyzed babies’ first 10 words in their first language
among English-, Mandarin- and Cantonese-speaking children. The findings showed that
Chinese babies obtained more words than American babies and especially more words
within the category of people terms, which echoes Qian and Piao’s (2009) study. Chan
(2010) looked at Chinese learners’ English written errors to elaborate on the difference
between English and Chinese. Based on data gathered from 387 ESL learners’ free writings,
Chan argued that mother tongue influence was the most important factor that leads to ESL
learners’ written errors.

2.4 Research Gaps & Research Questions

As discussed previously, although corpus-based contrastive studies between
English and Chinese have started to emerge, the number is still rather meager partly due to
the linguistic distance between Chinese and other alphabetic languages. In addition, most
existing corpus-driven contrastive research comparing Chinese and English has mainly
focused on specific lexical or grammatical features such as aspect markers, tenses, passive
constructions, and kinship terms. Moreover, the majority of previous English and Chinese
corpus-based contrastive studies tended to only address the linguistic differences
surrounding certain features across the two languages, without further exploring the
potential cultural connotations indicated by certain linguistic forms. As Aijmer, Altenberg,
and Johansson (1996) noted, comparable corpora could possibly increase our knowledge
of cultural differences in many different ways. It thus might be interesting and worthwhile
to delve into the cultural explanations behind linguistic differences.

Notwithstanding many differences between English and Chinese, one linguistic
similarity between the two languages is that morphologically both of them are analytical
languages where lexical meanings are expressed by using separate words, so comparisons
of content words across these two languages are practicable. In addition, analyzing content
words expands the research from focusing on a single lexical or grammatical feature to
larger numbers of lexical items. Moreover, content words, which are often used to convey
intended messages, may be more appropriate for interpreting culture compared to other
closed word groups, such as prepositions, pronouns, articles, and so forth. However, no
research, thus far, has examined and compared the most frequently used content words in
English and Chinese by looking at massive linguistic data gathered from comparable
corpora.

To fill in these research gaps, this study attempts to expand the scope of earlier
English and Chinese corpus-based contrastive investigations by exploring the 100 most
frequent content words in American English, Chinese, and American and Chinese
freshmen English compositions. It also aims to enhance knowledge of the interrelationships
between language and culture. More specifically, the research questions for this study are:
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(1) What are the 100 most frequent content words (i.e., noun, verb, adjective, and adverb)
in American English, Chinese, and American and Chinese freshmen English compositions?
(2) How are the 100 most frequent content words in American English, Chinese, and
American and Chinese freshmen English compositions different or alike? The cultural
implications of the research results will also be discussed whenever possible.

3. Method
3.1 Corpora Used in This Research

In order to extract the top 100 most frequently used content words in English and
Chinese, this study selected four corpora: i.e., the Corpus of Contemporary American
English (COCA), the Chinese National Corpus (CNC), and the two specific corpora
consisting of American and Chinese freshmen’s English compositions. This is because
these four chosen corpora represent two main cultures (American & Chinese) and two
subcultures (American first-year students & Chinese first-year students at college). In
addition, including four instead of two related corpora could likely enhance the validity of
this research and provide more concrete evidence to elaborate upon the relationships
between language and culture. It should be noted that Chinese first-year students’
compositions were written in their second language, i.e., English rather than their native
language, Chinese. It is interesting to see to what degree Chinese students’ first year ESL
writing is influenced by their L1 and Chinese culture.

The COCA was the first large and diverse corpus of American English, and the
CNC was the largest balanced corpus of Chinese. The COCA contained more than 450
million words from 1990-2012; the CNC provided a balanced collection of texts from
1919-2012. The corpus has nearly 100 million characters out of about 50 million characters
are tagged. Even though the two corpora were different in size, both of them included not
only written but also spoken resources in America and China. Furthermore, these two
corpora contain similar text types. In the COCA, “texts are evenly divided between spoken
(20%), fiction (20%), popular magazines (20%), newspapers (20%), and academic journals
(20%)” (Davies, 2009). In the CNC, all the resources are in Chinese, and approximately
50% of the texts come from arts and social sciences (politics and law: philosophy, politics,
religion, and law; history: history, archaeology, and nationalities; society: sociology,
psychology, linguists, education, literary theory, news, and folk-customs; economy:
industrial economy, agricultural economy, political economy, and economics of finance
and trade; art: music, essay, biography, reportage, fiction, and spoken; military and sports;
living), 30% from natural science (mathematics, biochemistry, astronomical geography,
maritime meteorology, agriculture and forestry, and medical), and 20% from general fields
(administrative documents, statutes, judicial documents, business proclamations, protocol
speech, and expository writing). Additionally, the COCA had a function to search for the
most frequently used words by part of speech, and the CNC website had a most frequently
used word list annotated with part of speech.

The data of American and Chinese freshmen compositions were collected from the
freshmen composition classes at an American public university. This course was a required
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course for all first-year students, and it offered special sections for the international
students. Therefore, the texts of American freshmen compositions were selected from 34
American students who were in the regular freshmen composition classes, and the texts of
Chinese freshmen compositions were selected from the 32 Chinese students in the
international students’ composition sections. The minimum language requirement for them
to take this course was to have internet-based TOEFL scores higher than 59 or to be
currently placed in Level 5 in the intensive English program at the university. As listed in
their course syllabus, all the students in the freshmen composition classes needed to
complete six writing projects. The two writing texts that we chose to use in this study were
a short informational argumentative essay and an extended argumentative essay. In total,
this study included 68 writing texts from Americans and 64 writing texts from Chinese
ESL students.

3.2 Procedures

The preliminary work in this study was to build up the top 100 most frequently used
content word lists in the COCA, the CNC, and the American and Chinese freshmen
compositions. For the top 100 content word list in American English, as mentioned in the
previous section, the COCA website provides a search function for extracting words by
part of speech and ranking them based on frequency. Therefore, the researchers searched
for the top 100 most frequent nouns, verbs, adjectives, and adverbs individually to include
in a master list of the 400 most frequently used content words. Then, this 400-word list was
ranked by total raw frequencies (TOT). The next step was to clean data to make sure all
the words that appear in this list belong to the appropriate content word categories. To
define the content word categories, this research used the definition of noun, verb, adjective,
and adverb in English in Longman Student Grammar of Spoken and Written English (Biber,
Johansson, Leech, Conrad, & Finegan, 2002). Additionally, with the aim of including the
words that carry meaningful information, the nouns in this research refer to both common
nouns and proper nouns, and the verbs include lexical verbs, primary verbs (e.g. be and
have), and auxiliary verbs (e.g., can and will). Also, it is worth noting that to capture the
complexity of natural language and how language is used in real life, the frequency list was
generated based on word tokens.

In the CNC, there was no feature as in the COCA that can search for word
frequencies among different word classes, but on the CNC website, a most frequent word
list, annotated with parts of speech, was available. Therefore, the researchers extracted the
top 100 most frequent content words, including nouns, verbs, adjectives, and adverbs, from
the master list.

To extract the top 100 content words in American and Chinese freshmen
compositions, a free concordance program, AntConc 3.3.5 (Anthony, 2012), was used to
count the word token frequencies among the texts from American and Chinese freshmen
compositions. Each word’s part of speech was labeled along with the rules that had been
used in the content word list in the COCA. For the words that could have more than one
part of speech, the original sentences that contained the target words were checked to mark
the frequencies under appropriate content word category.
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After establishing these four top 100 content word lists, their content word ratios
and distribution were analyzed. First, the number of nouns, verbs, adjectives, and adverbs
in each top 100 content word list was calculated. Second, the 100 ranks were further
divided into 10 frequency bands to analyze their distribution. In other words, lexical items
from rank 1 to 10 belong to frequency band 1, words appear from rank 11 to 20 have been
grouped into frequency band 2, and the like. By doing so, the distribution of different
content word classes across the four lists can be visually represented. Additionally, in order
to obtain the relationships of content word distribution among the four lists, the statistical
method, Spearman’s rho, was utilized. Spearman’s rho can range in value from -1 to +1.
An absolute value of one indicates a perfect linear relationship and a value of zero indicates
the absence of a linear relationship.

4. Results
4.1 Construction of the Top 100 Most Frequently Used Content Words

The top 100 most frequently used content words in American English, Chinese, and
American and Chinese freshmen compositions are presented in Lists 1, 2, 3, and 4 in
Appendix A. Table 1 summarizes the construction of the top 100 content words across
these four corpora. Even though the noun, verb, adjective, and adverb ratios varied, some
patterns and trends could be discovered.

First, the construction of the four lists was taken up mostly by nouns and verbs
(total number of verb = 117; noun = 90). Second, Chinese speakers in the CNC and Chinese
freshmen compositions corpora tended to use more nouns than English speakers and fewer
verbs and adverbs. Third, when comparing the COCA and the CNC to the freshman
compositions, there were more nouns and adjectives and fewer verbs and adverbs used in
compositions than in general communication.

Table 1. Constructions of content words across American English, Chinese, and American and
Chinese freshmen compositions

Corpora Noun Verb Adjective | Adverb Total
COCA 22 46 8 24 100
CNC 33 38 11 18 100
American freshmen 35 33 16 16 100
compositions

Chinese freshmen compositions | 47 29 13 11 100
Total 90 117 35 58 400

4.2 Frequency Distribution of the Top 100 Most Frequently Used Content Words

The results of content word distribution based on the 10 frequency bands are
included in Table 2. The four tables in Appendix B demonstrated the correlation of the
content words among four corpora. The absolute Spearman’s rho scores greater than 0.5
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were the verb distribution between American English and American freshmen writing
(0.845), American English and Chinese noun distribution (0.599), and American English
and Chinese freshmen compositions noun distribution (0.567). These strong correlations
seem to indicate that in addition to cultural contexts, rhetorical contexts (i.e., general
communication vs academic writing) also played an important role in the observed distinct
content words distributions regardless of L1 or cultural backgrounds.

Table 2. Distribution of content words
(FB=frequency band; v=noun; v=verb; adj=adjective; adv=adverb)

American English Chinese American freshmen Chinese freshmen
compositions compositions

FB |Rank [ n v adj [ad |n |v |adj [adv |[n v adj |adv [n |v |adj [adv
1 1-10 0 10 [0 0 3 (3]0 4 1 8 0 1 3 16 |0 1
2 1120 |2 6 0 2 3 |41 2 1 4 2 3 5 13 11 1
3 2130 | 0 5 1 4 0 [7 12 1 3 4 1 2 4 12 |4 0
4 3140 (2 2 1 5 6 311 0 5 3 1 1 4 [2 ]0 4
5 41-50 |0 9 1 0 2 |6 |1 1 4 4 1 1 4 13 |1 2
6 51-60 |3 5 0 2 1 ]2 ]2 5 5 3 1 1 6 12 |2 0
7 61-70 | 4 2 0 4 6 [1 |1 2 5 1 3 1 5 14 {0 1
8 71-80 |5 2 1 2 4 |5 10 1 5 1 2 2 5 1411 0
9 8190 |5 3 0 2 5 1310 2 2 2 3 3 512 (2 1
10 ] 91-100 | 1 2 4 3 3 14 |3 0 4 3 2 1 6 11 ]2 1

5. Discussion

Unlike previous contrastive corpus-based research, which focused on one type of
part of speech (e.g., Hudson, 1994) or specific lexical items (e.g., Butler, 2008), results
discovered from this study provided a macro level of analysis on the use of content words
in American English and Chinese.

First, the results showed that people from both American and Chinese cultures rely
heavily on verbs and nouns in their languages. Specifically, American English and Chinese
noun distribution based on the 10 frequency bands were quite similar, which may indicate
that the two cultures conceptualize many aspects of the world in similar ways (Yu, 1995,
1998; Yu, Yu, & Lee, 2017). For example, the concept of “time” appeared among the top
100 most frequently used content words in these four corpora, which included words like
time, years, year, and day in List 1, F[year], i [time], Z{7E[now], H [month], and H 8]
[time] in List 2, time, year, and years in List 3, and time in List 4. Although this result may
be subject to other interpretations, it seems that the value of time tends to be universal in
both American and Chinese cultures (Lakoff & Johnson, 1980; Yu, 1998, 2012). The value
of time in both cultures is also reflected in a number of proverbs in English and Chinese
(e.g., 4 stitch in time saves nine. Time and tide wait for no man. Time flies. Time will tell.
B (]t A2 4285 [ Time is money]. Y&FHAET [Time flies like an arrow]. % A A£E A\ [Time
waits for no man]. B [8] 4656 ELF8 [ Time will tell the truth]).

Substantial similarities in terms of frequently used content words were also
discovered between Chinese and American freshmen’s compositions. For example, the
noun parents appeared in the top 100 content words in both of the freshmen composition
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corpora. Combined with a close examination of the contents of first-year compositions,
this result seems to indicate that parents still tended to play an active and important role in
both groups of students’ first year of college life. Other common nouns across the two
corpora included education, school, and college, which were related to their student status.
Interestingly, both groups of students frequently used words related to playing computer
games, such as games, video, and game in List 3 for American students and internet, web,
and game in List 4 for Chinese students, reflecting American and Chinese freshmen’s
common interests as peers irrespective of their different cultural backgrounds. These
seemingly intuitive findings provide convincing evidence for one of the basic assumptions
of the cognitive linguistic framework that language reflects human conceptualizations of
world experiences (Lakoff & Johnson, 1980, 1999; Langacker, 1987, 1990, 2008).

Since language is a result of conceptualization (Lakoff, 1987; Talmy, 2000) and
different cultures tend to perceive the world and human life experiences differently to
various degrees (Yu, 2009), this study, not surprisingly, discovered a number of differences
among the top 100 most frequently used content words between American English and
Chinese. For instance, Chinese speakers in the CNC tended to use more nouns than English
speakers and fewer verbs and adverbs. Interestingly, even in Chinese students’ first
year ESL writing, we found similar patterns when compared with American students’ first-
year compositions. It seems that Chinese students’ first year ESL writing tended to be
influenced by their L1. This difference between American and Chinese speakers in findings
may be even traced back to Chinese and American people’s different ways of
conceptualizing nouns and verbs (Shu, Zhang, & Zhang, 2019). For example, Shen (2019)
insightfully pointed out that compared to the English word class construction in which
English nouns and verbs are two separate categories, nouns in Chinese constitute a
superordinate category that includes the verb category, a view echoed by Wang’s (2019)
analysis of the conceptual spatialization of actions or activities in Chinese. In other words,
according to Shen (2019) and Wang (2019), a noun-verb distinction should not be assumed
in the study of Chinese grammar. Shen (2019) also provided an elaborate discussion of the
cognitive and philosophical roots of this difference between English and Chinese.

In spite of some interesting similarities as discussed above, the top 100 content
words used in American and Chinese freshmen’s compositions also showed a number of
culture-specific differences. For example, American freshmen frequently used nouns such
as age, alcohol, sex, drug, war, violence, health, and (stem) cell, which were almost absent
in Chinese international students’ writings. The Chinese students who were studying
abroad also used a large number of exclusive nouns which were less present in American
students’ writings. Take Chinese students’ exclusive nouns that appeared in List 4 as an
example. They included words such as internet, money, food, guns, phone, English,
language, right, Chinese, law, penalty, abortion, (cosmetic/plastic) surgery, euthanasia,
and so on. These differences are not surprising and do not seem to be too hard to explain
as both sets of exclusive nouns reflect those aspects of life heavily discussed or experienced
in American and Chinese students’ respective cultures. Similarly, these findings
corroborated nicely with the cognitive-linguistic notion of the human conceptualization of
life experiences; thus, the language forms used to reflect these conceptualizations are
culturally shaped (Lakoff & Johnson, 1980, 1999; Yu, 2009, 2017).
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A closer examination of the results on the top 100 content words revealed some
other interesting differences in the process of corpora analysis. For example, Chinese
people tended to prefer using direction-related nouns than American speakers, such as
words ' [middle], _F[up], H. [inside], /& [back], T [under], and P [inside] in List 2.
Another difference revolved around the concept of “food,” reflecting the significance of
food in the Chinese culture. More specifically, the distinct verb, 7 [eat], appeared in the
top 100 content words in the CNC; food and foods appeared in the top 100 most frequently
used content words in the Chinese freshmen corpus, whereas none of the top 100 content
words in the two corpora produced by Americans was related to food.

The past decade has witnessed a growing body of research on the relationship
between language, culture, and cognition (Chen, 2010; Maalej & Yu, 2011; Yu, 2009,
2017). For example, Yu (2009) examined the Chinese word ‘[»[xin] and provided a
cognitive linguistic study of the Chinese conceptualization of the heart, revealing that the
word ‘[»[xin] covers the meanings of both “heart” and “mind” as understood in English.
He further traced the roots of the conception of the heart in ancient Chinese philosophy and
traditional Chinese medicine, arguing that a holistic view that sees the heart as the center
of both emotions and thought lies at the core of Chinese thinking and culture. Inspired by
this line of research, the authors of this study speculate that the above-mentioned
differences with regard to the preference of using direction-related nouns in Chinese as
well as the dense usage of words associated with food may also be explained culturally. In
ancient China, people in dread of nature attempted to use certain hypotheses to explain
various phenomena. One common superstition is that center [{1], up [_L], north [1k], and
left [7£] symbolize unchallengeable power and nobility. For example, China [ [H] is
literally translated as “central country;” emperor [ 2 1] is literally translated as “royal up,”
and in Chinese architecture, the most exalted people should live in the north of an
architectural complex. Traditionally, on a formal occasion, males should stand to the left
of females, and the host always lets the most honorable guests sit on his/her left. For
example, there is a four-character saying in Chinese, & /c PAf%f (Sima, 91BC ), which
means “emptying my left seat to wait for my honorable guest.” Chinese people’s preference
of using direction-related nouns may be traced back to these cultural traditions in ancient
China. Similarly, the significance of food in Chinese culture also has a long history and its
importance to Chinese culture is extensively manifested in the Chinese language. As the
Chinese saying goes, ;LA & AKX, food is valued as highly as the sky in people’s lives.
People even ask others whether they have eaten to greet each other in Chinese daily life.
For example, /RIZ T "5?[Did you eat?] is equivalent to “How are you doing?” in English.
All these linguistic examples show that food is an essential part of Chinese people’s life
and an important aspect of Chinese culture.

6. Conclusion

Supported by the Sapir-Whorf hypothesis, this study was conducted with the aim
of discovering the linguistic and cultural regularities of the top 100 content words across
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American English, Chinese, and American and Chinese freshmen compositions. A corpus-
based method was used to analyze the relationship between language and culture. The
results demonstrated that both similarities and differences in terms of frequently used
content words between American English and Chinese and between American and Chinese
freshmen compositions may be attributed to the cultural contexts in which speakers
experience and conceptualize the world. The findings provided potential evidence for the
interrelated relationship among language, culture, and cognition (Lakoff & Johnson, 1980;
Yu, 2009).

This study has a number of limitations. First, the traditional word class
classification (i.e., noun, verb, adjective, adverb) was adopted to define and categorize
content words. However, as some linguists have pointed out, the noun-verb distinction may
not apply to the Chinese language (Shen, 2019; Wang, 2019). Second, only a very limited
number of freshmen compositions on two argumentative essays assignments from Chinese
and American students were used for analysis. The content words used in these writings
may be affected by the specific topics and thus may not be representative of word usage in
freshmen’s academic writing. Third, this study focused on a macro-level analysis of the
construction and frequency distribution of the top 100 content words across four corpora,
which made in-depth linguistic analyses of specific lexical or grammatical items
impossible. Therefore, future corpus-based contrastive studies may need to reconsider the
appropriateness of traditional word class labels such as nouns and verbs when it comes to
languages drastically different from English (e.g., Chinese). It is also important for future
studies to include a wider range of corpora to enhance representativeness. For example, it
would be interesting to examine American English and Chinese corpora representing a
variety of registers or subcultures, such as spoken, popular magazines, newspapers, and
academic journals. Moreover, future contrastive studies may also identify specific lexical
or grammatical items that are comparable in English and Chinese and conduct more in-
depth linguistic and cultural analysis. Finally, this study focuses on the comparison of
American English and Mandarin. Future studies may expand research along this line to
other languages, such as Japanese, Korean, and Spanish, providing further evidence for the
relationship between language, culture, and conceptualization.

A number of pedagogical applications can be drawn from this study on account of
the linguistic and cultural similarities and differences discovered across American English
and Chinese. First of all, since both American Chinese and English relied heavily on nouns
and verbs, American language learners of Chinese would benefit from early instruction on
frequently used nouns and verbs in Chinese. Second, since language, culture, and cognition
are interrelated, Chinese instructors may encourage learners to compare and contrast
Chinese and their native language and guide the students to trace the roots of the identified
linguistic similarities and differences to the levels of culture and cognition. For example,
explaining the cultural implications behind linguistic phenomena such as the preference of
using direction-related nouns or the high frequency of food-related words in Chinese may
not only help the students understand the language better, but also can potentially boost
their motivation in learning Chinese language and culture. Finally, teaching culture is now
considered an integral part of language instruction. Various methods and strategies have
been explored to enhance students’ intercultural knowledge. This study shows that teaching
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culture through analyzing language can be a viable and effective channel as pervasive
evidence has been established for the relationship between language and culture. It is thus
important to develop students’ awareness of linguistic differences between Chinese and
English and seek cultural explanations for such differences.
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Appendix A

List 1: Top100 most frequent content words in COCA
(v=noun; v=verb; adj=adjective; adv=adverb; POS=part of speech; TOT=total frequency)

Rank | Word POS | TOT Rank | Word POS | TOT

1 is v 4210980 | 51 year n 355417
2 was v 3384970 | 52 should v 354854
3 be v 2118761 | 53 still adv | 341596
4 are v 2104489 | 54 got v 341321
5 have \4 2095904 | 55 made \4 337895
6 do v 1520663 | 56 world n 337050
7 had \4 1507568 | 57 take \4 332656
8 were v 1240986 | 58 day n 329131
9 has v 1192469 | 59 1 v 326576
10 said v 1100532 | 60 too adv | 322122
11 would |v 1057713 | 61 life n 319753
12 can v 996271 | 62 come v 311036
13 been v 900791 | 63 when adv | 310792
14 SO adv 894227 | 64 really adv | 308855
15 will v 862031 | 65 man n 305588
16 just adv 789921 | 66 never adv_ | 301090
17 people | n 787379 | 67 being \ 294906
18 did v 772448 | 68 most adv | 280882
19 know \4 729773 | 69 school n 277227
20 time n 722079 | 70 Mr n 276925
21 could v 711598 |71 president | n 274418
22 now adv 695534 | 72 why adv | 272605
23 're v 680528 | 73 right adv | 268966
24 think v 636774 | 74 things n 254785
25 how adv 627139 |75 state n 253571
26 then adv 623932 | 76 children |n 253054
27 other adj 621657 | 77 house n 252421
28 more adv 594410 |78 let v 251330
29 get \4 585015 |79 American | adj 243007
30 says v 570281 | 80 might v 239682
31 also adv 537124 | 81 women n 237129
32 going v 535002 | 82 again adv | 237035
33 years n 527554 | 83 percent n 226447
34 new adj 492596 | 84 where adv | 225492
35 see N 482363 | 85 students | n 224843
36 here adv 475701 | 86 family n 220769
37 well adv 472664 | 87 look v 219273
38 way n 464767 | 88 put \ 215548
39 very adv 445333 | 89 work n 215544
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40 only adv 429745 |90 found v 212226
41 'm v 428957 |91 thing n 211525
42 go \ 423453 |92 today adv | 210795
43 say v 422223 |93 great adj 209705
44 make \ 410072 | 94 big adj 207732
45 good adj 409930 |95 always adv | 207114
46 want \ 375134 | 96 old adj 206748
47 does \ 367909 | 97 used \ 203493
48 've N 366671 | 98 high adj 202617
49 may \ 363636 | 99 came \ 202288
50 'd v 356231 | 100 all adv | 201195

List 2: Top100 most frequent content words in CNC

(v=noun; v=verb; adj=adjective; adv=adverb; POS=part of speech; TOT=total frequency)

Rank | Word | Translation IS)O TOT lljan Word Translation POS | TOT
1 & verb be 118382 |51 | WA study/research | v 8627
2 el have 53522 52 | & more adv | 8602
3 gic! also/too adv | 47034 53 [ already adv | 8600
4 A no/not adv | 46950 54 | A but adv | 8253
5 i about/at once adv | 44145 55 | H again adv | 8199
6 rh middle 40105 56 | & the most adv | 7957
7 B | say v 35047 |57 | xm main adj | 7879
8 = up 34850 | 58 | ANIH different adj | 7822
9 #R all adv | 34261 59 | I verb be not v 7765
10 A people n 33915 | 60 | China 7721
11 L2 demand/want v 27324 61 | kAR relation 7715
12 N again adv | 25682 62 | A1l people n 7702
13 >k come v 25410 63 | A just adv | 7634
14 s year n 21818 | 64 | 1EH] affect n 7548
15 #) :fg:é *‘flo v oo|21665 |65 | ifE now n | 7527
16 paN still adv | 20735 66 | 0% already adv | 7358
17 N big adj | 20050 67 | HE important adj 7135
18 i) time 17995 68 | & our country n 6948
19 B inside 17774 69 | E circumstance n 6922
20 KJE | develop 17307 | 70 | F0iE know v 6773
21 1R very adv | 16774 71 | H out v 6742
. HaE -
22 "L | can/may v 16724 72 Y socialism n 6711
23 1 make v 16470 73 | do/make v 6708
24 * go v 14914 74 | I must adv | 6701
25 %4 | don’t have v 14544 75 | AR people 6669
26 A become v 14499 76 | & become v 6592
27 A can v 13781 77 | E go/walk 6589
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28 H look v 13755 78 | A month n 6530
29 /N small adj | 12687 79 | M aspect 6518
30 Z many adj | 12028 80 | HE need 6511
31 J& back/behind n 12026 81 | fH therefore adv | 6351
32 2 will/can v 11782 82 | Hizk come out 6335
33 Iy good adj | 11743 83 | K4 happen 6315
34 2 | society n 11461 84 | /K water 6283
35 HE4T | carry on v 11085 | 85 | if% process n 6231
36 i@ | question/problem | n 10899 86 | H only adv | 6142
37 1 under n 10737 87 | Bl science n 6101
38 i like/as v 10312 88 | Hik way n 6098
39 % | country n | 10138 |89 | my Zam shout/nam | | 6041
40 TAE | job n 9655 90 | K inside n 6002
41 SR | rise up v 9588 91 | HAR technology n 5978
42 477 | produce v 9419 92 | —fiL common adj | 5928
43 aJ can/very/but v 9361 93 | % many adj 5904
44 Wi | even/quite right | adv | 9195 94 |1z eat v 5893
45 B new adj | 9157 95 | BA have v 5870
46 i use v 9062 96 | = tall/high adj | 5864
47 g think v | 9028 97 | R form v 5850
48 ANBE | can’t v 8834 98 | Fm influence v 5786
49 AENE | life n 8694 99 | Hfa] time n 5736
50 Z3F | economy n 8680 100 | % thing n 5731

List 3: Top100 most frequent content words in American freshmen compositions
(v=noun; v=verb; adj=adjective; adv=adverb; POS=part of speech; TOT=total frequency)

Rank Word POS TOT Rank | Word POS TOT
1 is v 1995 51 take v 122
2 are v 1288 52 young adj 118
3 be N 1026 53 get N 117
4 as adv 758 54 sex n 117
5 have v 726 55 however adv 117
6 was v 462 56 any adj 116
7 has \ 441 57 years n 116
United
8 would % 437 58 n 111
States
9 can v 417 59 cells n 110
10 many adj 358 60 video n 110
11 people n 353 61 world n 110
12 will v 348 62 still adv 108
13 all adv 291 63 parents n 106
14 been v 271 64 used v 106
15 were \d 253 65 different adj 105
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16 do v 250 66 violent adj 105
17 other adj 247 67 believe N 103
18 water n 245 68 same adj 103
19 also adv 242 69 school n 103
20 only adv 237 70 where adv 103
21 should v 222 71 animals n 101
22 being \ 219 72 dental adj 99
23 when adv 217 73 drug n 99
24 women n 210 74 education n 99
25 how adv 201 75 stem n 99
26 research n 193 76 then adv 99
27 age n 190 77 American adj 98
28 drinking v 182 78 very adv 95
29 may \ 181 79 why adv 95
30 could \4 172 80 new adj 93
31 time n 165 81 become N 92
32 just adv 163 82 health n 92
33 life n 157 83 men n 92
34 make \ 152 84 fact n 91
35 children n 146 85 use n 90
36 government | n 145 86 game n 89
37 some adj 145 87 now adv 89
38 games n 143 88 war n 89
39 help v 142 89 good adj 88
40 had v 141 90 made v 88
41 way n 137 91 g0 \ 87
42 well adv 136 92 high adj 87
43 violence n 133 93 did N 86
44 students n 132 94 example n 84
45 cell n 130 95 money n 84
46 does \ 130 96 society n 83
47 need N 130 97 laws n 82
48 year n 126 98 often adv 82
49 alcohol n 123 99 person n 82
50 child n 122 100 able adj 81

List 4: Top100 most frequent content words in Chinese freshmen compositions
(v=noun; v=verb; adj=adjective; adv=adverb; POS=part of speech; TOT=total frequency)

Rank Words POS TOT Rank | Words POS | TOT
1 is v 1855 51 information | n 132
2 people n 1192 52 new adj 132
3 can v 943 53 According | v 131
4 are v 895 54 been v 131
5 have \4 718 55 technology | n 131
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6 be v 557 56 school n 129
7 will v 519 57 human n 128
8 children n 495 58 cannot v 127
9 death n 446 59 learn v 127
10 some adj 437 60 food n 127
11 time n 425 61 English n 126
12 students n 404 62 need v 125
13 penalty n 383 63 development | n 125
14 also adv 341 64 find v 124
15 has v 333 65 Web n 124
16 should v 309 66 women n 124
17 life n 299 67 how adv 124
18 do v 284 68 language n 123
19 parents n 275 69 jobs n 122
20 many adj 275 70 game n 120
21 use n 266 71 college n 118
22 other adj 254 72 important adj 118
23 online adj 232 73 believe v 114
24 think v 215 74 get v 114
25 make v 210 75 problems n 111
26 education | n 209 76 could v 110
27 China n 202 77 lot n 110
28 world n 187 78 environment | n 109
29 good adj 186 79 right n 107
30 when adv 182 80 cell n 106
31 part n 180 81 become v 105
32 all adv 174 82 better adj 105
33 Internet n 167 83 want v 103
34 was \4 163 84 just adv 102
35 abortion n 163 85 some adj 102
36 very adv 162 86 foods n 100
37 countries n 156 87 Chinese adj 100
38 way n 147 88 euthanasia n 99
39 different adj 147 89 young adj 99
40 society n 146 90 guns n 98
41 abroad adv 144 91 phone n 98
42 know \ 143 92 shows \ 97
43 may v 142 93 law n 97
44 surgery n 142 94 oil n 96
45 only adv 142 95 why adv 95
46 however adv 138 96 study \4 93
47 government | n 137 97 global adj 93
48 public adj 136 98 country n 92
49 help v 134 99 crime n 92
50 money n 134 100 years n 92
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Appendix B

Table 1: Spearman’s rho scores of noun distribution across the top 100 content word lists
in English, Chinese, and American and Chinese freshmen compositions

(n1=noun distribution in List 1; n2=noun distribution in List 2; n3=noun distribution in
List 3; n4=noun distribution in List 4)

nl n2 n3 n4
nl 0.599 0.426 0.567
n2 0.288 0.016
n3 0.340

Table 2: Spearman’s rho scores of verb distribution across the top 100 content word lists
in English, Chinese, and American and Chinese freshmen compositions

(vl=verb distribution in List 1; v2=verb distribution in List 2; v3=verb distribution in List
3; vd4=verb distribution in List 4)

vl v2 v3 v4
vl 0.220 0.845 0.322
v2 0.373 -0.112
v3 0.071

Table 3: Spearman’s rho scores of adjective distribution across the top 100 content word
lists in English, Chinese, and American and Chinese freshmen compositions
(adjl=adjective distribution in List 1; adj2=adjective distribution in List 2; adj3=adjective
distribution in List 3; adj4=adjective distribution in List 4)

adjl adj2 adj3 adj4
adjl 0411 -0.137 0.244
adj2 -0.117 0.495
adj3 0.106

Table 4: Spearman’s rho scores of adverb distribution across the top 100 content word

lists in English, Chinese, and American and Chinese freshmen compositions

(advl=adverb distribution in List 1; adv2=adverb distribution in List 2; adv3=adverb

distribution in List 3; adv4=adverb distribution in List 4)

advl adv2 adv3 adv4
advl -0.492 -0.057 0.027
adv2 0.085 -0.357
adv3 -0.328
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Abstract: Despite the importance of grading language textbooks for
teaching and learning, few studies have addressed the issues of reliability,
validity, and efficiency of grading texts. This study adopted an automated
textbook grading system to examine the grading consistency of five L2
Chinese textbook series labeled with CEFR difficulty levels. Twelve
linguistic features were selected to represent the most crucial aspects of
text readability: lexicon, semantics, syntax, and cohesion. Both the
validity and reliability of grading assignments were tested between and
within textbook series. The results suggested that 4 out of the selected 5
textbook series did not assign grading levels accurately reflective of actual
text difficulty.
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1. Introduction

The applications of machine learning have become increasingly important across
various disciplines, such as health care (Caruana et al., 2015), education (Chang & Sung,
2019; Hsu et al., 2018; Lin et al., 2019; Lu & Chen, 2019; Lee et al., 2016), and speech
recognition (Chen & Hsu, 2019). A crucial application of machine learning in education
is the assigning of grade levels to textbooks for adaptive learning (Tseng et al., 2019).
With correctly graded materials, educators can better select or even edit existing
resources to cater to learners’ changing proficiency levels. For learners, the use of
appropriately graded materials is also important. It assists them in identifying their
proficiency levels, allows them to check their progress, and enhances their learning
efficiency. Thus, a standardized text grading system is beneficial for both educators and
learners.

L2 Chinese textbooks prove to be a useful example of the necessity for a
standardized text grading system. Although many L2 Chinese textbook materials are
graded in terms of standards such as the Common European Framework of Reference for
Languages: Learning, Teaching, Assessment (CEFR; Council of Europe, 2001), the
assignment of grade levels is mostly, if not all, carried out by developers based on their
own expertise and professional experiences. The variation in expertise and professional
experiences runs the risk of inconsistency when standards such as CEFR are applied to
language materials grading. That is, the same materials may be assigned by different
developers to different difficulty levels within the same set of standards. Such
inconsistency creates potential problems when those materials are adopted for teaching
and learning. In order to ensure the accuracy and consistency in textbook grading, many
highly experienced language educators must be involved in the compilation and grading
process. This is often time-consuming and labor-intensive. Furthermore, it can prove to
be rather difficult to reach a consensus among educators on a consistent grading scheme.

To this end, this study introduces the use of a standardized textbook grading
protocol proposed by Sung et al. (2015b) as a tool for CFL textbook grading. More
specifically, we use the CRIE-CFL system, a tool based on Sung et al.’s (2015b) grading
protocol, to analyze 5 textbook series that have been graded manually by their developers.
Sung et al.’s (2015b) model and the CRIE-CFL system have been shown to be a valid
tool in language materials grading. By comparing readings from the tool and the grading
levels assigned manually by their developers both within and across those five textbook
series, we hope to illustrate the usefulness of such a tool in measuring the accuracy and
maintaining consistency of manual gradings to the actual difficulty of language learning
materials included in the textbooks.
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2. Overview of the CEFR

The CEFR was created by the Council of Europe in 2001 with the aim of
providing a unified framework for the teaching, learning, and assessment of all of the
languages used within Europe (Fulcher, 2004). The principles of the CEFR framework
implies that the ‘can-do’ statements are unitarily understandable and can be interpreted in
only one way which will be the same for everyone in every European country (Vinther,
2013). It provides a set of guidelines for language teaching materials and language
evaluation, as well as a point of reference for grading learner levels in order to reduce the
barriers of interaction between people speaking different languages within different
European countries (Council of Europe, 2001; Little, 2006, 2007). The CEFR has had a
profound influence on the design of teaching materials, curriculum planning, and
language proficiency testing in several European countries (Hulstijn, 2007). Its role in
Europe has evolved from a supportive education tool to a tool used to shape language
education policies (Bonnet, 2007; Fulcher, 2007).

The CEFR is a detailed and complex system for evaluating language proficiency
levels. It uses “horizontal” and “vertical” dimensions to describe a particular learner’s
ability to communicate. The horizontal dimension provides a general description of
communicative language competency; it consists of several scales that describe various
language activities that a learner may encounter, such as context, topic, and purpose
(Council of Europe, 2001; Hulstijn, Aldersen, & Schoonen, 2010). The vertical
dimension categorizes the language proficiency (i.e. statements of learning objectives) of
a learner by using six levels which are organized into three divisions: Al and A2 (basic
users), B1 and B2 (independent users), and C1 and C2 (proficient users). The vertical
dimension has various practical applications such as curriculum design and the creation
of qualifying examinations (Council of Europe, 2001). The combination of these two
dimensions, and their varying definitions, results in communicative language being
understood as an amalgamation of the scope of language use (horizontal dimension) and
the manifestation of language proficiency (vertical dimension) (Hulstijn et al., 2010).
Using both of these dimensions, the CEFR is able to describe and outline the expected
reading, listening, speaking, and writing abilities of a learner at each level of proficiency.

The CEFR was officially published in 2001 in both English and French (Little,
2006). In November 2001 a European Union Council resolution recommended using the
CEFR as the common system for the recognition of language proficiency. Subsequently,
the CEFR became an important system for providing criteria for the validation of foreign
language abilities, including Chinese teaching (Figueras, 2012) and second-language
teaching in many regions (Hulstijn, Aldersen, & Schoonen, 2010). It also provides
reference indicators for second-language learning, assists in the compilation of teaching
materials, and supports the assessment of language proficiency (Little, 2006).

Beyond using two distinct dimensions to describe communicative language
competency, the CEFR deliberately avoids describing language proficiency in theoretical
terms. Instead the CEFR provides general descriptions; this means that its scales for the
scope of language use are short, easy to use, and applicable to many different languages
(Little, 2007). In addition to providing guidance for the appropriate level of a teaching
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material or text, the CEFR can also be used to label the difficulty level of language
assessments. The ease of use and applicability of the CEFR labeling system to different
languages as a common standard has resulted in it being used for defining the difficulty
level of language tests developed by various institutions (Alderson, 2007).

3. Feature-based Tools for Grading L2 Teaching Materials

Readability research can be a useful point of departure for L2 text grading.
Readability is often understood as fext comprehensibility, or how well a text can be
comprehended by the reader (Klare, 1984). Methods for measuring text readability have
long been widely available for alphabetic languages (Dale & Chall, 1948), as are the
readability formulas for grading textbooks (Faison, 1951). Traditional readability
research assumes that the difficulty level of a text is determined by its semantics and
syntax (Collins-Thompson, 2014), and that it is possible to create formulas to predict the
difficulty level of a given text based on those two elements. For example, Flesch—Kincaid
(1948) readability tests for English, which make use of the number of syllables and words
in a sentence to assign grades to English books.

Recently, however, researchers have begun to challenge the way that text
difficulty is determined. Collins-Thompson (2014), for instance, points out that only a
few shallow linguistic features are actually used in order to estimate text difficulty; these
features do not reflect the actual reading process and overly simplify the assessment of
text difficulty. As a result, various attempts have been made to approximate the complex
process of text understanding (Graesser, McNamara, Louwerse, & Cai, 2004; McNamara,
Louwerse, McCarthy, & Graesser, 2010), such as exploring the relationship between text
cohesion indicators and other indicators (Benjamin, 2012), and using computational
cohesion and coherence metrics (Crossley & McNamara, 2008; Crossley, Louwerse,
McCarthy, & McNamara, 2007; Graesser et al., 2004).

For non-alphabetic languages, Sung et al. (2013; 2015a) developed multi-level
Chinese readability models, taking into account features at lexical, syntactic, semantic,
and cohesive levels. These models were subsequently extended to determine the
difficulty levels of L2 Chinese texts (CRIE-CFL readability model) (Sung et al., 2015b).
Sung et al. (2015b) proposed a CRIE-CFL system combining the CEFR grading criteria
with the readability assessment methods trained by the support-vector-machine (SVM)
technology (Vapnik, 1995). The training data of CRIE-CFL consist of 1,578 texts from 28
CFL textbook series published across 23 countries and regions such as the United
Kingdom, Germany, France, Italy, Australia, Mainland China, and Taiwan, etc. where the
CEFR standard is often used for learning material grading purposes. The CEFR-graded
materials include Practical Audio-Visual Chinese (2nd Edition)?, Far East Everyday
Chinese’, and New Practical Chinese Reader?, etc. In order to ascertain the appropriate
CEFR level for each text in the training data, expert educators, who had been teaching

2 National Taiwan Normal University (Eds). 2008. Practical audio-visual Chinese (2nd Edition). Taipei:
Cheng Chung Bookstore.

3 Yeh, T. M. (Ed). 2008. Far East everyday Chinese. Taipei: Far East Book Company.

4 Liu, X. (2007). New practical Chinese reader. Beijing: Beijing Language and Culture University Press.
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CFL for more than 10 years and were familiar with CEFR level grading, read the selected
materials and then assigned the corresponding CEFR level. Information on each level is
provided in Table 1.

Table 1 Information on Each Level of CRIE-CFL Built-in Texts

CEFR level No. of No. of No. of characters, No. of words,
texts characters mean (SD) mean (SD)

Al 155 9888 64 (37) 45 (25)
A2 337 48060 143 (64) 101 (45)
B1 470 145006 309 (198) 211 (139)
B2 345 165807 481 (221) 322 (152)
C1 190 122025 642 (358) 425 (253)
C2 81 121900 1505 (978) 1019 (695)
Total 1578 612686 388 (432) 263 (297)

The CRIE-CFL system takes into consideration a variety of text features so that
the model is not biased toward a small number of features (McNamara et al., 2002). Sung
et al. (2015b) utilized the F-score (Chen & Lin, 2006; Chang & Lin, 2008; Ding, 2009), a
commonly used algorithm for selecting relevant features, to determine which features
would improve the readability model most significantly. The F-score allows for the
predicting power of the model. According to Chen & Lin (2006), the larger the F-score is,
the more likely this feature is discriminative. In Sung et al.’s (2015b) study, each text is
represented by a series of feature values based on textual complexity. Ideally, texts within
the same level should have similar feature values. The algorithm compares those values
between and within levels (e.g. the CEFR Al vs. A2). Features with a high F-score are
more useful for assigning grade level.

Eventually, Sung, et al. (2015b) verified the performance of the CRIE-CFL
system, which yielded exact-level, adjacent-level, and division accuracies of 75%, 99%,
and 90%, respectively. In addition, a trend analysis showed that the values of the 30
indicators that determine the CFL text difficulty level changed significantly with the
CEFR levels. This means that the linguistic features data in the current CRIE-CFL corpus
have rational validity; moreover, as discussed in Sung et al. (2015b), since the selection
of teaching materials for CRIE-CFL is representative of texts from all levels, the
quantitative features are valid. The CRIE-CFL itself can, therefore, be considered an
anchored teaching material and the data of its various linguistic features can be used as a
benchmark for comparison with other teaching materials (Sung, et al., 2015b).

Sung et al. (2016) made use of protocols presented in Sung, et al. (2015a; 2015b)
and released a web-based CRIE system®. It provides four subsystems: CRIE (Analysis of
texts written for native Chinese readers), CRIE-CFL (Analysis of texts written for

5 ¢.f. http://www.chinesereadability.net/CRIE/index.aspx?LANG=CHT
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learners of Chinese), CRIE-DK (Assesses the knowledge content levels of texts), and
WECAn & HanParser (Word segmentation and part-of-speech tagging tools). The CRIE
also provided 82 multilevel linguistic features, segmentation, syntactic parsing, and
feature extraction. In this study the CRIE-CFL system is applied to examine the grading
of five CFL textbook series.

4. Methods

4.1 Instruments

This study utilized the readability analysis system CRIE-CFL developed by Sung
et al. (2016) to analyze textbook content. The CRIE-CFL automatically captures the
linguistic features of Chinese texts and provides an objective numeric value for each
linguistic feature found in the texts. In this study, the CRIE-CFL system is used to obtain
quantitative values for each linguistic feature from five L2 Chinese textbook series to
examine the consistency of their CEFR grading by their developers.

4.2 Materials for Analysis

In order to maintain consistency in the comparison and interpretation of result
data using the CRIE-CFL system, this study selected five CFL textbook series (c.f., Table
2) that have been assigned CEFR proficiency levels. Three of the textbook series were
published in the Greater China region because the Chinese-speaking area offers a wide
range of CFL materials to select from. The rest two were selected from Europe (i.e.,
France and Germany) where CEFR was established. The fact that the five textbook series
are from different publishers ensures that they are not subject to similar publishing
guidelines, which might not represent the actual developments of CFL textbooks in
different regions.

As a first attempt to compare grading consistency among different CFL textbooks
using the CRIE-CFL system, this study was limited to those where manual CEFR grading
by their developers are readily available. It did not include popular textbooks from other
regions such as the Integrated Chinese series in North America (Li, Wen, & Xie, 2012),
though future research could extend to include textbooks from more regions.

The CEFR scale (Al, A2, Bl, B2, CI, and C2) contains six levels; however,
Chinese language teaching materials at level C are very rarely seen on the textbook
market, and textbook publishers do not tend to give classification to such materials. In
addition, texts in Chinesisch ohne Miihe (hereafter Chinesisch; published in Germany)
and Le chinois par boules de neige (hereafter Boules de neige; published in France) are
labeled exclusively with levels B1-B2.
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Table 2 Number of Texts at Each Level in the Five Textbooks

Place  of . Author indications of CEFR levels Total no.
o Textbook title
publication Al A2 Bl B2 Cl1 C2 oftexts
Mainland Road to Success® 67 42 41 24 37 53 364
China I 2
Taiwan New Modern Chinese’ b o182 0 o 40
IR A
Mainland Practical Chinese® M4 43 49 31 0 0 167
China S AT
France Le chinois par boules de neige’
e 16 19 0 0 35
EEE5 3
Germany Chinesisch ohne Miihe '’
e 56 0 0 105
T

4.3 Procedure

4.3.1 Selection of Linguistic Features

The CRIE-CFL has developed 30 linguistic features, which can be divided into
four categories: lexicon, semantics, syntax, and cohesion (Sung et al., 2015b). This study
selects 12 linguistic features using F-score and Trend Analysis F Value to reflect either
the key concepts in the CEFR proficiency level or the unique nature of the Chinese
language (cf., Table 3) (Sung et al., 2015b). These 12 features represent the most
influential aspects of each of the four categories and are used to determine if the difficulty
levels of the five Chinese language textbooks are consistent.

First, lexical category is used to measure the complexity of texts and hence text
difficulty. The CEFR scale for overall reading comprehension (Council of Europe, 2001)

¢ Editors of the Road to Success sereis (Ed). (2008-2014). Road to success (/K22 £). Beijing Language
and Culture University Press. China: Beijing.
7 NTNU Extension School of Continuing Education (Ed). (2012). New modern Chinese (#+1C#57%).
NTNU Extension School of Continuing Education. Taiwan: Taipei.
8 Chinese Time (Ed). (2009). Practical Chinese ($£/4/+/'X). East China Normal University Press. China:
Shanghai.
o Bellassen, J., & Liu, J. L. (2011). Le chinois par boules de neige (Acces raisonne a la lecture du chinois)
(Z7EK) . Scérén Cndp-crdp. France: Chasseneuil-du-Poitou.

Bellassen, J., & Liu, J. L. (2012). Le chinois par boules de neige (Niveau elementaire) (Z#k) . Scérén
Cndp-crdp . France: Chasseneuil-du-Poitou.
10 Kantor P. (2004). Assimil Pack Chinesisch Ohne Miihe (Z£5%). ASSiMiL GmbH. Volume 1. Germany:
Koln.

Kantor P. (2006). Assimil Pack Chinesisch Ohne Miihe (}%;%) . ASSiMiL GmbH. Volume 2. Germany:
Koln.
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states that Al- and A2-level learners can understand short texts, whereas Cl-level
learners can understand detailed, long texts, and C2-level learners can understand a wide
range of long texts. Numerical counts of characters and words are used to measure text

length as shown in Table 3.

Table 3 Linguistic Features Selected in this Study

Feature

Definition

Lexical Category

characters

total number of characters

high-level words

total number of words listed by
the 8,000 Chinese Words'' as
being in the vantage or effective

operational proficiency levels

two-character words

number of two-character words

Semantic Category

content words

number of content words

sentences with complex

semantic categories

number of sentences with a

number of semantic categories

complex semantic

categories

number of semantic categories
from sentences with

complex semantic categories

Syntactic Category

average sentence length

average number of words in a

sentence

simple sentence ratio

the number of simple sentences
divided by the total number of

sentences

sentences with a complex

the number of sentences

structure containing conjunctions and
subordinators
Cohesive Category | conjunctions number of conjunctions

positive conjunctions

number of conjunctions with

positive meanings

negative conjunctions

number of conjunctions with

negative meanings

As seen in Table 3, in addition to the number of characters in a text, the count of
two-character words is also applied as a measure of text length. The main component of
Chinese is two-character words (Duanmu, 1999; He & Li, 1987). In order to distinguish a

! The 8,000 Chinese Words can be found at https://www.sc-top.org.tw/chinese/download.php.
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text’s difficulty, this study used the number of characters (e.g., shii & book) and
two-character words (e.g., zhi ji 2% at the time of) in a text as an indicator of length.
Moreover, the CEFR scale for overall reading comprehension states that A2-level
learners can understand the highest frequency vocabulary, high-frequency everyday or
job-related language. B2-level learners can understand low-frequency idioms. Therefore,
a learner who is at a higher CEFR level can understand harder words, at low frequencies.
Accordingly, this study incorporated the number of high-level words (e.g. bdo cun {RAF
preserve) as an indicator of word difficulty in identifying text difficulty. Note that in this
study, all the features in Table 3 are calculated independently. Therefore, some words
would be counted more than once. For example, bdi tué (#Eit, to break away from) was
counted both as a high-level word and as a two-character word.

The second measure of text difficulty adopted in this study is semantics. To
account for semantics, this study selected three semantic features to examine text
complexity: 1) the number of content words (e.g., ldn qiti ¥R basketball), 2) the
number of sentences with complex semantic categories, and 3) the number of complex
semantic categories. Content words are words with independent lexical meanings. More
content words within a text represent more concepts in that text and thus higher
complexity. According to Hong et al. (2016), semantic categories is defined as the
number of meanings in a single word. Words with multiple meanings are more likely to
cause semantic ambiguity (e.g., chi bing qi lin "ZUKILK, which means either ‘eat ice
cream’ or ‘look at an eye candy’ when used in Taiwan) at the sentence level. In addition,
words with larger numbers of semantic categories usually generate more significant
lexical semantic variations (e.g., dd dian hua ] %7 call someone/ hit the phone). It has
been reported that a higher number of semantic categories also increases sentence
difficulty (Cheng, 2005), and therefore was included in this study. Furthermore,
polysemous words have more lexical meanings which contribute to lexical ambiguities
and increase complexity. More semantic categories also imply more complex lexical
meanings.

The third category of measuring text difficulty is syntax. Two crucial components
of text complexity are sentence length and sentence structure. For example, simple
sentences are semantically independent syntactic units that consist of a subject and a
predicate. Complex sentences are formed by combining two or more simple sentences
(Hong, Sung, Tseng, Chang, & Chen, 2016). Since the meaning of a complex sentence is
broader and more intricate, lower-proficiency learners cannot understand texts with a
high number of complex sentences. When lower-proficiency learners read texts with a
high number of sentences with complex structures, they experience more difficulties.

The last category of features used in this study to measure text difficulty is
cohesion. The three cohesion related indicators that are used to examine text complexity
in this study are comjunction (e.g., yin wéi...suo yi [K%...fTCL because), positive
conjunction (e.g., ér gié T H. and), and negative conjunction (e.g., fou zé % HI
otherwise). Conjunctions are employed within a sentence to indicate that subsequent
meanings are systematically connected to preceding meanings (Halliday & Hasan, 1976).
Therefore, conjunctions facilitate the establishment of cohesive relationships within texts
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(Louwerse & Mitchell, 2003). When texts are longer and more complex, more
conjunctions are needed to aid a learner’s comprehension.

The aforementioned 12 linguistic features categorized by lexical, semantic,
syntactic, and cohesive were selected to calculate text complexity in this study.

4.3.2 Quantitative Feature Analysis of Chinese Textbooks

The CRIE-CFL system was used to determine the 12 linguistic features and then
to examine whether appropriate CEFR levels were assigned to each of the selected
textbooks within this study. A one-way ANOVA was conducted to identify differences in
the linguistic features between different levels within each textbook series, including the
CRIE-CFL (i.e. accuracy). The CEFR level served as the independent variable and the
value of a linguistic feature was identified as the dependent variable. A significant
ANOVA result suggests that the value of the linguistic features of at least one level is
significantly higher or lower than that of the other levels; this implies that the linguistic
features of different levels of teaching materials are not identical. Alternatively, an
insignificant ANOVA result suggests that the values of linguistic features of different
levels of teaching material are statistically equivalent; this implies that the linguistic
features of different levels of teaching material are the same.

When ANOVA results were significant, a trend analysis was conducted to identify
if any special trends were present in the linguistic features of each level or if the changes
were simply random. The presence of a significant linear trend would indicate that the
linguistic features of different levels do change with CEFR levels, and vice versa. If text
difficulty changes with the CEFR level, the value of eleven of the twelve linguistic
features (except for simple sentence ratio) should be lower in lower-level texts (e.g., Al)
than in higher-level texts (e.g., B1).

The second stage of the analysis involved investigating whether the authors of the
five selected textbooks assigned CEFR levels consistently; this is indicated by their use
of linguistic features within textbooks labeled with the same CEFR level. Since level C is
absent from the textbooks used in this study, only the textbooks labeled with A and B
levels were compared. Another one-way ANOVA analysis was conducted to test whether
there were differences in the linguistic features between the six textbook series (i.e.
consistency). In this analysis, the CEFR level was the independent variable while the
value of a linguistic feature was the dependent variable. A significant ANOVA result
would indicate that the value of the linguistic features of at least one teaching material
was significantly higher or lower than that of at least one of the others. That is, the
linguistic features of the six teaching materials were not identical. On the other hand, an
insignificant ANOVA result would suggest that the linguistic features used across the six
textbook series were similar. Across series, textbooks labeled with the same CEFR level
were expected to yield similar values in their linguistic features.
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5. Results

5.1 Comparing Levels of Text Difficulty within the Same Textbook Series

The mean values of the 12 linguistic features within each level of the five Chinese
language textbooks are listed in Table 4. The results show that for all five textbooks there
are significant differences and significant linear trends in the following six categories:
characters, two-character words, sentences with a complex structure, content words,
sentences with complex semantic categories, and complex semantic categories. This
means that the values of these six linguistic features either increase or decrease as the
CEFR level increases. The values of the linguistic features of four out of the five
textbooks (Road to Success, New Modern Chinese, Practical Chinese, and Chinesisch)
increase with the CEFR level, whereas those of Boules de neige decrease; for example,
there are fewer characters in the Bl-level and B2-level texts than in the A2-level text.

This study yielded the following additional observations. All of the textbooks
except Boules de neige show significant positive linear trends between high-level words
and level, in that the number of high-level words increases as the CEFR level increases.
Practical Chinese and Chinesisch show significant positive linear trends between
average sentence length and level, in that the average sentence length increases as the
CEFR level increases. Three textbooks (New Modern Chinese, Practical Chinese, and
Boules de neige) show significant negative linear trends between simple sentence ratio
and level, with the simple sentence ratio decreasing as the CEFR level increases. All of
the textbooks except Boules de neige and Chinesisch show significant positive linear
trends between conjunctions and level, in that the number of conjunctions increases as the
CEFR level increases. All of the textbooks except Chinesisch show significant positive
linear trends between positive conjunctions and level, in that the number of positive
conjunctions increases as the CEFR level increases. Finally, two textbooks (Road to
Success and Practical Chinese) show significant positive linear trends between negative
conjunctions and level, with the number of negative conjunctions increasing as the CEFR
level increases.

According to the results of this study, the 12 linguistic features (12/12) of
Practical Chinese change in accordance with the change of the CEFR level. For Road to
Success and New Modern Chinese, the results are similar. Both of the texts have 10
linguistic features (10/12) which change according to the CEFR level, but the remaining
two linguistic features do not. The results for Boules de neige and Chinesisch are similar.
Both of these texts have eight linguistic features (8/12) which change based on the CEFR
level; however, the remaining four linguistic features of each textbook do not follow this
pattern. This indicates that at least four of the five textbook authors did not demonstrate
their ability to adopt materials with linguistic features that would appropriately reflect the
corresponding difficulty levels of texts within the same textbook series.
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Table 4 The Mean Values of the 12 Linguistic Features of the Six Different Levels for CRIE-CFL and the Five Textbooks

CRIE-CFL F Road to Success F New Modern Chinese . Practical Chinese F  Boules de neige p Chinesisch
; ot 2 2 2 2 2 2
E‘:ﬁ?m Al A2 Bl B2 c1 2 ar a2 Bl B2 c1 2 @)A1 a2 B1 B2 A1 A2 Bl B2 ) A2 B1/B2 M) AyA2 B1/B2 7T
Characters 64 143 309 481 642 1505 ?55?;) 453 836 1231 1612 1128 1776 Z%O) 67 162 252 316 ?;8) 110 190 259 627 (6655) 404 236 ?2‘(‘5) 90 127 ?224)
High-level 552 85 34 95 n.s. 15
words 2 9 32 62 102 255 (64) 61 127 195 261 165 295 (54) 5 11 25 39 (74) 4 13 27 82 (.64) 38 33 (09) 6 9 (12)
Two-character 412 75 71 66 9 31
words 12 32 76 127 175 403 (57) 124 225 333 425 301 473 (51) 12 36 66 78 (:86) 25 45 70 169 (.55) 89 76 (22) 17 26 (23)
Average 6.077.858.75 9.19 9.88 1044 >0 1029966 10.1510.219.92 1032 ™5 655806813 727 . 7.38847 888 939 1> 873 88 ™S 396 449 7
sentence length ) ) ) ) (29 ) ) ' ) TT00) ’ ) ) (44) ) ) ’ (21 ’ (.00) ™ ’ (.08)
Simple sentence 310 n.s. 18 21 16 n.s.
ratio 97 85 62 45 32 .37 (.50) 39 42 43 39 42 38 01 98 89 .78 .56 (.60) 86 .71 53 .56 (.28) .74 53 (.33) 1.00 .99 (.03)
Sentences with 309 65 28 61 93 12
a complex 1.37 5.33 12.70 20.59 26.49 63.31 (.50) 18.41 34.81 52.83 68.96 50.22 75.32 (43) 1.88 7.42 10.39 12.00 (70) 3.367.93 11.24 27.55 (53) 16.13  8.32 (74) 1.98 3.38 (10)
structure ’ ’ ’ ’ ’ ’
Content words 39 85 175 262 346 816 (32?)) 245 457 672 872 616 959 (628) 46 104 148 183 2386) 67 110 144 351 (62.3) 239 116 ?gg) 57 78 ?;1)
Sentences with
complex 152 44 30 35 45 9
semantic 5.45 8.99 14.96 20.79 23.62 48.96 (33) 16.66 30.81 43.46 52.54 41.14 58.08 (38) 5.00 9.58 14.06 22.00 (72) 7.16 10.16 11.43 25.32 (39) 19.13  8.63 (58) 13.96 16.98 (.08)
categories
Complex
semantic 2.183.264.98 6.78 7.54 14.82 (lgzj) 496 933 13.4415.8512.81 17.64 ?26) 1.90 3.16 4.78 8.13 (1860) 2.693.51 3.71 7.98 522) 6.52 2.66 524) 6.42 7091 (707)
categories ’ ’ ’ ’ ’ ’
Conjunctions 0.351.855.45 10.27 14.2532.47 346 10.14 16.93 27.02 33.58 24.11 37.58 >7 0.632.08 6.11 3.50 17 0.892.84 6.73 12.94 >4 4.81 621 0S990 132 DS
(.52) (.44) (.59) (.50) (.05) (.03)
Positive 319 58 16 39 6 n.s.
conjunctions 0.251.243.84 7.10 9.16 20.33 (.50) 6.42 10.86 17.98 20.92 15.22 24.19 (45) 0.00 1.253.39 2.00 (57) 0.66 2.00 4.94 8.29 (42) 2.63 4.58 (16) 0.51 0.84 (03)
Negative 197 33 n.s. 34 n.s. n.s.
conjunctions 0.13 0.56 1.70 3.00 4.29 10.80 (39) 328 5.62 8.07 11.547.92 12.45 (31) 0.63 0.92 1.83 0.50 (20) 0.18 0.86 1.59 4.45 (39) 1.88 1.53 02) 049 0.50 (.00)

Note. F = F value in the ANOVA test; CRIE-CFL = Chinese Readability Index Explorer for Chinese as a Foreign Language; n.s. = not significant.

More detailed information about the standard deviation and F value in trend analysis can be found on http://140.122.96.190/20171107/table4.pdf.
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5.2 Comparing Linguistic Features of Texts with the Same CEFR-labels among
Textbooks

Table 5 lists the mean values of the 12 linguistic features of the texts labeled as
CEFR A-level and B-level for each of the five textbooks and the CRIE-CFL database.
The one-way ANOVA results indicate that the 12 linguistic features of the six teaching
materials at level A are significantly different (as indicated by the F values in Table 5).
The 12 linguistic features of the six teaching materials at level B are also significantly
different (see Appendix 2 for the results of post-hoc comparisons). The results show that
textbooks labeled with the same CEFR levels yield different values in terms of their
linguistic features, such as high-level words and average sentence length, and should
actually be assigned different difficulty levels. A detailed analysis is presented Table 5.

Many discrepancies can be seen when looking at the lexical feature characters.
Among all A-level teaching materials, Road to Success has the highest number of
characters (mean = 530 characters) while Chinesisch has the lowest number (mean = 90
characters), with a difference of 440 characters. Meanwhile, the average number of
characters is significantly higher in Road to Success and Boules de neige than in the
CRIE-CFL, and significantly lower in Chinesisch than in the CRIE-CFL. Among all
B-level teaching materials, Road to Success has the highest number of characters (mean
= 1372 characters) while Chinesisch has the lowest number (mean = 127 characters),
with a difference of 1245 characters. In addition, the average number of characters is
significantly higher in Road to Success than in the CRIE-CFL and significantly lower in
New Modern Chinese, Boules de neige, and Chinesisch than in the CRIE-CFL.

The following variances can be seen when analyzing the syntactic feature average
sentence length. Among A-level teaching materials, Road to Success has the longest
average sentence length (mean = 10.16 words) while Chinesisch has the shortest average
sentence length (mean = 3.96 words), corresponding to a difference of 6.20 words. The
average sentence length is significantly longer in Road to Success than in the CRIE-CFL
and significantly shorter in Chinesisch than in the CRIE-CFL. Among B-level teaching
materials, Road to Success has the longest average sentence length (mean = 10.17 words)
while Chinesisch has the shortest average sentence length (mean = 4.49 words),
corresponding to a difference of 5.68 words. Meanwhile, the average sentence length is
significantly longer in Road to Success than in the CRIE-CFL, and significantly shorter in
New Modern Chinese and Chinesisch than in the CRIE-CFL.

The following observations were made when analyzing the semantic feature
content words. Among A-level teaching materials, Road to Success has the highest
number of content words (mean = 287 words) while Chinesisch has the lowest number
(mean = 57 words), corresponding to a difference of 230 words. The number of content
words 1s significantly higher in Road to Success and Boules de neige than in the
CRIE-CFL, and significantly lower in Chinesisch than in the CRIE-CFL. Among B-level
teaching materials, Road to Success has the highest number of content words (mean =
746 words) while Chinesisch has the lowest number (mean = 78 words), corresponding to
a difference of 668 words. The number of content words is significantly higher in Road to
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Table 5 The Mean Values of the 12 Linguistic Features in CRIE-CFL and the Five Textbooks at Levels A and B

CEFR Level A F Level B F
Y Road New Modern Practical Boules L. (;/]2) Road New Modern Practical Boules L (;72)
Linguistic feature  CRIE-CFL to Success Chinese Chinese de neige Chinesisch CRIE-CFL to Success Chinese Chinese de neige Chinesisch
Characters 118 530 124 149 404 90 330 3¢ 1372 258 402 236 127 195
(.67) (-48)
. 350 256
High-level words 7 75 9 9 38 6 (67) 45 219 27 48 33 9 (55)
Two-character 410 207
words 26 144 26 35 89 17 (70) 98 367 67 108 76 26 (50)
Average sentence 30 192
length 7.29 10.16 7.46 7.92 8.73 3.96 (15) 8.94 10.17 8.05 9.08 8.82 4.49 (43)
Simple  sentence 231 46
ratio .89 .39 93 .79 74 1.00 (57) .55 41 .76 54 .53 .99 (18)
Sentences with @, g 2170 5.0 562 1613 1.98 316 16,04 58.78  10.55 17.56 832  3.38 187
complex structure (.65) (47)
Content words 71 287 81 88 239 57 295 51y 746 151 24 16 78 177
(.63) (.46)
Sentences with 97 65
complex semantic 7.88 19.50 7.75 8.64 19.13 13.96 (36) 17.42 46.82 14.85 16.81 8.63 16.98 (24)
categories ) )
Complex semantic ., o, 5.84 2.66 310 652 642 3 594 1433 512 536 2.66 791 48
categories (.24) (.19)
Conjunctions 1.38 1151 150 185 481 090 290 7 49 2945 585 914 621 132 166
. . . . . . 63" . . . . . (44)
Positive 0.93 731 075 132 263 051 211 555 19.06 3.5 624 458 084 133
conjunctions (.55) (.39)
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Negative 0.43 3.75 0.80 0.52 1.88 049 148 - o5 9.35 1.70 2.70 153 0.50 103
conjunctions (.46) (.33)

Note. CRIE-CFL = Chinese Readability Index Explorer for Chinese as a Foreign Language; n.s. = not significant.
More detailed information about the standard deviation can be found at http://140.122.96.190/20171107/table5.pdf.
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Success than in the CRIE-CFL, and significantly lower in New Modern Chinese, Boules
de neige, and Chinesisch than in the CRIE-CFL.

When examining the cohesion feature conjunctions the following disparities can
be seen. Among A-level teaching materials, Road to Success has the highest number of
conjunctions (mean = 11.51 conjunctions) while Chinesisch has the lowest (mean = 0.90
conjunctions), corresponding to a difference of 10.61 conjunctions. The number of
conjunctions is significantly higher in Road to Success and Boules de neige than in the
CRIE-CFL. Among B-level teaching materials, Road to Success has the highest number
of conjunctions (mean = 29.45 conjunctions) while Chinesisch has the lowest number
(mean = 1.32 conjunctions), corresponding to a difference of 28.13 conjunctions. The
number of conjunctions is significantly higher in Road to Success than in the CRIE-CFL,
and significantly lower in Chinesisch than in the CRIE-CFL.

6. Discussion

This study used the CRIE-CFL system as a tool to calculate 12 linguistic features
in five Chinese textbook series in order to examine their CEFR level grading. It
compared textbooks within and between series to examine the accuracy and consistency
of their CEFR level grading in relation to the actual text difficulty as measured by the
CRIE-CFL system.

6.1 Differences within Series

The linguistic features within the same textbook series did not show a meaningful
transition between the levels of difficulty. The data produced in this study indicate that
most teaching materials do not match their assigned CEFR levels. The trend analysis
shows that of the 1578 texts used for CRIE-CFL training, only Practical Chinese
demonstrated an increasing or decreasing trend corresponding to the assigned CEFR level.
That is, linear trends were not found between linguistic features and CEFR levels in Road
to Success, New Modern Chinese, Boules de neige, and Chinesisch. The linguistic
features in these four teaching materials do not vary in accordance with their assigned
difficulty level. Although eight of the linguistic features in Boules de neige exhibited
positive linear tendencies, six of the linguistic features were inversely correlated with the
CEFR levels in the remaining five teaching materials. It should also be noted that there
are cases in Boules de neige where lower-level texts are explained by words from
higher-level texts. For example, in Lesson 2 of the A2-level textbook, the word
buzhibujuedi (unconsciously; /AKEIAVE ) is explained by the word zhuyi (attention; 3
&), which is from Lesson 2 of the B-level textbook.

The mismatch between the vocabulary and CEFR levels calls for standardized
leveling criteria to select level-appropriate linguistic features for textbooks. This study
provides additional evidence to support the observations by Alderson (2007), Hulstijn
(2007), and Hulstijn et al. (2010) that the clarity of CEFR’s definition of each proficiency
level should also be improved for educators.
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6.2 Differences among Series

Textbooks with the same CEFR level contained significantly different linguistic
features. In this study, textbooks that are assigned the same CEFR level are found to have
different difficulty levels. For example, the Road to Success has the lowest simple
sentence ratio while Chinesisch has the highest simple sentence ratio. In other words,
with respect to sentence learning, Road to Success is more difficult than Chinesisch.
Furthermore, this study finds that for these two series, their materials at levels A and B
yield different values in the linguistic feature analysis. Even though these textbooks are
labeled with the same CEFR levels, they actually have different difficulty levels.

As for Boules de neige, its A-level materials have relatively more characters,
high-level words, two-character words, sentences with a complex structure, content
words, and conjunctions. This indicates that these materials are more difficult than their
counterparts in other series. On the other hand, Boules de neige’s B-level materials are
comparatively easier as they contain fewer sentences with a complex structure, content
words, sentences with complex semantic categories, and complex semantic categories.
B-level materials in New Modern Chinese are also relatively easy as they contain a higher
simple sentence ratio, a shorter average sentence length, and a smaller number of
sentences with a complex structure and content words. Considering these inconsistencies,
our linguistic feature analyses suggest that the compilation of teaching materials cannot
be based solely on educators’ professional experience. A standardized system is required
to determine the difficulty level of L2 teaching materials to ensure accuracy within a
series and consistency between series.

The findings of this study provide empirical evidence indicating the inconsistency
in the difficulty levels of different Chinese teaching materials. In order to account for
these inconsistencies, scholars have independently developed rubrics for evaluating
vocabulary, grammar, and reading sections of language textbooks, such as using metrics
based on the vocabulary load, vocabulary difficulty, and word frequency (Rahimpour &
Hashemi, 2011; Williams, 1983). However, these rubrics take the form of questionnaires,
which are still predicated on a subjective evaluation. As Sung et al. (2015b) pointed out,
the manual leveling of learning materials presents three problems: high demands on both
time and effort, difficulty in reaching a consensus, and ambiguity in the interpretation of
leveling criteria. These problems also appeared in the CFL textbooks that were analyzed
in this study.

6.3 Types of Linguistic Features that Affect Text Difficulty

According to the CEFR scale for overall reading comprehension (Council of
Europe, 2001), learners at levels A1 and A2 should be able to understand high-frequency
words, and B2 learners should possess a larger vocabulary than Al. Based on our
linguistic feature analyses with CRIE-CFL, A-level materials in Road to Success and
Boules de neige have a considerably higher number of characters, high-level words, and
two-character words than other textbook series. Therefore, beginners may find these
textbooks difficult. B-level materials in Road to Success suffer from the same problem.
Textbooks compilers should adjust the difficulty levels of these textbooks by selecting
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proficiency-appropriate vocabulary at a given level and then ensure that the vocabulary
consistently increases as a learner’s proficiency level increases (Rahimpour & Hashemi,
2011).

Regarding syntax, Al and A2 learners should be able to understand short and
simple sentences, while C1 and C2 learners are able to understand long and complex
sentences. Our linguistic feature analyses show that the average sentence length and the
simple sentence ratio in Road to Success do not change significantly in relation to the
CEFR level. Compared to other series, texts at levels A and B in Road to Success have a
higher average sentence length and a higher number of sentences with a complex
structure but a lower simple sentence ratio. Lower-level texts in Road to Success tend to
be comprised of longer and more complex sentences, which may cause comprehension
difficulty for beginners. On the other hand, texts at levels A and B in Chinesisch do not
show any significant differences in their simple sentence ratio, which means that the
sentences in the B-level material in Chinesisch may be too short and should increase their
complexity.

In terms of semantic features, higher-level learners should be able to understand
more content words and more semantically complex sentences. For most of the teaching
materials, the values for the three semantic features tend to be higher for the higher-level
texts than for the lower-level ones; Boules de neige is the only exception, in that its three
semantic linguistic features move in opposite directions, which suggests that the
vocabulary of this textbook needs to be adjusted. Road to Success has higher values for
the three semantic features than the other textbooks. This indicates that its texts are more
difficult and include a larger number of concepts that require more time to process.

The linguistic features adopted by the CRIE-CFL correspond to those in the
CEFR reading comprehension grading standards, and also include an additional three
linguistic features: conjunctions, positive conjunctions, and negative conjunctions. These
three features were added because conjunctions help learners to establish cohesion when
reading a text (Louwerse & Mitchell, 2003). Cohesion is an important component of
reading comprehension (Benjamin, 2012; Graesser, McNamara, & Kulikowich, 2011;
Graesser et al., 2004; McNamara, Louwerse, McCarthy, & Graesser, 2010). The
combination of cohesive sentences, consistent text, and cohesive semantics contribute to
the creation of texts that are more readable to learners (Gernsbacher, 1990; McNamara &
Kintsch, 1996; McNamara, Kintsch, Songer, & Kintsch, 1996).

Our analyses of the five textbooks and the texts in the CRIE-CFL system have
shown that the number of negative conjunctions in the CRIE-CFL training data set, Road
to Success, and Practical Chinese increases with the CEFR level. These results suggest
that higher-level texts contain more transitions, as more cognitive resources are required
to process the complex relationships between sentences in the texts. However, no
significant differences in the three cohesive features were found between different level
textbooks in Chinesisch. This suggests that Chinesisch did not take into account the effect
of conjunctions on reading comprehension.
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6.4 Pedagogical Implications

Findings of this study have several pedagogical implications. First, developers of
language materials who are looking to incorporate the CEFR scale should carefully
consult the statements regarding the horizontal dimension of the CEFR scales in order to
obtain an in-depth understanding of various topics, the scope of language use, and
language proficiency. These statements define the level of proficiency in listening,
speaking, reading, writing, and translation. Additional training led by experienced experts
in CEFR and language learning material grading may help users to better understand the
criteria in the lexical, syntactic, and semantic aspects of language proficiency.
Language-specific proficiency standards should also be developed to make the
description of each standard more objective and precise.

Secondly, language educators need to increase their awareness of the influence of
linguistic features, such as characters and words, semantics, syntax, and cohesion, on text
difficulty and reading comprehension. The awareness of linguistic features enhances an
educator’s ability to select proficiency-appropriate materials for leaners. Such awareness
also facilitates the process of selecting CEFR-graded teaching materials, comparing
textbooks published by different publishers or in different regions, and complying with
the language proficiency standards in the CEFR.

Lastly, analytics tools, such as the CRIE-CFL, can be useful for quantifying
linguistic features to ensure that textbook contents are consistent with both the vertical
and the horizontal dimension statements of the CEFR scales. The automatic analysis
functions of CRIE-CFL can also help educators efficiently develop parameters that reflect
a text’s level of difficulty and therefore enhance the objective evaluation of textbook
levels.

7. Conclusion

Despite the importance of grading language textbooks for teaching and learning,
few studies have addressed the issues of consistency, accuracy, and efficiency in the
grading of texts. Based on the CEFR framework and the analytic tool CRIE-CFL (Sung et
al., 2016), this study examined the accuracy and consistency of text grading within and
between textbook series. Based on our linguistic feature analyses, we found that most of
the textbooks we examined did not use the linguistic features reflective of their
corresponding proficiency levels. The language used in these textbooks does not always
increase in difficulty as the level increases. Our analyses also show that even textbooks
labeled with the same CEFR level yielded different values in terms of their use of
linguistic features, therefore indicating a varying level of difficulty. The results of this
study call for a standardized system for educators to use in determining the difficultly
level of teaching materials as manual text grading is no longer effective or reliable.

Finally, there are four major Chinese proficiency standards adopted across
continents: ACTFL (US), CEFR (EU), HSK (China), and TOCFL(Taiwan). As
conversions among these proficiency standards are, in fact, rather straightforward (e.g.
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CEFR A2 would be equivalent to ACTFL Intermediate or HSK 4'2), future research will
extend the CRIE-CFL model to other proficiency standards to further validate the
findings of this study. Thus, with CRIE-CFL, educators as well as textbook developers
will be able to make use of the tool when they select and compile texts suitable for
students at various proficiency levels.
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Appendix 1

Textbooks used in this study

Bellassen, J., & Liu, J. L. (2011). Le chinois par boules de neige (Acces raisonne a la
lecture du chinois) (Z¥R) . Chasseneuil-du-Poitou, France: Scérén Cndp-crdp.

Bellassen, J., & Liu, J. L. (2012). Le chinois par boules de neige (Niveau elementaire)

(ZER) . Chasseneuil-du-Poitou, France: Scérén Cndp-crdp.

Chinese Time (Ed). (2009). Practical Chinese (/47 X). Shanghai: East China Normal
University Press.

Editors of the Road to Success sereis (Ed). (2008-2014). Road to Success(/k2).Z #5).
Beijing: Beijing Language and Culture University Press.

Kantor P. (2004). Assimil Pack Chinesisch Ohne Miihe (7%5%) Volume 1. Kdln, Germany:
ASSiMiL GmbH.

Kantor P. (2006). Assimil Pack Chinesisch Ohne Miihe (7£5%) Volume 2. Kln, Germany:
ASSiMiL GmbH.

Liu, X. (2007). New Practical Chinese Reader CHiSZHTETRA) . Beijing : Beijing
Language and Culture University Press.

National Taiwan Normal University (Ed). (2008). Practical Audio-Visual Chinese (2nd
Edition) (#7/k #7#%3#5%). Taipei: Cheng Chung Bookstore.

NTNU Extension School of Continuing Education (Ed). (2012). New Modern Chinese
(#HF/C#E5%). Taiwan: NTNU Extension School of Continuing Education.

Yeh, T. M. (Ed). 2008. Far East Everyday Chinese (3£ F /- 7% #5%). Taipei: Far East
Book Company.
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Appendix 2 The Results of the Post-hoc Comparisons Between the Five Textbooks and the CRIE-CFL

The values across the horizontal rows and down the vertical columns are for the linguistic features in level-A and level-B textbooks, respectively. The upper right-hand and
lower left-hand corners of the table provide the post-hoc comparisons of level-A and level-B textbooks, respectively.

Characters High-level words
Road to New Modern Practical Boules de Road to New Modern Practical Boules de
CRIE-CFL Chinesisch 000 CRIE-CFL Chinesisch
Success Chinese Chinese neige Success Chinese Chinese neige
118 530 124 149 404 90 7 75 9 9 38 6
CRIE-CFL 381 — akoto okalo Fk CRIE-CFL 45 — akoto okalo
Road to Success 1372 #** _ ok ok ok ok *kk *kk Road to Success 219 *** . ®%k ®%k *kk *kk
New Modern Chinese 258  *%3%* Fkk — okt New Modern Chinese Q7  *%% kK — okt
Practical Chinese 402 Fokck Fokck — *okok *okok Practical Chinese 48 Fokok Fokok — *okok *
Boules de neige 236 k*k* akoto akoto — okalo Boules de neige 33 ks akoto * — akoto
Chinesisch 12’7 kskok kskok kskok kskok skskok _ Chinesisch 9 skeskok skeskok kskok kskok sk _
Two-character words Average sentence length
Road to New Modern Practical Boules de Road to New Modern Practical Boules de
CRIE-CFL Chinesisch 000 CRIE-CFL Chinesisch
Success Chinese Chinese neige Success Chinese Chinese neige
26 144 26 35 89 17 729 1016 746  7.92 873  3.96
CRIE-CFL 98 _ kekk * kokk *okk CRIE-CFL 894 — *okok *okok
Road to Success 367 kE* — Hokok Hokok kot Fok Road to Success 10.17 *** — dok Hokok
New Modern Chinese 67 kot kot — kot New Modern Chinese 8,05 *** Fdok — *
Practical Chinese 108 kot Hokok — kot Fok Practical Chinese 9.08 Fdok kot — Hokok
Boules de neige 76 kot kot * — Fok Boules de neige 8.82 Fok * — ot
Chinesisch 26 kEk* Fokok Hok ok Hok ok Fkok . Chinesisch 4.49 %% Hokk Fokok Fokok Hokk .

Note. CRIE-CFL = Chinese Readability Index Explorer for Chinese as a Foreign Language.
*p<.05, **p<.01, ***p<.001. (continued)
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Simple sentence ratio

Sentences with a complex structure

Road to New Modern Practical Boules de Road to New Modern Practical Boules de
CRIE-CFL Chinesisch 000 CRIE-CFL Chinesisch
Success Chinese Chinese neige Success Chinese Chinese neige
089 039 093 079 074 1 408 217 52 562 1613 198
CRIE-CFL 055 — ok o *ok ok ok CRIE-CFL 16.04 — ke ke sk
Road to Success 0.4] *x* . ok ke ok o ok Road to Success 58 78 ik - ks ok o ke sk
New Modern Chinese (), 76 *** Fskeck — *k Fk New Modern Chinese  ]().55 *%** Fkk — Fkk %k
Practical Chinese 0.54 Fk Fckeok S Fskok Practical Chinese 17.56 Fkk *kk — Fkck *kk
Boules de neige 0.53 Fk - Fskok Boules de neige 8302 k*k* Fkk .052 Fskeck — *kk
Chinesisch 0.99 %% ok o ok ke ok o o Chinesisch 338 ik ke sk ok o ke -
Content words Sentences with complex semantic categories
Road to New Modern Practical Boules de Road to New Modern Practical Boules de
CRIE-CFL Chinesisch 000 CRIE-CFL Chinesisch
Success Chinese Chinese neige Success Chinese Chinese neige
71 287 81 88 239 57 7.88 19.5 7.75 8.64 19.13 13.96
CRIE-CFL 212 sk ok * CRIE-CFL 17.42 — ke ke sk
Road to Success 746  kxE - ke ok o ok ke Road to Success 46.8D *x% - ks ok o sk
New Modern Chinese 5]  *%%* *kk S Fskok New Modern Chinese  14.85 Fkok — Fkk *kk
Practical Chinese 224 *kk *k - Fskok *k Practical Chinese 16.81 Fkok — Fkck *kk
Boules de neige 116  *%* sk ke ok o o ke Boules de neige Q.63 ik ke sk ok o -
Chinesisch 78 ks sk ke ok o ok o Chinesisch 16.98 ko ke -
Note. CRIE-CFL = Chinese Readability Index Explorer for Chinese as a Foreign Language.
*p<.05, ¥*p<.01l, ***p<.001. (continued)
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Complex semantic categories Conjunctions
Road to New Modern Practical Boules de Road to New Modern Practical Boules de
CRIE-CFL Chinesisch 000 CRIE-CFL Chinesisch
Success Chinese Chinese neige Success Chinese Chinese neige
292 584 266 3.1 652 642 138 1151 15 185 481 09
CRIE-CFL 574 — Fckeok *k Fokck CRIE-CFL 749 — Fkk Fk
Road to Success 14.33 *** — *kk Fskok Road to Success 20 .45 *** S Fkk Fskok Fskeok Fskeok
New Modern Chinese 5,12  *%* Fckeok — *k Fokck New Modern Chinese  5.85 Fkk — Fk
Practical Chinese 5.36 Fckeok — *k Fokck Practical Chinese 9.14 Fkk * S * *k
Boules de neige 2.66 *** Fckeok *kk Fskok — Boules de neige 621 Fkk S Fk
Chinesisch 701 Rk # % k *3kk # % k # % k o Chinesisch 1.32 #** * %k * %k # % k # % k o
Positive conjunctions Negative conjunctions
Road to New Modern Practical Boules de Road to New Modern Practical Boules de
CRIE-CFL Chinesisch 000 CRIE-CFL Chinesisch
Success Chinese Chinese neige Success Chinese Chinese neige
093 731 075 132 263 051 043 375 080 052 188 049
CRIE-CFL 522 — Hokok * * CRIE-CFL 225 — Hokok *
Road to Success 19.06 *** o *3kk # % k # % k * %k Road to Success 035 k% o *ok *ok k * % *3kk
New Modern Chinese 3,25 ** Hokok — * New Modern Chinese 1,70 Hokok —
Practical Chinese 6.24 Fckeok *kk — *k Practical Chinese 2.70 Fskeck —
Boules de neige 4.58 Fckeok — *k Boules de neige 1.53 Fskeck — .055
Chinesisch 0.84 *** # % k *3kk # % k # % k o Chinesisch 0.50 *%* *ok % * % *ok k * o
Note. CRIE-CFL = Chinese Readability Index Explorer for Chinese as a Foreign Language.
*p<.05, ¥*p<.01, ***p<.001.
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WE: ACMHEEZAETRENG &K, SR IE S LR A
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CRGE R 0 BT —r 50) A, s A DY A 2 SRR 1Y
N, F£PL Google Docs, Google Sheets FI G li{E NILZEHF V&, &
THEES SR E A2 IR S5, 28491 ) B P M EL3)) S8 VAR U AE 07
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— LR N TT .

Abstract: This article focuses on the use of films, teaching platforms, and
teaching models in a fourth-year Chinese language class. Using the film
Dying to Survive and the documentary short film 4 City with Zero New
Cases of COVID-19 as examples, the authors demonstrate the effectiveness
of using films as major course materials, and using Google Docs, Google
Sheets and Douban as sharing and interactive platforms in language courses.
The article also highlights the advantages and disadvantages of cooperative
and collaborative learning models, shedding light on the versatility of
teaching methods in advanced Chinese language courses.
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Keywords: Films, advanced Chinese language learning, sharing and
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(38 5 SO AR . AR IE IS 2 5 TR AR AR BB A B3G5 Fo A [0 A5t (1 22
fi, 0 HREBORARATIAE A FIESE MEARE S IRES, WS AR SRS 5. K
SCRA AT ISR B, RS N O AT DU SR 0 SOE 5 RN s ikt
CL R EE G RPN A SRS AR, DRSS

2. CERZEIR
2.1 DLEENIE S #M A SCIR SR

TEIE & IR A3 s e A R 22 A I 22 S S S Ml 2 2 A O A 1S il E
e ZAEE TR, SME 2] ULk 22 A SRR R I 2% =) 38 O 5 AU ) s,
FE 38 55 = A XA AT 15 2118 5 e 115 0 (Kitajima & Lyman-Hager, 1998; Kramsch,
2004; Sundquist, 2010; Wood, 1995) . Garn (2012) #&H!, “CLAE NG MK EHRIE
S 1fE (advanced ‘content’ courses in the language), FRinl & LHFLANE 5 455 1R
FE...... TR T — TS TR AL TR B L, IR R S Bl 2 AR R v 2 ST Bh LA
K ENRFIE 5 KF” (p.40) . Harrison (2009) A\ JNTETE ik EAIFH B #E ] L
A K RSN, WATEUR A S i s 2SI U H (A, B2 Re 5] Xt
H¥riE (target language) MIiE— 222 S BSR40 HARIE )R IE 2 22 A 2
IR )55 7). Kabooha (2016) [HFFLRH], AHELT A FH B BUH A 2
SIMEE, T AR N BRI, 2RI AR 2 5 BB B SR 0 T,
1 H A A Wyl s A B T & R A T L Bh £ 15 .

LGS S 26, BB 5 R LA BREHE 7155 REBCEN S g .
Sundquist (2010) A AAd FH B2 BRIV AME TR SEFn b AT REAEE 5 2 > & <l = 240kt
FoPTisRas i E A, TR B S A B R [F” (p.130) o AR, &5 % M3
W SR 43 E (Chen, 2009) o 1R Z2##H{EAE A 48 RS J& — PP 5 5
=R SCA N EN ) 2 F % (Bueno, 2009; Hughes, 2019; Ning, 2009; Sturm, 2012;
Zhang & Yu, 2008) . Luo (2018) {5 Hiia H ALz Rk Insed SCE 5 Ui 2 1)
e, B SCHRE & S s sl ORI E B G 1 B g7 . g I8, e
W #E 2 GE R R IR AIE 1 22 R 1% 55 U T

RN HELSEAR B (R, B A D0 F S AR SO ANE & 2805 L IR E H 783 5 0
— 5T, HEEMERZA . Wood (1995) AN HLFS I S R 1E & A1 THE L3 A
FiG L2 TISE. Ning (2009) YA SRS 2 A5 5 RS A n DL g
RIFAN, IXRONFAZ N IR B A EE M R N 2. Sturm  (2012) IANHE
IR T 5 HARB AR EE R, BUNE R MR BESEM . B3R B 0, 1M
B FEerm AR Ak ul, e I T 2 8RR, Rt EEAER A WG .
A5, P RE S B AL, Zhang (2011) 48 H R B HER XK
FME DL s LR B AR A S A e R A 5 ) SO s AN AT B SR, T A
N T SEBUE S AU A e B bR, RIS R LA HBERERLAT DR, (HE,
WRBEERHNEEEM TR AAE A AR 2 4. i, Yu (2009) FIHFF
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RY], SNBSS R S, AT AR SRR LU L T B BT i
MU, LR F IR SR FLSC I B B SR (078 5 S IE SN TE S # .

MIE S A FRE, A& NN B S it & = vl DUE 4
[ R AR TR SRR 2 2], B3 B AR B R, R AR R )& X, AL
fATTRESELE & PN [FES A IE 24018 S (Chen, 2009; Kitajima & Lyman-Hager,
1998) . ff Ghajaretal. (2018) HJZEAEH, 1RB S HE FS2 SRR HE R BU7 A
ML HE . AATAABEE ZE AR F R RN, SAEAMAS ] TEnailm HAES
YEFR B T X L3RI . Kabooha (2016) Wik — 848 tH A MHsZ R 22 2] T & 4t
HER R AE A MEE, JEEREIENERE S, R T AT AR R H e
4h, Hayati & Mohmed (2011) WIRFFTEERILK I, LEHR RS2 fd A 73k n] LA
B AR B W 37K, AR WT I R ) 132 73t mT DA ik el s e D . =T
FRIET HVMEE R BIE, AT B T2 AR S . (RFHE & B
B, PRI K BARTE TR, U K- C&IA B sk P 1 s i 4y
A, NAHERESE 7%

ZrEPTd, (R E R LR VRS, — i a] DA B S A A it R
s ], SEBLE ST H S, o5 —J7 it n] B f s xS 32 5 AL e 230,
ek A HARE SCAG ) 1 AR R, BEMT ST 22 A X8 5 M2 ST R L

22 XFEEFHAEY: SEREISIMEREA

EH M A g b SCREE ER A T B A 2k A L, 3k
R RS E L = S R, AR A A S, MBS,
LA e e BAR B2 07 e A smif )3 = B 2k E R R R A AR 2 1)
MED), EEENMEN, —&&/EAF L (cooperative learning model) , —
AWMERZF 2IEI0 (collaborative learning model)

R4 Oxford (1997) WIE X, HAEAEE IR SRR _m it 5597 524
(8] (P AE EL AR SR (X it 2 AR DA RN AE B 0 R R I 2 ST 150, i =X S35 =X
FE PLest 2= #) 32 X (social constructivist theory) NFIRIEA, 2=/ E—MAE
FESHELL R B RN, RIS AN @i ik Cacculturation) FlN 2% > AR Y
HIN AT . SRS I B TE TR 3 5220 SE U AL sh i LE i = B o454
i . Johnson et al. (2007) 5& 1224 MBS FL A E R — g e AL R H bR, X
T E R IE A EAIMH (positive interdependency) , N AA&THH &3 1)
714E (individual accountability) , T AHE AN H.3)) (promotive interaction) , I
2 b FH 422 #5775 Cappropriate use of social skills) , 14 2H 5 [7] 1] H x5 Al i2E
(group processing) . HZAFAIHE, R4 Andreu-Andrés (2016) IR, WME
A R FHEA A IR AR S i o/ mi, & AR E
FALS, 1 H 2 Ryt B fdesh & A, AFE R LU .
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Panitz (1999) 35 H & /E A5 S B @ I 7 2] 3 2 18] (1) 4 TR e AT 55
T SEELEE 3T H I — e k. AR S U AGES), ML
IR Hir. SERZE BRI E A I 4B, G TR
EEN T HZMMEE 2, XU N —RESINRE SR mEL . 55
PR IR, 207 5 AR th DR 202 ST B UdR 1 2 B A [F] 57 20 B bR i 2
JFELFES Y, %)k k@A f#E Y A 8 (Dillenbourg, 1999; Roschelle &
Teasley, 1995) o PMERZ B S T AEBE WA EMEM A HE, FIHZIMN2
WA AL (Kao, 2012)

PP S BB AFAE R — LAl 2 b B R EEREEVMER, #RE el
AT (%3 . Johnson et al. (2007) e, BEATEZIAIFEHELE T B 5 2 A 2% T2
7] B A% A B o 31X M A B A T BB A AR B — AN B S B AR (dynamic
whole) , BIEEAN Bl 01 1722 Bl 0 2= 52 ) 4 2 B AR R AR ), 1 /N 2H R 53 22 TA) 1) oA A
JINgef i AL F BRI 58 8. A 2005738 18 t I FR 7 S i e N g Bk
B KPR FE ISR 52 ) 3 B O R A % 5 127 ST e V0, #9572 4 2 1A L 1k 1
RKAMMEF, MARMATZ BHFEE4 KR (Johnson et al., 2007; Kirschner,
2001; Vuopala et al., 2016) . WFFMWENY], FAEBUE LIS, FAEME
LR iE 30 o] CLSOR IS Al A T N S B AR, S8R IR NS 5, T SEELR
F£ % 2] (deep learning ) [1#( 2% H ] (Baeten et al., 2010; Cavanagh, 2011;
Herrmann, 2013; Johnson et al., 2007; Vuopala et al., 2016)

Liang et al. (1998) fath, & 1FEAXFIPME 22 I B CARRE S In 22618 5 A
PSS, MW 22 AR 2 iR S 2% ). {2 Liang R T iXFhit=
B0 B s, A NS S B BB PR, A ARG im0 A T
PG, AR mgE S F{E A . Johnson et al.  (2007) WIJFi5 Hi X P 2
AP A TN B RE W Lk 22 AR AR BAR S i P S IR S 4 by, A
AT s RE, TSR FAR A R B REE 55, DU 473 . Cohen (1986)
I T BTSSR EE B, fth 3 S RUE T 5 1) 5 AR AR SR X P A A
XEFRPWIEREN. e RiE NS ZIBEFHR E, AP ENREE
HRWFATTCUEIIMREN, FB A S Ul YA E K54 ¥ 951E . Wong-
Fillmore et al. (1985) W& | XGE Y SN FALE SR L3P AT G /ER, i
AT IR e 2w DL P AR & 4 FoAt 2 A= SR A 25 U W RIS B AR 72

3. UHARNBESEM: BAFE

EHAARWIERIEREULS IR/ R ERRE, RE T —NPNEH
REEHRIE R o ARIED AR BT A, B G 27 EA15 5 #0F

TG A B R ST R AL CLTA HISE /N A2 S o XA LRGN 11 PR 38 [R5 S e
AT SCEIMH R, AT FaRl b S GE S #5, 5%, CHENBEE . X
JTHA HY RS SR 5 S 2 K. 2B 38 M I AR HLE IR TR 3R T AR 22 (L RE AR SN

Ro
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szl (UM D o EEELNNFEL P SCRPIER 7AW 3 S, &
BRI S F R ML s GBS R D .

R 1 BEIIR
R A PR HFZAE D |
HHEIR 2017 2 TR SR R KA
FAE 240 2018 R /At 2 /IS N
IR 2018 /IR SR 2 e
EAEE N 0 I —R At (i) | 2020 WO R G B iR A B AEAT

EH P EREX LR A BN LS &

B, EHRAZ) R SHER Y. AR RN ZHA RS, —R%
KR ESE, WL h R FREANEH.  (RREEN 0 T —r ) X
2055 I T T R B T AR A EREL R RO, HOSEH R I T R AU A e T T
M, Zadtt VR IIE . J R A R R LS, i — T 2
B AT S e NI SR B R, 225 W] DLS I FL B AR 06 1) L2 rh iy
o ol (ERAGEZM) 2 ESCHEA IR R, EA RS T R R
g, BRAFREmE, WAEMERK. M GRER) M (FFIR) 24
e e A MEA NI, (BT DS, BRIV Lo AR B S A A7 R S5 R e R e =5 = 74 T
s, 2R AN KB A SO EE R A B

B, R TR A BT PR R R B AR TS R . LET
FE (AL P — D BRI B R RN G, RS R EaE s
TR AORFIEIE A (ZHE 1D o POV SA TR M 55 K.
S0t BeERRF S5, BRI NEsl. g EH TR ea £ A
5t MG A5 LRt IAERGR 0 A o IXAEAE IS BP9 B 224414
TP AR BRI A5 XA B AR REDVRE 55 AU AAT TR IR )5 1% 1
P&, ERENIRREYINE, RS 5K, BlindE GREKR) Ha AR
BB (B 1D, FIRSRT AR T A LM s — Ik EE,
WU BRI BB Sk, N2 JE RS BT T S8 M, kA E RS A
Yore 3Kt
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BFE

B1 (RAREMH) (k) M GRIAK) i) BARE

B=, MRS EECHIREN R, W, £ (AL Ta
—MEB I BL X BetbRE s — BURR BN E IR IT, 1B — RS
ke S Bk TR B RE M s S NIz (I 2) o WA LA 21 BLIE
T BRI, AR A SRS, A EAR LS. RERNE L
BURTIE — Bk B B AL R, M2 5 IR b 2 LI PR O 5 o B 25 [ AP S
LCRB SN b, T A LN AR — R A R . X B DS BN
s AR M TR ERSUER, W 18T RAR 55 AE T B [ 2 R] 45
—MELHG IR AT, e FFIR) haWE RN EgE, hEY
AR AR ER R, AL TR (SE 2) . REEAR R
eysa, REEARMRE CHRIEERERE M, WnE Tt 525,
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H2 (RAREGM) (F) Fl (FER) Ch) BARE

B, EHEEZMIEERREE. Wk, (ERARGH) KRR
T A, &ﬁfEiﬁ%AﬁszﬁﬁﬁEﬁEﬁ (B0 2) . £2FEZuM
P2 B HEE R T AEA S R S o By b B 52 a3 AR 575 78 20 A SI2 B2 75 il
ZidRET, AL VIRERIEE, PO B ARE R RY), HIE S
IRMIE Y H W AERE, IEFE G AN alE AR IR TE, R 7Ed
B TP A XL, eAh, X —BOh ] 115 5 R 5 AP R R Z A R &R
FAERE T RREIE—UROL T, A BRI R AR BT 22 B 22 4 e i A 75 AR IE X
iR LEI7id, P52 BRE B X IR A, R T < A I R AE 2 A5 SR A
EALIRIR . 3R 2 FoRe B3 AU AT B I 1R 5 R B 17 ) AL R B 2B v o
X BUE R TIREENRE B A o, RE 5 B M S 0 5 s, FF A OR
HHANERENRE B &R BT DIEEIEAE AN E, mHE
RIS L PEAR B SR AT UG, i DU Bl LA TR 2 BB IR U kik
B IR [N ok SN 31667 /7 RN ‘i e

R 2 (BRARGM) FFIERERIEIER LB
JeIETE: B2 AR 5 g

Bazan | BRNIE R AR, A S T, AR R R ARSE, 45 R A
A, BER—IRE B A ESE T, At A EE, HEIEEF T, 47, B
AT, B G EES, A PAE A .

[ AR 5E !

1B FE AR K A S
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BN | WAL FENRRMIL EEEN, R —EZREGETARER A MR, i
fARIARIZ IRAE T, RS TAERERIGEN, Wikm &, 20 ARG ™ B
AL, REAMAATXEEEN, HEEEm? RATLAEEE, HENEWREL
N, TEESF, BIPRATEE.

HHANC | AREEH, #ih AER, JUERE, 8B4 UHREERL, JUIRFSEOL.
RIS, XFEBHIRN, WSEEAMNIT N, G e, 2k, Jlik
W NI, A WIGER T4

W, AR EMR AR R . BHEMN 4 Ry UIEEIE RS, TS
FARS LD, L5 & ia] Al LB R M UiA R o 2B Ui B 1) AR LS A 3 P Al A
EREHRGL, BIEERVIAEEMR S B BEAOR, AR S A E T
SERHEH KRS T A Imin . e (GRAGZR M) THRZ M. BN
EEEEAFENAY) (ZHE 3D, A LB R KA IR )15 TR 75 NE A
IR HVBIL, A A A I A R OK B D) B R SR SRS 2 575 352 B RE 15 1) 245 1)
ARSI — 1, AR BAEVRRE B B B EEE O 25 Kk i RE . 224w DUIE
AR e NS 7 3, 7R DR SR ST R AT TR . 1R AR IR

K3 (BARLGMH) PARANDRIESREL A

G, RORAFEW, &, W PRI AN R, BB SC
AR ABRRAR, A FEAE (1, AR LA, 3K
B2 T, AT Jn 1 = | SRR AZE, KRB ER
5, DT HE R IERR £ AR, 99, IXRRR IR
2y, W27 =5, Tk AW, IRbIaAR, HT
T FANPERGCE T, BHE
HARSH TIEEZ, 1R4]
FEvifl By, AR, FATREARIED?
WA 2 TPtk AT ARA B, ifE
FAREANE LM, AR REPRIE/RIX —2E 7 AE
PN ? ARIIIEARIOE 17, FATEG S, AME
b, BAEEE, 1TH?

R T, ZEAH, REE
WEE, (HE, BEIXERA,
P BAMERL, AbAIE AN
HIRAN 2, A ATEE H RESE AL,
o SR M R EER AL, BHES
Ja ORI, XK, RER— AR,

BN, AT IEIGE TR . RN, X 4 FREREAEAE 1b R
T SRR S MR R BT T R SRR R, AMUEYT R B T RS
N, R ER S EABA SN . ESCTRATT I, IX 4 H AR O R
P RE, SR TR A E RS BRI A X e L RS ORI W] PLE AT R T
7SO F AR 2 TR T R IR 222, BEA R, SRR B0 R i)
AEIRAMPERE, tetn, £ CRREN 0 K3 —m ) BA DBl ren sy
RAME (ZWE 3) , Al A R A DR, B XN A Y
P, WrenECRR T, DUAOIEE IR B NFRE S S, AT AFE A
2 BB ANA
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Everyone’gis wearing/a mask s
FE{nE FEEA%’B<——
B 3 «nEr—iafE (BREEN 0 RBH—ER) PRERTR

4. BBt 5ot

DL 2838 BT 202 PN 25 T 5 R0 B O 7 38 B R Sl B DU 4 40 b SCER I 272
MANECA 13 A RN A KR 2T, Hy o — NP,
PRI EARAT T 2 SO B ML 3l LA s, S &Rk p [ A2 . SO BGEVER AR RO . 42
YA 2 et ees, ARfem A A 5 A7 8 78 B R B 22— A 2 B — AN 224,
TR 6 A A N E N — I IRHAE B AR 2R 2 b 30 IR e S 1%
EEERR, FHWEFZLF (Intermediate-mid) F|E %+ (Advanced-mid) Z [f],
FEXFIEAN R AERE T K, DLREZASZI T T 2 B0 1R R ) FL 52 A
EFIEW TS R S EER I R ENE e, LA R e % 1 A
KLk A EN B MR (R D .

EH R BB X BEAER ML, RIS AR o S AR B T
o BT N2 BERATX PRS2 SR OR BB HL 52 9 80p (K 7 SCRAT LU &

H—, ARG EAHEILER, @dLEFE, FlW Google Sheets, ik44E
LR ARG R BN, MU AARRIRAAC R, M4
ReJi. Wbk, BTSSR, FAEMIEF RIS EANS, MESKNIRILRA % — b
HEAPR S, IRME 2 A Z ok, Wb AFE TR EKEA M E . &
T RE IR SR PR AR 2 (PRI, IR AT DATRAN W IRA e AR TR R, AR s
BIEAS 2 IR

H =, HEAENESZIER (authentic material) , i T 1% 2 vl Ei 18 11
AL AE N — R T E S S FIRAD S A A A . JEat AR B8, 7R
GAEMMETE AT W R, AT DLE AR BARS: ), 18 n] DLt 4y
TAEL S E, (R AT 8] N R 5 AT 55 o

AR L 2 H A A sl B L4 DLE1EEE SN E R I#s k.
CLHERE (BRAZZ5H) IR <42 SRR e S MER AT MEAE: DR
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CRAEE N 0 T —ra 500 AP fonan .
4.1 AEEREIATE RS DR (RARZGM) A

(AL 72 2018 FEAE P E LR — AL s £ RIS o i Fr ki 14
TR AR 5 A E NI R 32 S, — BRI T 1 L9 8 (RO R
Ho ZEHEENTEE LA T EZ AR ONRAENEZ —: “ERAE, BN
ST, BAT s LS, D S AR SR T A TR AR R A LA
seAh, A ME SIS Z T, A BN, BRI, A OiEk. st
fiERik, JrfEibse At SIARIES N AFEARIZ . THEHERSGXHHEMNE
ALL R RGeS IR EE SR, R — IR BRI H s 2t

(BRARZM) FEBR
SHBR: FESERARY X 5, AT L
L S PF S — e 250-300 AT |8, #E 3R %20 10
AR DK 3 A (8] L PR £
2. RUFBHEEN THE WM IR IIEE, RS B3 2 H
TR R A
3. N XXBHEM A 3 o SFRETE, A 10 AR A
2 AN ) R AR T

1. ERTHEEAVGE T K 40 S EAR R

2. EPESAMEVEMAIA, BFE: BMEE... W, verb A
complement, B[, 1EH...... , —H.....

3. B OANEGE MBI RTE, B BIETTE, RA—aliEt
RIrRE, WANHIRHEARSR, ANdroxRk, HWFHH, BREY
W, JCERELE, PIRFH, AR

4. FREEZGH % i8S — A 250-300 1 S PR- T [E] 8

5. BRERZGAHSC IR AT R VT, FH—AN 3 4B B H A SR V) 4

6. = 245 AH G Al L — > 3 4B B SR TE U

HNTSEB L EMECEEE bR, 3 A 10 NG R 52 5K B2 BT 55
(M 2) o BARN A28, SR E=0GR, AN~ i Bh L E
TCAEEVRZR S R /NYER (practicum) o 4 T REW 3 RIS (], k224 7850 B3
T 9k, FE X TR RS (flip classroom) HIFFPEL, A2 w i —
BRI ) B, bAEfE NIRRT CER T — 2 MOBAE S s, BT
STERMEPUH AR AR 1 AN e, BT A SERIERIC RN TN ik, KAk
WORREAN 2 AAE 15 B A se i SRR 7o BRETTI AR5 38 G S REi i | 7y 2
= WSIREIT SR ER D FIEN BB MIE S BE- P, BTk
SRR g, EFE XN B (SIS 3) &b 7R g, L IET
il AR B ESRE (Z I 4)
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FETRREF WG LR 4 BaIRIERmAE, DL &N ERIN 456 Google Docs,
Google Sheets 1 5K 58 & E B Tt

R4 (BARLGH) RERER
N e FORREVE (R

FAERATER: BB, KIEEHESNEEBECE L= H CEr (Z
W5 .

URE b SR ) UM 2 A S ) R PR R T IR 18

{

et AR MHEEAR BB AL CGE - TR

FAEURWTER: SRR B O RS A2 A1, S1EILSAE Google Sheets L.
SERT ] H BRI

W b AR MBI, R ARV A 1 125 D B L T o 4
M. S0 e, FHEEH RS .

|

= BE R AR CGEN-VRRD

MEEZSURIS TG EE VIR, IREEHA DMES R AR (task-based) NE. AL
SEREAE KGR Sk %, AEIRE B S0 T H CAES IR .

SR H RS L2 A AR R AR PR R NIRRT . 9 ok — 2
RIS e . WIE R, ARSI IREAEARE AR, B4 L
BN NERREARYE B O S M EIEVE, KREA QAL HAEEBHINE, Sk
VPR TREEVE, JEE @ ZOREEE B el Ll amil, JFLA oyl
BEATVFIE, M0 SR P U 2 TR S AR G AR H 00 H 5 R R 150 7
A, RIS EREPFZ ] RN 1 ik A A R iR, IREN e
TEHE%, ETWESEmPAERE. EREITSHNE, ETHRAEAEILSE,
EH AR AR, G EAHINES, REHENEHKEEE. EHE
FHEREZE, SPTAICAEE LA, tBamRaEsebrif & i i — PR
T AR A

5 B LRI AL S MR FL R R A DU T e . BL (FRANE 2 A
XSz B, EE SR TR ER: B A NDE (NE)
RO R , STEE: B8, 24 MM ARAFELY OR s
B ESERRT: WA R R AE? WA .« MRIEXEE, EHE
RELEMETRE WA BL BN 2-3 M BL BB 12 8.
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AR WS BUER S H O XUE T . B TS A RE B AR v B KR 2 I
B B AR R IR AE VA (i IR AF AR SR ], tLRESE RIS B B RS . 2B R e
S IE FURATZR IR =AU, —=&E 3 AN E S NEERAR, 2ZEIEHIL
M Google Sheets b, & (AL RAR SMAMER. BT AIHERELSN, G2
S BEE « SOOB SCEE A R 3esc i fg . RN 3 BT, 238 FIARYE 07 H s
M AR RS R RS 40 MBI . RAEURATE S A AR =M AR, iRk
PR M BT HE S . =R R SR SE B AERR, eI Sl

ETRATSGI VPR, EE23E 17, N TS 52X EER RS,
AT R E SRR AIF A 17y AR, EFFICBEUEANr. BRIt o,
e 2RI S G 7. A IERATZR ] S A B RS a2 =+

FNEIEJVRES, EHGFHEWR T —RINME LTS . FBNRN P ESET
WEZEMSIERE ST (writing skill) » ZEFH ERZAFR — M4 N AR TEH
T RTINS SIS S — R 250-300 FHIE N (SIS 6) Xk
PR EE AR 22 A R 5 AR AR R SO Bl B AT B s AR . 2B Bk &
AR BB SCEE R A 10 AN AR B AR R LA 3 AN TRI N B 4584

B E R E STE TR RS REIE T O T AU B R
(interpersonal skill) o ZE3% ERAEFANEAERY 1 AN SCRHES, TR VI G
56 1 B 09 FH BT RIS IRV, T ) B b 28 3 SR AR 45 27 A — S R 3 0RO 19 ] A
NZ%, WENRFEAEH Y 2 MRV, Ry RESRERE, (EAEERD
BVEN. WA DR SATE 3 B KRS B QRTINS EHRIEHAERR
ViR EE IR 2R 12 AN, JEAREE A RBP4y

VRIS B S A TR R A IE S S U EE /) (presentational skill) o
EFHERFA LN XX B SR NE I S R E B4R 3 708 ki . 28
Tonr AR T — NIRRT, A ER A RS IR SR AT R B/
PR, FAESSiREhE A S). IEAGE IR E R AR R, EEISS
G Fis H Ery .

DRI BEAS BRI 2 T8 #AH RS — R 5 AR, 1y HLAE P URIN 2 [R) AR AT /N BT R A
PAG A A R I RN, P DL AR R BE AN SE TS5 . FEPFR T, SRR VS
BRE B WG RAT TSI VRNL g — 7, Wwi T, B IERATHLS] bR RS 2
= TSR DR Sk S AR RS T e N T SR A A
oo AR, WTUERE - NMEUE, ZeEE B B REAT Y.
FEFA AR R, EYTRERE T 2 MR IE, RIS AR R Sk 5 i 20 2 il o
ROSEUH SRR e fe s, WREERE RS, B Ad —miEamm i kst
FHEVEIY . A B E TS BV At R R B e B SRS A A R B R4 7 Sy
HIPRMEMZIE . BRULLASL, B3 o WI QAR LR IR, 054 i WA R e &5
JRAEPREL b i B o
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4.2 EASEAEIMEREIWHFE: USMER (BIEN 0 KR —F =) A
(7

bR CRIeE N 0 M —Rat) —HHA TN (Takeuchi Ryd) 4
T, AT 2020 FEHUEEAEE S E KRR RIS B Z )5, DRI %
ARG BT O, RT rh B KR T2 SR P T8 8 it B FLAT P F) — B
MRS . A KA 12 08, SPNONAET . B EAT I A RS
B A awElL WERMREAER. PUN AR H .

CRRGeE R~ 0 PR T —R ) BB
NMOEFR: SRR )G, ] AR H e M 58 A% Geps A e it
T4 6 235 B 1 SRR AT 250-300 1 H R 5 .

T HAx

1. PR TR a fiti 58 A A% Gy i s 2] 20 AS1A]TE

2. HXEEAE SRR, EILET G BSR4 AT ]
%, M=z 5 AN

3. EPXFBEUURT RO, A 4 N, AERE R SER 6 7Bl
sk, BE=A308 S S, RIE

4. BExRpEEUHOE RS IR, A4 4 N, AT S B
250-300 FHFHHEMRE, GE=EAEE: EXEE, Kol
GRETT PR, 250D 28N, EXR BRI

KA — N R, IR 52, BRI =A 28, 2 =& 015
Fridttr, AP BRESHER 5.

K5 (BEERN 0 BT —rR) RERER
DR AR ZHIEA AR

URATHER: EHERE2ERE D = MEERE/NL, B EBh A2 A5, B4
HeIH e A £ AR R

PR B Z I

WRATHER: SBR[, AR 5 LS PSS et i S ol

|

W= UMESE S /NS B SE R S

RIS EH S ORI AR IR, 2 IR S A R (1 LR 58 AR E I S AR
55
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M ERATDE Y, BANRNA =50 3547 26— 80 188 i #e 224
WRATTIS], BRI, 2B—# 540 =47 Google Sheets & fEIL= A1,
BT 3 AN, BE AR AAs P RR L 20 MR YE .
B AAE ERRAT— R b 9 B dles A SR e iRl aR, F 2B A, 24
PR 22 2 25O ARV R 58 SR B R BT o 28 st 2 B H
YENVAR7R T 7E 5 Google Docs RIS ELA) )% & NEHRE K AR — A [,
BABREZE - DHAKEE (SRR 6) B BRI 4 7 A4 70 iF
M, BHAEARREERZE, HES CLRMATH MBS, BI85 A 1)
HIPR R Z MR . 2 DMEEAAM 5 AN E AR A, PO & T HAl
A, BT EF AT BHEA R H B, A B ATREE S B A bR kR .
® 6 PO TR AR, A 1, AR 20 BRI RS AL, HSERRRC
XF FE I W

K6 CRIEN 0 BT —RIR0) URATE SN Z PP H B

(RIS T | R EE=E:

1:55-3:25 | AME | AL, 22, A3, E | HAe, ¥AET, ¥AES, ¥4
4, FES

3:26-4:50 | xgiE | A6, AT, S, | FAE10, FAE N, ¥4 12, FEI3
49

4:51-7:20 | P4 | A 10, AL, A L, FAE2, HA3, 4, RAES
12, %413

B = AR BT, EAAE Google Docs b H FE WM 58 i S5 1E
GEZHR 7 . FEKFAWER, SHAT, HiRa T2t f&EsemE
MEEES -

R T CBISEN 0 BT —R R0 RE/ DA MEES)

ANHTEENE SR R R AR ml W, (ER F AT R S R R IR, RS N
BRI, BRI A CES A, S SZETT I EE A 4. KA NEIESD (Group
Project) , i MITEAHM &, M Zoom W LLE, SHRMIRAMHRERFI, SHADT 64
EES, BN EEED 2 MERHI

PRI AN BTG IR A S —PRISE AR TR, R g i R £ RO A A
PRI B AR, PR AN EE S HA . RORIE IR, X8
CHUR BRI, P S SISHE Zoom b 5E M.

IXHEEFRH AR, FAEE A B — R NBIMMERB R, FAREY]
Rk, FTPLiRE FEEA P Zoom [ breakout room HJINREE, il22A4:4r2H—idit
w, —iERIMERBES ] . EH AKX NN breakout room, — i #H B
B R R, —IUAE Google Docs LS 24 SE A SCHYERE,  BER H& k4 S A
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o ERXANMERET, EEHERFAEMPCHETRMAEE RN, EHEAETN
breakout room HLAF—Btif[a], MEAEM L GERHEN, WRIHEAREZNZ 5K
A, BV ARA E A U B DA .

EFVFEIIM, A AR HE S A TR AT E S BT AR, B
HEAF — RURAT AR, A2TA] 123, 1A% 9 70, BEANEMIMURAT /R AL &5 S G i
=+t MH=HHAERRES SR DE, B AR RE RIS &
RGN H 2+

e RGN 0 I —Ra A0 AR IZRINE  (Final Project)
s 7. AR RIS, WD T T R BRI ORI A 1A AR
TERIPME e AR S5 R0 35 P ORIMIIRINH , BH AR I A BT S a L,
7y ZANURIN FE B A AR AR A AR SMZ i M SE BUR BT H “Brd el 5 X 2. A
WD RIESHR 8:

KPR H: “HagFEsS X B RER
AR URATE S e H B AR

HEH R R AERR, PAERAGE A ER, DRERE LN R PME

)

AR R EPMERIS BRI TR CGR—-— 3

23 N, AfFA, RIS X EAIZE IR SR B0, B850 A%
B, GEHATBUH TR SR BIR

DR=: WRETMEEBIIRIR S M

WA, mE412EH Google Docs 58 UIAR IR & S, 7 7 sUh AR BAT HE

{

BN R EAECSRE (=R

FEUREL I, A RRe IR A EE 7 AT S AR R R -

LAHa 2 5 X B IR T H 1) 2 IR AN H AR 2k, fE22 2R 58
JRIIARIR T XA BB, BRI [ K AR IR AR AE 5 e AR DL I e . XA

2 e Abng i STARTALK team at the University of Virginia ££ 3 15 146 2 #1145 CLTA & R 4L 28 E 2
SR, GEBREARAE R () 205 SE B e 2B HR AL 1 R ak i i) R
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TG AR R EAER, T H A E WA RUE 5 ik 21 & AT 7T R AT i
RTTIIE,, X BERR A I~ 2B IR BIE TS BRI R GA B

BAWIRITH 22 AP IR, S — AP 2 MR U E e S A SR, 3
B A AR TS AT A 2, L SIS 2R A i T A AR A BT L 25 ) i KR 0 A2 1A
BZIMh7e 1 2R TR R AT, DL IIRIRE R IR A L2 ;s 55—
MR BT 2-3 N—4H, FHNHSAERE EAERH 5 HIRR S
FRIIBE; 5 =P B A UM EIL R S ORI S RS, w] USRS JLAJEE,
By USLRIES . 5 5 R S E AL S AR AR TRE Y L K AT SOZ R B2 4 5
Wi PONKAZARIEEMA, FrilsgamaE 8 En T, ZMIFEH S ER
AN, AR B HERE; 20U DR A ERYE e BRI, 53] G
ik, ERE R EYED Z AT M SRR, R X RS IR &
RS, IS LA R .

WIRTIH FR D W, —RIERIEES, 2HEEERE . 2Rk
e, BN NEBRMIASRRR ) — B SE . IR & R a2 ot BEA
JEAR 2 A MBS, 2B 1 H R Uil & H A DRI S LS 5 2 AR
BT, AR SRR IR e el 4 532 S OO A A OB R, T 2 JER AR A
AERG i LA Ja A 4LR s i E Sk S B350 70 WA B AN NARE N 58 i,
FreL i B RS ARG 70 WIRTIH 5 &2 ARSI i r 21

Gy 0 BT —ra 50D 2ol B A A F AR 305 2R, iR T
W2 UM ERON E R . Z P LXFE BT, ROV EE SR rA Ll 7842
HIEEE IR sk, AAZ MM LR O adER AR, WA AL T, 1
HAAEME S Re el — I ghtba T2 3Tt BRI R S ENIR N i
Ja— AT, AP 2 M H BN A BB ik B - 4R
Ko Ak AR I A F e SO an, B I 2 AR AT R AR i 28 L
B R E R SIS XX IRz AR U, AR — IR R AL
FESCIR I RE T, X7 AR AR R S AR MBI RCR . RN T — AN Boh #ess i
T

5. FEAERE
5.1 M 4EE R R B RN 8

MHEERBORKTE , KER > A AR B PRE TP IR BAAT TR DL N3O 1 B 5
AFFIEH EL. EITER, BRI, EAEENES, XaERa
MATRRER Ty, AR S S A T NS, ORI E SR E
SR, IXIEIN AR BARES TP UR A LS =Rt R REEN A, B
AEE, — DS AN SR RO IR T T HATTx h S0 3T %080
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ETHEART, SFAENT RPN KB IA RG] . i1 sg (&
ARG IXAE 2 AN A T AR (I AEE D9 0 3T —Ra i) IXRE 129
PEA R L R WA EINME . FAEX BRI s 2. R
AT, FER) R SR G N R X PR AR T HE R ) A SR B e i
P, AR 3 i A A 2 VOB HL R, Eetn CBRANEZH) A1 (REBIR) - DI
FWCEIGE  EE L0, BAFEHAENE WRFA RV, RIFEBC K5
R A A S A T AN i, e A AR R RO ) R T R

FET K 7 R, A SR AATIE RS I K BB S O o, 1 HL G
e HONE T . PO YIRS AR S FEROR, It AR T fL 5 YR
B PSRAE TR, MR REARYE B OB SRR, SRR . UGS L RS
PRI g AR A 22 AL V8 5 R R e R AT A8 5 17 %

5.2 RAAEREIMERF IR B r- MR B

KA AR A S I FoR L R 2 A SRS R AT B RSS2 M) DA
—ERREIRIMESHENE, WSS AEMMES AL, ARG
MATEL AL RE S ER AR L SE B CHIFR 7o [RII, BRI (] B 7e sy, B4 22 A REd
BINNIIBAERIL, MR A S5 M AETS 2B 5E K, TS AT 4.1 SRS
PRI AR TR RS

KRR S ST R 2 k22 B BRE AR 55 52 ) 7 [ S ARAT T 3ot
MR . IR GEARTT A ERIFR S, JFRCA TR RARNAE S 4. [RI4LsA4m]
CAE B FRAA RO IR T8, SR 5 /N B CORE W] 7 TR 58 BERLR 78 AR 55 -
LGRS IR AORYE, PR IR B B B R s, 3 n] DL ~# 2R
rali&E ABHERE ST, TS WATSC 4.2 SR BIFHIRTIH .

MR T H K58 a8 RKE, A IALE 2R ME S, A LR A B
XA EAEA I e X T R AR AR A 22 A S /N AR B, A ATTdR 5 JF
B e 2R I AR ZORVEA I 1 P 2 AL S e RIS (4R S, RO PE )
RIS BHENLARIR 22, I EARXERN R, i UBATIR A 12 &1 305 B O H
s A AT seimL 20 A 3K R e toe ERUM G 2y, 570 TIRGUR, &m
7 LIe ik it S o RO — AN KIUH 705 7 LA IMESS, AL e AR AT
CAAS ELACTEIR, I AR OB iE A . B2, mif SRR B4 A
JR /NI S S AT 58 AR T IR SRR S, St ERREAT T PRARiE, A
JREESERE AP A 7 L, MR —Apihe, — U EHRE. MR,
A P S IR IR B (K5 NBEAT R, SCRE™ H LEAhATTAS AT 58 ) i
IR . AT DU Y, P AR U] B S 510 5 R B B R N 2 A R
B2, AR IR AT B 3P S B P A 2 AR T .

ETEERAPMERE IR AR A 24 H—, MEemZmEs,
POMAE BN E R BEER I, SEA S e A s A Bgh. B2, £E

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 100



Bidhih, MERE IR AR R 2 b S BN

SRR, TR AN T, RSO I EOR e 1. @
o P R A A A L 0 P B AR 0 A R B A S (8 B 5 T AR, RIS IER 2 it 2R
LB NI -

H=, SARURIPME 30 SIS ACHR B R A A B B RE 6 IR A R gt 4T, (EILsE
B AWM HE - E RN EEES, AT RSB R e, E A 2 )
B A B B A FE SR, e, R NN E A SRS, S5HAH
WAESS T BCANYY, IR ST S N I . @A A ATt i =2 25 /N B
Mible, ibfpAEz (@ o HE AR L, Wik A R E N IR IR g
AT L

H=, BmTF&EghCRNAEARTE S REEERBR, AEEMAEEENZER,
A ASH AL MA RS Ea iz, RIEEERET, R AR BAR M
FETTRE R B RAT, TARRERL R A AR AT Be e i A UM IR BRI IR), AN 2T
SERAEST RCR B iy o U IR SEBR TG L2 2 g A 2800 51 5, kA E TR
FEIE B F PR NARRESZ 2 3R

HUU, MZIPFERAEERE, S1F s S UrE 2 I vr & 22 A 5 T
PREEOR. T VERE N AR ST I BAR TR, EINATREAE A1 WY
B AR SRR NP X2 SR A HME R ST s KA 2
At R, EHEBME G L, SRH AR PR AR . LR RR
WE B, AT BRI AU, ZER AR AR A T I PR b — 470 Tl B ) iR
A DA PLHSSCE G, T B AR SE Bk S IR T A4 Tk X
MEAGEAMERALAERTI S 50 E M, T HY R E PR R 2N EE
PrfE e WRIRIF A SCVE, ZIMthr] UIAESS LR Ja, RAERXmAR, 1
FHEZ HIE N REAEECER R RIS L EAE 25 ME.

S3IKEEHTFEATERR

EFHARNRIERF RN TN ELIF &, — & Google Drive, 73
— NI, R BTRN Google Drive 1] DAY £ 544 38 M T I L =1 & 1
(B A Z I RN B H Al B s K Pt =P &, B it ik 2 A fld
AREFE L FEEH —MHE G, EISOES R T A 1 R e A S e R e

BRRPZ LSRRG, EEEE RPN, EFEPESRET
PRYS, R BUAhATE 3 32 X Ad ] Google Drive (14 Google Docs £ Google Sheets)
PIAARAT TR X AN G #RIR A, A AR S 2 BAER], KX Google Drive K%
FRIEE . (HR AT S R A AR . VN E TR, DREK
PRI [a] SO S S0 — 2835 8. BT, A BRI B T SRR A TR
HIET, B DX sriE A AT T RS MR B8 SR S MFE (summary) FAPFIR (comment)
HIREST o AHARRER I A A5 SR A X LTI EL G =, X R BB R F AR R EE
e, AT AR AESR B [F G RV 2 PR AP . LR, X — i S R LI

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 101



Bidhih, MERE IR AR R 2 b S BN

FHERUL, RIMEREE Qs AR e VI A 115 5 R R A E R PR B 12
AT SEAF R LE R VEAE L B s PRI, A 52 A SN B b AT P
BN AT S (PR, IXAEAR AT SRR XMEAS RN B0 S A I, i DA 5 5 ) B
BIAK

RYE AR R GE N, EEEHIHE 7P cp R R =6, EE Tl
A BUNTE Google Docs F4r=E, #3057 H brth Lk % AR BRERE @ 1 5 52 PE A
5] B AT A O [F) 2 2 TR ) AR VRR 5580, 1 H 83 too S b — S vradt
1T T 9w AE e, HEBSUE R IEEIE Google Docs 7 452G o IXFE) %
B HBEFR R AENA Bis, HAWNDNHENEGEL: —R2%4 0 ULEEE 2 [F 5
SRR, AT AR A 23 a i S & B SHeA TR E S VR, R
FH 22 I HA T 25 BRde 18 & 22 A Bl B K KV, R NUEE AR 2], IXFE ik |
A BB RHEE SR KPER AT AE 2, BTG 6124 Hix
FEFEVE AR N R A DD, (HARE R IS # I LA 7R 2 2 SR
@A G, PDABRARZANFE ARG KRGS M THY, B2 16
RN A RE A, RS IRERN IR 2 HINER.

6. B4

MIMEZ, AXXEE T BEAASFEYES A NS, uEsE 7AZCRA
FL S AT 0 R SR ST IR s . ok, A SCIRER 7 HE A%tz g
NERWIE SR DTk S B B, FRPRT T E BB A B AL, g
AHOR I S SR T UISE SR B0 FVEH . 2 =, ASCVFAY 7 EHE Google Docs,
Google Sheets F1 G HEAE N FIH: - S 7EmFEHIE S BN ERERE, SA T
LSRR S T — AR,

RREH B EARTOR A PR ELOE 5 IRBM T BetE, R 4k8:
KA HABILE B G IITEAG. soh, EFIEA ERedt— DI R 3L = B sl
AERE, AR R e AR g CLbinh RS MEREERAY (Eln A
CAFLEC N B RIE SR BN, SRE 2 e S E MM ERES, #—
DO AR, SR IR

PN

Andreu-Andrés, M. A. (2016). Cooperative or collaborative learning: Is there a difference
in university students’ perceptions? Revista Complutense de Educacion, 27(3),
1041-1060.

Baeten, M., Kyndt, E., Struyven, K., & Dochy, F. (2010). Using student-centered
learning environments to stimulate deep approaches to learning: factors
encouraging or discouraging their effectiveness. Educational Research Review,
5(3), 243-260.

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 102



B, BRE IR AR R 2 b S BN

Bueno, K. A. (2009). Got film? Is it a readily accessible window to the target language
and culture for your students? Foreign Language Annals, 42(2), 318-339.

Cavanagh, M. (2011). Students’ experiences of active engagement through cooperative
learning activities in lectures. Active Learning in Higher Education, 12(1), 23-33.

Chen, A. M. (2009). Developing and studying the effectiveness of EFR annotations for
Chinese language learners (Unpublished master’s thesis). Brigham Young
University, Utah.

Cohen, E. (1986). Designing group work: Strategies for the heterogeneous classroom.
New York: Teachers College Press.

Dillenbourg, P. (1999). What do you mean by collaborative learning? In P. Dillenbourg
(Ed.), Collaborative learning: Cognitive and computational approaches (pp.1-
19). Oxford: Elsevier.

Garn, R. (2012). Teaching the five Cs with cinema. Journal of the National Council of
Less Commonly Taught Languages, 12, 37-71.

Ghajar, G, S., Hekmati, N., & Navidinia, H. (2018). Movie-generated EFL writing:
Discovering the act of writing through visual literacy practices. International
Journal of Language Studies, 12(2), 51-64.

Harrison, L. (2009). Foreign films in the classroom: gateway to language and culture.
Journal of College Teaching and Learning, 6(8), 89-93.

Hayati, A., & Mohmedi, F. (2011). The effect of films with and without subtitles on
listening comprehension of EFL learners. British Journal of Educational
Technology, 42(1), 181-192.

Herrmann, K. J. (2013). The impact of cooperative learning on student engagement:
Results from an intervention. Active Learning in Higher Education, 14(3), 175-
187.

Hughes, H. Z. (2019). China through the lens: teaching Chinese language and culture
through film. Dimension, 42-56. Retrieved from
https:/files.eric.ed.gov/fulltext/EJ1214286.pdf.

Johnson, D. W., Johnson, R. T., & Smith, K. A. (2007). The state of cooperative learning
in postsecondary and professional settings. Educational Psychology Review,
19(1), 15-29.

Kabooha, R. H. (2016). Using movies in EFL classrooms: A study conducted at the
English Language Institute (ELI), King Abdul-Aziz University. English Language
Teaching, 9(3), 248-257.

Kao, S. (2012). Examining the mediating effect of knowledge sharing willingness on the
relationships between learning motivation, learning interaction, supportive
learning platform, and learning satisfaction. Commerce & Management
Quarterly, 13(1), 75-98. [FilE2. (2012). LARI# /> T A b A S0 523 B
B, 2B TEI LS B R R S W R B R A ERIREETY, 13(1),
75-98.]

Kirschner, P. A. (2001). Using integrated electronic environments for collaborative
teaching/learning. Learning and Instruction, 10(1), 1-9.

Kitajima, R., & Lyman-Hager, M. A. (1998). Theory-driven use of digital video in
foreign language instruction. CALICO, 16(1), 37-47.

Kramsch, C. (2004). Context and culture in language teaching (Vol. 6). Oxford, Great
Britain: Oxford University Press.

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 103



B, BRE IR AR R 2 b S BN

Liang, X., Mohan, B. A., & Early, M. (1998). Issues of Cooperative Learning in ESL
Classes: A Literature Review. TESL Canada Journal, 15(2), 13-23.

Luo, L. (2018). Applying film in teaching Chinese to enhance culture and language
learning. Journal of Chinese Teaching and Research in the U.S. 124-132.
Retrieved from https://www.clta-gny.org/journal/journal18_contents.pdf.

Ning, C. (2009). Engaging a “truly foreign” language and culture: China through Chinese
film. New Media for Higher Education, 42(1 & 2), 29-35.

Oxford, R. (1997). Cooperative learning, collaborative learning, and interaction: three
communicative strands in the language classroom. The Modern Language
Journal, 81, 443-456.

Panitz, T. (1999). Collaborative versus cooperative learning: a comparison of the two
concepts which will help us understand the underlying nature of interactive
learning. (Report No. CS 217 306). Lanham, Maryland. (ERIC Document
Reproduction Service No. ED 448 443)

Roschelle, J., & Teasley, S. (1995). The construction of shared knowledge in
collaborative problem solving. In C. O’Malley (Ed.) Computer supported
collaborative learning (pp.69-97). Berlin: Springer-Verlag.

Sturm, J. (2012). Using film in the L2 classroom: a graduate course in film pedagogy.
Foreign Language Annals, 45(2), 246-259.

Sundquist, J. (2010). The long and the short of it: the use of short films in the German
classroom. Die Unterrichtspraxis/Teaching German, 43(2), 123-132.

Vuopala, E., Hyvonen, P., & Jirveld, S. (2016). Interaction forms in successful
collaborative learning in virtual learning environments. Active Learning in Higher
Education, 17(1), 25-38.

Wong-Fillmore, L., Ammon, P., McLaughlin, B., & Ammon, M. (1985). Learning
English through bilingual instruction. Final Report to National Institute of
Education. (Report No. FL 015 141). (ERIC Document Reproduction Service No.
ED 259 579)

Wood, D. (1995). Film communication theory and practice in teaching English as a
foreign language. New York, NY: Edwin Mellen Press.

Yu, K. F. (2009). Learning English through films: a case study of a Hong Kong class
(Unpublished master’s thesis). University of Hong Kong, Pokfulam, Hong Kong
SAR. Retrieved from http://dx.doi.org/10.5353/th_b4324124

Zhang, D., & Yu, Y. (2008). Context of learning and requesting in Chinese as a second
language: An exploratory study of students learning Chinese in study abroad and
at home contexts. Journal of the Chinese Language Teachers Association, 43(1),
73-92.

Zhang, L. (2011). Teaching Chinese cultural perspectives through film. L2 Journal, 3,
201-231.

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 104



Bidhih, MERE IR AR R 2 b S BN

B 1 R EX

KT FNR PR BRI PRI, 1S W NI CLTA OS2 D08/ N A
I = PR T R A 2 P XA s
IS5 BL: https://www.facebook.com/groups/317635671923482/?ref=bookmarks
FEL M https:/sites.google.com/site/clfedex/film-list

FH 5 F R A FR R R A
HER ERNEBEE (2007) PR k%S RN, FEIEAK K.
R+
HHEIR (2013) . IR AR R. REKAMEAE
DEERIR (2019) K& 2 EHESMESE. TN
KA ZIh, s
F 2 K (2001) ZeAl. M A T, mEkik
WIEE (2011) T B K& iE. Wtk
T AR (2014) ANVEAIE. BRI AR
e E. HER
REWE (2015) AN5shy. RER., WRESF R
KA
/DEE/NEX (2015) RiGE N FOEREK. @%. X
#H. it
FAEZ M (2018) e IE X BEHHIE. ERA. RE.
ERE. WA R, BEGRE
HER (2018) LN, R, SR .
LT
PHETTIE s (2018) WS, —WEE. WA B3
EL3E. JAE. Adr 5 Sk FE
AR (2018) =t S ] 1 = L EA R - 22N
TIRHLER (2019) By Kokte. NS5BER. %
. . NTHR

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 105



IR AR R 2 b S BN

WSR2 1 RKI=+=K (2011) Jein. BERR. WEBURMC. @SR AA].
NELZI 2. ME. B0
DR (2014) AR FHRBER. BES. XD
AN
AR 2 [E JE (2018) B2, IPARARIE . NAEEFE. Ay
iz
FANE ] (2019) IS, L2 E B AR RUE
B, HFPRE. ®i
LV FKEE | EiR20% (2015) REZRE., NEEFE. HERR. K
bl SR BN & NS
tH 524 (2016) HOERK. HEE . =M. Bl
M. BRYENE
MHZFE (2017) “RAHERES ., Y. %t
BRI S SRR, ERAE
W& URM (2019 EENE . 4. MANSFRERSE
Z. RN HEAEIBZER
JaR T
FHYGHE (2019) KRERZRZ HOFEILTE. OFAEE.
TS RN T IR
77 S EE (1994) JisEASE. N KERIE. SCEE. XK
FEEH A, Rk, ESASEMIE
g
3k (2014) EL MG B R, KRFEZ I
WHILEA (2017) U, FHI. PLH. . PP,
BRI
SEMEK E (2018) . 8. AT, HE. B
EHSIH . %3tk
RG22 JBE B A (2019) | shil A fEdrie. AR, fig.
A& MfE. SRS

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching

106



Limdh, BRERE AT R R T & ol W ) VAE
% 2 (RARAMH) BFIRE =HE
BRE | FE HH bR Hi gl
— WHIEHEE. 5§ |1 GFEBNHETEE, FAEfk | ik HE g
IR HECHIES 5HEMEE | B51E: SIET
2. b, BTV | Wik RETHE DR
WA TS R IEN Iﬁ B A 1EVE AR AT
= B, —sE M TS
- HL5E ) 18 W EEAE, EAEE | W FHEEAHREE
—: FEBEANA | EIE Bel e BeSeAH ¢ B B
HBG UEIEVELR ], ERIBE | XA
iz Viih: WRETTRHEE
3.3 I TSI VE NV AR A 5 i —
1w, BfRHEZ AR
= %%E@ﬁm W HIRAE, EIEN | BHEEHRA B
. FEEROHE | EIC Bel i el e AH ¢ B
%ﬁ UEIIEVELE ], EREIBE | HEEXH
iz H Piih: ETHSHE
3.3E I TSI VE NV AR A i) o
1w, BfHEZ R
LY HL5E ) 18 W HIRAE, EIE | W BHEAHRA B
= BSSEES? AN BRI BRlseAH e i B
Pk (& UEIIEVELE ], ERIBE | XA
2 . 2. R | WisH Piih: WREIHSHEE T
RN EIRA 3.3 I TSI AE NV AR A 5 i =
1w, BfRHEZ UK
i HHL 5 F A 8 Wi kAR, R | Wi FEHEEAHREER
V. 1H51E0K | HIE Bel i el e AH ¢ B
P WA FRFR | 20BIEESR ), EREVE | WA
HEEE? (1112 Yiid: AR HEE
I 3 9 A MY AT A iy
w, BRRHER AR
7N e BE | 1L @I REEIEEIERY | B R G vE
Mes2F 5 Bl N %%E R TR, TR | SAE: AR B S
SVPIAT SOE B ARIERE | ®0F, %Efi%
% Wrikd: WRE S ST

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 107




IR AR R 2 b S BN

2B B RN E, ERE | VRN N
WX 5%
3B HRE R, EAM
IR, i —22 T s
Kt 210
+ KPR KV | LERXY R A it 21 Wrid: HEREE HRZ
HSCEREHE R | M, MIBHEF S 7 Cinterpersonal) ;
WS ORI | 2. W BRI, R4 | RE B Sk
ik BRE B [0 225 15 24 0 R (presentational) ;
ik [8] %5 7] @ (interpersonal)
3R RIEFE IBRA, 7EIR
i SE R A Sk
458k A G, RE R
YR [R] 27 (4 5 824 7]
J\ PSS A | LAREIR E1EE, BHAE | BE: R SRE 1
AIGE B E AR | MBI i
T 2ARPEEVBWER, BH | EUE RIEEVE, 5%
TE VLTS YR AR FCHE E T R )T
i FHIE > LE A, ARIDL Mg | Bl B4, f) R
I A B = i P 2 ) 2 i
2R LA FAE: DA AT N
F B GES ]
B
+ i RS PN EVPEX R | Bk 1 AR a5 A2 A DA
B LS ) 5 ST R Je A R BRR) DL R RS
A SERAAE T A A
RONE R EE, W
EAE

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching

108




IR AR R 2 b S BN

PR 3 (ARG WIE (D FR=EXE

01:20:44
01:24:26

B U, ER IR, BARKEIERK

HOR (5D

T BARMTRFK ARG, RAVPEKIHES, MR DA
5 b, #E AL, R SRR S, T+
I, BREIRAR SRR, BARBEARA]—FFHNE, RITIXA
i, ANRAEFMh, ZAEFH A

ZRK RO

G, SRORDHEWT, 3, FAtZERRIK, HIFEEHEL

T ATE? PR T =4, DT HER RN Ry, &2 T =
F, BT T, RS T, OHEFAR LA TEE

2, RATAEUARR R, AREERAMER, RATREARIE? 825
AR AR, AT ARA BN, R BEANE B

N RBEREPRAEVRIX — 28 T AR 2 JRATEAIOE 7, 341
HAFEEIE, WAL, FABEE, 17152

© 2020 The Authors. Compilation © 2020 Journal of Technology and Chinese Language Teaching 109




Bidhih, MERE IR AR R 2 b S BN

B3R 4 (BRARGHY MIAHR (W) FBR=4HE

Lo CBBEFRMRR 1D ARGE BRI A UE, NHEFRIE, W28 ?
(Highlight the incorrect answer)

R AU SE I N2 HE, SR BEIRR, ARSI 1Ak
EE IS SRR

IRIX B AL, BB IR SR T

XA, HSRAEFERAGN, AR b

e o o

2. (PYBLHEMRA 20 MRAEEARKMULE, THIFIFRE, W27 (Highlight

the incorrect statement)

ERKNG T =AW, kT, FANEBET

. ERKIZAHRE B 25— H I 2R
ERKFTE T P A2, SEZ I AARA AR

C WEREESEAMNIUE T, WA 20, AT S5

oo o

3. GRAICHZED H TRA. . Q. R, B, EA. G, (E] 5
W T 0T

a. SRZIMAFUH TXREFH ) —L im0, A m 20 PLE
AR R T .

b. FAE KK, RIRIIBANESE R RS AR A EECR T
A B R AT PR IR [ HE £

c. IXIREERE 74T )IE (fast) X ™ [ (strict), WH SEIRMIAT N, 4
XA -

d. B AR VA BB B S , A RETEVERE b ASAEie .

e. WL AEERIEM (cheat) T, 28— = 1EHH(carefully) N
5, VAP CLG A R FE KA.

£ 29— e R AR /NG, T 0] (rather) 2 {6 —HE 4R K ik}
75, WAESH T HE AT HIIRE .

g XIREN /NI H , TFERTA AR A HETE R

h, X4 2 NEWZR, MIAAE—NANELAE, FIXFET 2, RATXFIR R
1 T

4. CRJRUERIED B <FE.. AR A e | T A1

WA AR 242, W2 o
XUGEERFEAN AR SN, 7T 2 A Bk i At

It’s so cold today, but my daughter is determined to wear a skirt.
My girlfriend made me give her roses on Valentine’s Day.
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